




Applying the Unified Theory of Acceptance and Use of Technology to Students’ Behavioral Intention to Adopt Mobile Payment Systems in Philippines Private Universities


ABSTRACT	Comment by Arif Zunaidi: The abstract summarizes procedures and findings adequately, but lacks of theoretical contribution, methodological precision, statistical clarity.

The abstract should mention number of respondents, location, population.
The goal of this study is to determine the significant factors influencing students' behavioral intention to adopt mobile payment systems by applying the Unified Theory of Acceptance and Use of Technology (UTAUT) framework. A quantitative research design was employed, utilizing an adapted survey questionnaire to collect data from a sample of students through stratified sampling. Descriptive analysis, Pearson product-moment correlation, and multiple linear regression were used to analyze the relationships between performance expectancy, effort expectancy, social influence, and facilitating conditions. Among them, facilitating conditions were identified as the most influential factors of adoption. Research revealed students have high behavioral intentions to accept and use mobile payment systems. These findings support student adoption based on the presence of adequate technical infrastructure of mobile payment systems. This research adds to the existing body of knowledge on financial technology locally and suggests that payment providers and academic institutions should focus on enhancing their merchant networks and technical support to build a secure and efficient digital ecosystem.
Keywords: Adopt; Behavioral Intention; Mobile Payment System; Private Universities, UTAUT, Philippines
1. INTRODUCTION	Comment by Arif Zunaidi: Introduction Structure Needs Reorganization. The Introduction moves back and forth between 
digitalization, security concerns, UTAUT explanation, literature discussion, research gap. This weakens coherence. 
Suggested Flow for better in Introduction : 
Global digital payment transformation
Growth of mobile payment systems in education and developing economies
Challenges/barriers to adoption
UTAUT as theoretical foundation
Research gap in Philippine HEIs
Study objective and contribution
Nowadays, digital transfer platforms and electronic wallets are altering how individuals and companies use money. These systems make it easier to trade across   borders, and add more weight to the movement toward a cashless economy. As digitalization reshapes commerce, mobile payment technology has become an important new development, presenting a seamless, quick alternative to cash and banks (Bahaj, 2024). Digital money is being made possible for everyone from individuals’ citizens to national governments, in a world increasingly focused on speed, convenience and getting access to funds (Ishak et al, 2024). This change has affected businesses operations and changed how consumers spend and manage their money, including schools and universities.
However, users are becoming more concerned with how mobile payment systems may put their money or identity at risk. Many users are becoming worried about their money and identity as cybercrime continues to grow particularly about the issues of incorrect or incomplete transactions as well as being the victim of a scam. Moreover, some have reported that they lack the digital literacy skills necessary to complete an e-payment transaction, do not have a reliable internet connection when making an e-payment, and are afraid of making errors during their e-payment (Verma & Singh, 2025). Additionally, many digital wallets are connected to a bank account, which raises much risk than using cash. Thus, fear of not having access to their money will be a big factor for users using mobile payment systems (Irianto & Chanvarasuth, 2025; Tang, et al., 2021).
Researchers have developed various ways to provide explanation as to why individuals choose to utilize mobile payment applications. The primary model utilized for this research is referred to as the Unified Theory of Acceptance and Use of Technology (UTAUT). The UTAUT is one of the most widely used confirmed models to explain the behavior of individuals as they adopt new technologies. The UTAUT was integrated by eight theoretical models into one complete model (Venkatesh et al., 2003). Using the UTAUT Model enables researchers to understand user decision-making processes regarding new systems or technologies. The UTAUT Model simply notifies researchers of how to encourage additional use of mobile payment by addressing where and how policymakers and solutions providers should be motivating new users of mobile payment.
Moreover, The UTAUT, which is an extension of the Theory of Reasoned Action (TRA), forms an important model to help understand the predictors of how people behave when considering whether or not to adopt or reject technology. Intention to use a wallet also provides an indication of how often the consumer expects to buy. To describe someone's intention to use, there are many characteristics that are used. Some examples include perceived usefulness, perceived ease of use, perceived risk, social influences, price and trust, etc. These types of characteristics were used to measure behavioral intention to adopt new technologies (Yang et al., 2021).
Despite the current push for digitalization, there is an important gap in the ways that students at private Higher Educational Institutions (HEIs) across regions, specifically, in General Santos City, are intending to adopt mobile payments. Most research conducted in the Philippines has been limited to the larger financial centers or were aimed at Small and Medium Enterprises (SMEs), with little to no attention given to the student population at private Higher Educational Institutions (HEIs). Also, there is limited empirical evidence regarding how students at private HEIs will respond to the transition of private schools to digital campuses and how this will impact their level of adoption of financial technology. This research intends to fill that gap by using the UTAUT framework in order to study and quantify what really motivates private students of Higher Education Institutions in General Santos City to adopt mobile payment. By investigating performance expectancy, effort expectancy, social influence, and facilitating conditions, the researcher aims to find out what drives the students to adopt a mobile payment.
2. MATERIALS AND METHODS	Comment by Arif Zunaidi: The sampling technique is not robust enough. The author only mentions the Slovin formula without mentioning the total population size, margin of error, confidence level, or justification for using Slovin. The use of Slovin is often considered too simplistic if not properly justified.

Then, add the total student population, the reason for choosing stratified sampling, the proportion per campus, and the response rate. Also, inclusion and exclusion criteria should be included, and whether the sampling was random within each stratum.
The quantitative descriptive-correlation research design was used in this study. Quantitative research was performed by the researcher to identify what factors were the most important in determining student’s willingness to use mobile payment systems at private higher education institutions in General Santos City. This goal was achieved through an examination of whether performance expectations, physical ease of use, social influence, and support from the university will all have an effect on how willing a student will be to use mobile payment systems. This methodology creates and develops information to answer questions and solve problems; this requires systematic observations of the event itself, as well as a detailed description of its characteristics and events, in order to find any relationship between an independent variable and a dependent variable within a study population (Mohajan, 2020).

2.2 Participants and Sampling Technique
This study's sample consisted of 397 students attending Private HEIs located in General Santos City and were currently enrolled for academic year 2025 to 2026. The researcher was able to calculate the appropriate number of respondents needed for the study by using the Slovin’s formula. The selection process used stratified sampling to ensure a more precise and accurate representation of strata. In order to approximate the population distribution, a proportional allocation method was employed, which involved computing the number of respondents from each institution by multiplying the institution's population proportion by the population total by the derived sample size.
2.3 Research Instrument 
The main instrument used for collecting data was a Likert-type questionnaire with a five-point scale (5 – strongly agree, 4 – agree, 3 – moderately agree, 2 – disagree, and 1 – strongly disagree) grouped into five indicators: performance expectancy, effort expectancy, social influence, facilitating condition and behavioral intention. The questionnaire was adapted from Sou, et al. (2022) and consisted of 30 items. The research tool was formally tested for validity and reliability. Reliability of the research instrument was determined with the use of Cronbach's Alpha. The entire instrument (30 items) is an excellent measure based on a .953 Cronbach’s alpha score of the instrument. All of the items are at least .70 and the instrument is acceptable.
	Table 1. Results of Cronbach’s Alpha for Pilot Study.

	Cronbach's Alpha (α)
	No. of Items

	.953
	30

	Note. n = 30. Cronbach’s alpha (α) coefficients above 0.70.


2.4 Data Gathering Procedure
In collecting the data for this study, the researcher was continually guided by the procedures involved and a strong sense of ethics. Ethical considerations were significant at all stages of the research procedure. The study was completed using conventional and traditional data collection methods with an in-person survey that included physically distributing and collecting copies of the survey questionnaire. The researcher visited respondents personally in order to maximize engagement and provide immediate clarification regarding the questionnaire. This traditional style was designed to help facilitate direct communication between the respondent and researcher, enabling the researcher to accommodate respondents' involvement and ensure data collection was well-organized, namely through face-to-face interactions in the campus environment.
2.5 Data Analysis Procedure
Data analysis for this study was based on multiple statistical methods in order to better understand the relationship between the different variables involved in influencing the behavioral intention of students to use mobile payment systems. For the descriptive analysis, the researcher offered a summary and basic characteristic of all the factors that relate to the acceptance of mobile payment systems by privately enrolled students attending higher educational institutions within General Santos City. Additionally, Pearson's moment-correlation to determine the relationship of each of the factors to one another, and multiple linear regressed to determine which factors are significantly related to the adoption of mobile payment systems.
Prior to performing regression analysis, linearity, independence of errors, homoscedasticity, residual normality and no multicollinearity were confirmed to be sufficiently satisfied. All of the tests performed were done at the .05 Alpha Level (α = .05) where p less than .05 indicated statistical significance. For correlation analysis, both correlation coefficient and p value were recorded for reference, whereas for regression analysis, several indicators were provided for overall evaluation of model fit and significance of each predictor. The study used a 5-point Likert scale in measuring the levels of factors influencing adoption and behavioral intention regarding mobile payment systems.
	Table 2. Scoring range of the likert scale for the factors influencing the adoption of the mobile payment systems.

	Scale
	Mean Range
	Description
	Interpretation

	5
	4.50 - 5.00
	Strongly Agree
	The student shows full agreement and strong support with the adoption of mobile payments.

	4
	3.50 - 4.49
	Agree
	The student shows a positive view of the adoption of mobile payments.

	3
	2.50 - 3.49
	Neutral
	The student somewhat agrees with the adoption of mobile payments.

	2
	1.50 - 2.49
	Disagree
	The student disagrees with the adoption of mobile payments.

	1
	1.00 - 1.49
	Strongly 
Disagree
	The student completely disagrees with the adoption of mobile payments.



	Table 3. Scoring range of the likert scale of the students’ behavioral intention towards the adoption of mobile payment systems

	Scale
	Mean Range
	Description 
	Interpretation

	5
	4.50 - 5.00
	Strongly Agree
	The student shows full agreement and strong support with the intention to adopt mobile payment system.

	4
	3.50 - 4.49
	Agree
	The student shows positive view with the intention to adopt payment system.

	3
	2.50 - 3.49
	Neutral
	The students somewhat agree with the   intention to adopt mobile payment system.

	2
	1.50 - 2.49
	Disagree
	The student disagrees with the intention to adopt mobile payment system.

	1
	1.00 - 1.49
	Strongly 
Disagree
	The student completely disagrees with the intention to adopt mobile payment system.


2.6 Ethical Considerations
The researcher had taken into account ethical issues related on voluntary participation, anonymity, confidentiality as well as the avoidance of harm or discomfort to the respondents. A researcher collected all necessary data in accordance with accepted research practices and/or precautions. All data collected will only be used for research purposes, and the confidentiality of respondents is maintained in order to prevent the violation of an individual's right of privacy. In addition, all respondents were treated with equal respect, and data analysis was done in an objective manner so that no individual or group of individuals could be marginalized or misinterpreted. By maintaining a neutral or unbiased position, the researcher has fulfilled his obligation to give each individual involved in this study equal justice by distributing the benefits and burdens of the research evenly across a representative student population of General Santos City.


3. RESULTS 	Comment by Arif Zunaidi: Almost every subsection uses the same pattern: "The computed M = 4.29 is described as agree..." This is very repetitive and too elementary for a reputable journal. Focus on substantive interpretation, theoretical significance, and comparative interpretation. Reduce repetition of mean and "agree/disagree" explanations.

Your Results section is mixed with Discussion. For example, "This suggests that students view technology positively..." "This aligns with..." "This indicates..." In a reputable journal, Results = report findings, Discussion = in-depth interpretation. Currently, Results are too full of literature comparisons.
3.1. Extent to Which the Following Factors Influence Students' Adoption of Mobile Payment Systems
	Table 4. Extent the Following Factors Influencing Students’ Adoption of Mobile Payment Systems.

	Indicator
	Weighted Mean
	Description

	Performance Expectancy
	4.29
	Agree

	Effort Expectancy
	4.29
	Agree

	Social Influence
	4.15
	Agree

	Facilitating Conditions
	4.28
	Agree

	Overall Mean
	4.25
	Agree

	Note. n = 397. Weighted mean of the factors influencing students’ adoption of mobile    payment systems. Legend: 4.50-5.00 Strongly Agree, 3.50-4.49 Agree, 2.50-3.49 Moderately Agree, 1.50-2.49 Disagree, 1.00-1.49 Strongly Disagree


3.1.1. Performance Expectancy
The computed M = 4.29 is described as agree. This means that private students have high extent of factors that influence their adoption of mobile payment systems. The private students of higher education institution in General Santos City agree that using QR-code payment would make it easier, useful, and would increase their chances of achieving things that are important to them. Based on the above information, it can be inferred that students view technology positively. Students believe QR-code payments are helpful because they assist them with daily transactions. Their results also suggest that people will continue to use QR code payments as long as they find them useful (Islam et al., 2025). Additionally, the primary factors for adopting mobile payments include usability, overall usefulness of the technology and social influences, which lead to increased acceptance in the user base (Yamin & Abdalatif, 2025).
3.1.2. Effort Expectancy
The computed M = 4.29 is described as agree. This implies that the private students of higher education institution in General Santos City have a high level of effort expectancy for how easy the technology and believing that QR codes meet those standards, making them more likely to use the system. The outcome agrees that simple-to-use systems encourage people to use new technologies more easily (Venkatesh et al., 2003) and perceived ease-of-use is an important consideration when deciding whether to participate in mobile banking (Mensah & Khan, 2024).
3.1.3. Social Influence
The computed M = 4.15 is described as agree. This suggests that the private students of higher education institution in General Santos City have a high extent of factors influencing their adoption of these payment systems. Students would adopt QR-code    payments if the service is widely used by people in their community, if people whose opinions they value prefer that they use it, and also agree that the family members or relatives have an influence on their decision to adopt QR-code mobile payment. This finding is consistent with (Venkatesh et al., 2003), who reported that people's intentions to make use of new technologies depend heavily on the expectations of other people.

3.1.4. Facilitating Conditions
The computed M = 4.28 is described as agree. This implies that private students of higher education institution in General Santos City have a high extent of factors influencing their adoption of these payment systems. The students agreed that they have the resources necessary to use QR-code mobile payment, such as smartphones, internet services, and secured applications, they have the knowledge necessary to use QR- code mobile payment, and also agree that using QR-code mobile payment fits into their lifestyle. The result is supported by an earlier study that stresses how essential a support environment is for adopting new technology. For example, having the right technological resources and infrastructures make it easier for people to start using QR-code payments (Venkatesh et al., 2003).
	Overall, the M = 4.25 was classified as agree. This suggests that students had a high level of factors that influenced how much they would be likely to use mobile payment systems; they had high levels of performance expectation, effort expectation, facilitation condition, and social influence as all being factors that influenced their willingness to adopt mobile payment systems. The above-mentioned finding aligns with UTAUT model which identifies the four factors as core sources of technology adoption (Venkatesh et al., 2003). Further supporting this argument is Mensah and Khan (2024); found that all four factors were significantly related to users' intention to adopt mobile banking/payment technologies, thus solidifying their applicability towards understanding users' adoption behaviors of digital payments.
3.2 Level of Students’ Behavioral Intention towards the Adoption of Mobile Payment Systems
	Table 5. Level of Students’ Behavioral Intention towards the Adoption of Mobile Payment Systems

	Indicator
	Weighted Mean
	Description

	Behavioral Intention
	4.27
	Agree

	Note. n = 397. Weighted mean of students’ behavioral intention towards the adoption of mobile payment systems. Legend: 4.50-5.00 Strongly Agree, 3.50-4.49 Agree, 2.50-3.49 Neutral, 1.50-2.49 Disagree, 1.00-1.49 Strongly Disagree


3.2.1 Behavioral Intention
The respondents agree that they believe their interest towards QR-code payment would increase in the near future, they intend to make payment by using QR-code mobile payment, and they would always try to make payment by using QR-code mobile payment in their personal life. With a computed mean of 4.27 is described as agree. This indicates that the students have a strong behavioral intention to adopt mobile payment systems. The conclusion of the study reveals that the students are continuing to use this new technology and are likely to continue their use in the future. The students have a favorable view of digital payment technologies, as they see them as both useful and necessary for their daily lives. This is consistent with Islam et al. (2024) that individuals that have favorable attitudes toward the QR code system and find the QR code system to be useful will tend to continue to use this system on an ongoing basis. In addition, Venkatesh et al. (2003) provides further evidence that a user's behavioral intention to use a system can reliably predict whether they will actually adopt and use it.
3.3 Relationship between the Level of Behavioral Intention and the Factors Influencing Students' Adoption of Mobile Payment Systems
Normality tests were performed prior to conducting correlation analyses in order to determine which statistical method would be used. Table 6 shows the results of the normality tests (Kolmogorov-Smirnov and Shapiro-Wilk) for each variable.
	Table 6. Test of Normality

	Variable
	Kolmogorov-Smirnov
Statistic
	Shapiro-Wilk Statistic
	Significance(p)

	Performance Expectancy
	.108
	.931
	.000

	Effort Expectancy
	.103
	.945
	.000

	Social Influence
	.108
	.954
	.000

	Facilitating Conditions
	.102
	.944
	.000

	Behavioral Intention
	.115
	.936
	.000

	Note. All tests significant at p < .001, indicating non-normal distributions.


Results were statistically significant (p = .000) for both the Kolmogorov-Smirnov test and the Shapiro-Wilk test of all variables. The results of these tests suggest that all of the variable distributions are significantly different from the normal distribution. The Shapiro-Wilk statistics of each variable, which ranged from .931 to .954, indicate the same lack of normal distribution since they are all significantly less than 1.0. Because the data are non-normally distributed, the appropriate method to use in order to examine how two variables relate to each other would be a non-parametric correlation (i.e., Spearman’s rho).
3.3.1 Correlation Analysis: Relationships between Factors and Behavioral Intention
	Table 7. Relationship between the Level of Behavioral Intention and the Factors Influencing Students' Adoption of Mobile Payment Systems

	Variables Correlated
	[image: ]
	r2
	p-value
	Extent of Relationship

	Performance Expectancy and Behavioral Intention
	.661
	.437
	.000
	Moderate Positive,
Significant

	Effort Expectancy and 
Behavioral Intention
	.672
	.452
	.000
	Moderate Positive,
Significant

	Social Influence and 
Behavioral Intention 
	.572
	.327
	.000
	Moderate Positive,
Significant

	Facilitating Conditions and Behavioral Intention 
	.729
	.531
	.000
	High Positive,
Significant

	Note. n = 397. r = Pearson’s correlation coefficient; r2 = coefficient of determination. The extent of relationship is based on the following scale: .00–.19 (Very Low), .20–.39 (Low), .40–.69 (Moderate), .70–.89 (High), and .90–1.00 (Very High). All correlations are significant at the .01 level (2-tailed)


3.3.1.1 Performance Expectancy and Behavioral Intention
This study confirms that when students view technology as effective and useful, this is positively correlated to their future behavioral intention to use the technology. A recent empirical study examining user adoption of mobile payment systems through QR codes demonstrated that users' behavioral intentions to adopt mobile payment are significantly and positively influenced by their performance expectancy (Islam, Tamanna, & Islam, 2024) and continues to be a major influencing factor in the research on digital finance, highlighting the significance of performance expectancy within technology acceptance models (Kiran & Vedala, 2025).
Base on the above, the following hypothesis is proposed:
H1. Performance expectancy has positive significant relationship on behavioral intention.
3.3.1.2 Effort Expectancy and Behavioral Intention
The study confirms that there is a meaningful connection between greater effort expectancy while implementing mobile payment systems, and greater levels of behavioral intention towards mobile payment systems. The simple nature of the QR code payment system (having just to scan the QR code with a mobile phone to pay) had a major impact on users' willingness-to-adopt this payment method (Sou et al., 2022). In addition, perceived usability had a greater impact as an indicator for adoption compared to perceived usefulness indicating that when user interfaces are complex, a less functional but simple method to perform a transaction can be enough to overcome usability issues (Patil et al., 2020).
	Base on the above, the following hypothesis is proposed:
H2. Effort expectancy has positive significant relationship on behavioral intention.
3.3.1.3 Social Influence and Behavioral Intention
The use of mobile payment systems in the context of social influences has a correlational impact on increases in behavioral intentions for using those systems. People’s decisions about whether or not they use e-wallets can be influenced by their perception of the value of the e-wallet and how much they trust others (Bacamante & Campos, 2024) and social background and peer influence significantly affect mobile wallet adoption and consumer decision-making, underscoring the importance of societal expectations in driving behavioral intention (Ritu & Chawla, 2024).
Base on the above, the following hypothesis is proposed:
H3. Social influence has positive significant relationship on behavioral intention.
3.3.1.4 Facilitating Conditions and Behavioral Intention
The increase in use of mobile payment systems as related to facilitating conditions will result in an increase in behavioral intention to use mobile payment systems. These findings are consistent with previous studies which point out the role of infrastructure, resources, and technical assistance as critical components of technology adoption. Recent research examining e-wallet adoption in the Philippines highlights the role of the facilitating environment, trust, and usefulness of e-wallets in determining the level of electronic payment utilization (Bacamante & Campos, 2024), and when users carefully evaluate resource availability prior to creating adoption plans, facilitating conditions can impact intention (Venkatesh et al., 2003). 
Base on the above, the following hypothesis is proposed:
H4. Facilitating has a high positive significant relationship on behavioral intention.
3.4 Factors exerts the most Significant Impact on the Behavioral Intention of Students’ toward the Adoption of Mobile Payment Systems
3.4.1 Multiple Regressions
	Table 8. Multiple Regression Model Summary

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	4
	.778d
	.605
	.601
	.36059

	Note. d. Predictors: (Constant), facilitate, performance, effort, social


Table 8 present the multiple regression model summary. The multiple R value of .788 indicates a strong positive relationship between the variables. The coefficient of determination, or R-squared, of .605 implies that 60.5% of the variation in students' behavioral intention is explained by their performance expectancy, effort expectancy, social influence, and facilitating conditions. The remaining 39.5% may be attributed to other factors
	Table 9. ANOVA Results for Multiple Regression Model

	Model
	Sum of Squares
	Df
	Mean Square
	F
	Sig.

	4
	Regression
	78.046
	4
	19.512
	150.059
	.000e

	
	Residual
	50.970
	392
	.130
	
	

	
	Total
	129.016
	396
	
	
	

	Note. e. Predictors: (Constant), facilitate, performance, effort, social


The results of ANOVA shown in table 9 demonstrated that the regression models were statistically significant (P < 0.001), which indicates that these variables together have a significant influence on the intention to use technology supporting of an F (4,392) = 150.059 and a substantial p < .000. These findings show a strong correlation between students' intention to use mobile payment systems and the predictors found in the UTAUT framework.
	Table 10. Regression Coefficients

	Indicator
	Extent of Relationships

	
	Beta
	t-value
	p-value
	Remark

	(Constant)
	.376
	2.322
	.021
	Significant

	Performance Expectancy
	.245
	4.966
	.000
	Significant

	Effort Expectancy
	.141
	2.400
	.017
	Significant

	Social Influence
	.096
	2.345
	.020
	Significant

	Facilitating Conditions
	.430
	8.066
	.000
	Significant

	Note. All four predictors demonstrated statistically significant at p < .001.


Results revealed that facilitating conditions demonstrated a strong positive significant relationship with behavioral intention, as indicated by β = .430, p < .05. Followed by performance expectancy, and was the second strongest predictor, demonstrated a significant relationship with behavioral intention, with β = .245, p < .05. Moreover, effort expectancy and social influence also demonstrated significant relationship with behavioral intention, as indicated by β = .141, p < .05 and by β = .096, p < .05 respectively.
3.4.2 Stepwise Regression Analysis
To establish the hierarchical significance of the predictor variables, a stepwise regression analysis was performed. Stepwise regression adds predictors to the model in stages based on their incremental contribution to the total explained variance and therefore identifies the most important predictors for the behavioral intention. A summary of the stepwise model results is shown in Table 11.



	Table 11. Stepwise Regression Summary

	Step
	Variable(s) Entered
	R
	R²
	Adjusted R²
	R² Change
	F Change
	Sig. F Change

	1
	Facilitating Conditions
	.729
	.531
	.530
	.531
	447.421
	.000

	2
	+ Performance 
Expectancy
	.769
	.591
	.589
	.060
	57.709
	.000

	3
	+ Effort Expectancy
	.774
	.599
	.596
	.008
	7.857
	.005

	4
	+ Social Influence
	.778
	.605
	.601
	.006
	5.499
	.020

	Note. R² = .531, F = 447.421, p < .001.


According to the stepwise analysis, the first entry was Facilitating Conditions which explained 53.1% of the variance in Behavioral Intention (R² = .531, F = 447.421, p < .001). Therefore, since Facilitating Conditions had such a strong initial explanatory capability, it can be concluded that Facilitating Conditions are the most important factor influencing the intention to use mobile payments.
	Table 12. Final Stepwise Regression Coefficients

	Predictor
	Unstandardized β
	Std.
Error
	Standardized Beta (β)
	t
	Significance (p)

	(Constant)
	.376
	.162
	—
	2.322
	.021

	Facilitating 
Conditions
	.430
	.053
	.411
	8.066
	.000

	Performance 
Expectancy
	.245
	.049
	.241
	4.966
	.000

	Effort Expectancy
	.141
	.059
	.132
	2.400
	.017

	Social Influence
	.096
	.041
	.100
	2.345
	.020


The final coefficients from the stepwise regression analysis are consistently the same as those obtained through the Enter method, reinforcing confidence in the reliability of the results based on both approaches. Therefore, because both the stepwise regression analysis and the Enter method yield consistent results for the most significant predictor of behavioral intention, Facilitating Conditions, both methods allow for increased confidence in making the conclusion.
4. DISCUSSION	Comment by Arif Zunaidi: Most of the Discussion simply repeats the statistical results from the Results section without providing a deeper theoretical interpretation. Our suggestion: Add a conceptual interpretation related to the context of students in the Philippines. Explain why facilitating conditions are the most dominant factor compared to other UTAUT variables. Connect them to real-world conditions such as campus digital infrastructure, e-wallet usage in the Philippines, or student transaction habits.

All results are treated as if they were "normal." Reputable journals typically seek discussion of unique or theoretically contradictory findings. Examples of weaknesses: Why does social influence have the smallest impact? Why do all variables have very high means? Is there a possibility of social bias or common method bias?

The title emphasizes "Philippine Private Universities," but the Discussion still feels generic and could be applied to any country. Include the Philippine context of the growth of e-wallets like GCash or Maya, cashless economy policies, internet infrastructure conditions, and students' digital payment culture. This is crucial for the article to have a contextual contribution.
4.1 Findings
The study validated the UTAUT framework applicability of mobile payment systems adoption to students’ behavioral intention in General Santos City private Higher Education Institutions setting. All the factors are significantly influences behavioral intention. This study has demonstrated that UTAUT provides a theoretical framework to assist in understanding how mobile payments are being utilized by students of private HEIs’. The emergence of Facilitating Conditions as the strongest predictor of behavior intention towards the adoption of mobile payment is significant with many implications both theoretically and practically. Additionally, the discovery of the importance of infrastructure to the development of mobile payment systems and the impact they have on students’ intention to adopt these systems will be critical as the Philippines continues to develop a digital payment ecosystem. Finally, this study demonstrated that the UTAUT model remains relevant in the area of technology research due to its overall positive predictive power with respect to consumer technologies.
4.2 Theoretical Implications
This research also adds to the literature on UTAUT by examining the ways that the model can be used to help explain the use of mobile payments within higher education institutions located in the Philippines; along with the different contexts in which these various predictors are ranked hierarchically. One of the other major findings from this study is that Facilitating Conditions were found to be the most significant predictor re-garding the infrastructure supporting the use of digital payments in developing countries.
According to this study, contextual moderation plays an important role when considering the technology acceptance model. The UTAUT constructs are differentially important based on the maturity of the digital infrastructure, user demographics, and technology attributes. Additionally, this research adds to the body of knowledge about mobile payments and how they are adopted in developing countries, in particular Southeast Asia. The results support research done in India, Malaysia, and other developing markets showing that infrastructure plays a major role in the changing digital payment ecosystem.
4.3 Practical Implications
Since Facilitating Conditions is found to be the most reliable predictor of the ability of a payment service provider to receive payments, the provider must focus on growing their acceptance network for merchants, assuring the reliability of their technology (i.e., payment processing system), and providing quality customer service. Additionally, by providing digital payment methods for tuition, services on campus, stores on campus, and cafeteria food items, educational institutions create opportunities for convenience of use on the campus where mobile payments will be more likely to be used regularly.
Furthermore, Facilitating Conditions are important for the development of investments in digital infrastructure including but not limited to internet connectivity, mobile device technology, and established regulations to provide a safe and trusted environment to create mobile payment ecosystems.

5. CONCLUSIONS	Comment by Arif Zunaidi: The Conclusion section extensively repeats the statistical results already presented in the Results and Discussion. According to Scopus standards, the Conclusion should focus more on synthesizing key findings, theoretical contributions, implications, and closing arguments.
The most obvious weaknesses are excessive repetition of UTAUT variables. It doesn't demonstrate the "so what?" of the research results.
This empirical research provides a lot of information about the reasons why students’ behavioral intention to use mobile payment systems at private higher learning in-situations located in General Santos City, Philippines, will be fulfilled. The research was performed using rigorous quantitative approaches and was developed through the use of the UTAUT theoretical framework. The results of the research found that Performance Expectancy, Effort Expectancy, Social Influence, and Facilitating Conditions are all significant predictors of students’ behavioral intention to adopt a mobile payment system and these four variables explain over 60.5% of the variance in students’ behavioral intention to adopt mobile payment systems.
Facilitating Conditions have emerged as the dominant predictor in this study, which is an important finding that has both significant theoretical and practical implications. Emerging digital payment ecosystems in the Philippines are substantially dependent on infrastructure factors, including resource availability, technical support, system compatibility and merchant acceptance, and these infrastructure factors do not just serve as enabling factors but also serve as primary motivators for the intention to adopt mobile payments. These findings highlight the importance of infrastructure development in facilitating mobile payment adoption and demonstrate that technology acceptance is context-dependent and that there are significant differences among technology acceptance dynamics in different contexts.
Future research studies will advance the field of mobile payment adoption by utilizing longitudinal studies, theoretical frameworks, cross-case comparisons, and qualitative/quantitative methods. In doing so, further knowledge will be gained about the dynamics of mobile payments' use while contributing to the creation of effective, re-search-based strategies for encouraging the inclusion of digital finance within the country of the Philippines.

4.4 Limitations
Although this research study reveals important information regarding mobile payment use by students, the following limitations are present:
This study utilized a cross-sectional design to collect data at one point in time. This limits the possibility for establishing causal relationships because the variables studied could only be shown to be related to one another, not a cause–effect relationship. There is a need for longitudinal studies that would track the same participants and who would have mobile payment systems that would provide an increased ability to determine causal relationships and enhance understanding of how the intent to use will result in actual usage.
The research looked specifically at students enrolled at private colleges/universities located in General Santos City, limiting the study's applicability in terms of location, demographics, and type of institution. Students enrolled in privately funded educational institutions may not be similar to those enrolled in publicly funded educational institutions based on differences in socio-economic status, technology access, and attitudes to-wards technology. The urban environment of General Santos City does not simulate that of a rural location with different infrastructural conditions. Further research should ex-amine mobile payment adoption amongst various geographic locations, types of educational institutions, and demographics to determine generalizability.
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