Does Access to Different Types of ICT Influence Men’s Subjective Well-Being?


Abstract
Empirical and theoretical studies indicate that access to Information and Communication Technologies (ICTs) extends beyond supporting development goals, contributing significantly to subjective well-being. Yet, most research has focused on developed countries or specific subpopulations, leaving a gap in understanding the effects of ICTs on men’s well-being in developing countries. This study addresses this gap by analyzing the relationship between ICT access and subjective well-being among men in the Democratic Republic of Congo, using a representative sample of 6,161 men from the Multiple Indicator Cluster Survey (MICS-Palu 2018). Logistic regression analysis was applied to examine the associations between ICT access and self-reported life satisfaction and happiness. Findings show that ICT access positively influences men’s subjective well-being, although effects vary by technology type: computer use consistently enhances life satisfaction, whereas Internet access alone exhibits weaker and occasionally ambivalent effects. The study also highlights that health, social integration, and protection against ethnic discrimination are key determinants of well-being, suggesting that the benefits of ICT are mediated by broader socio-economic and psychosocial factors. These results underscore the need for policies that promote digital inclusion, computer literacy, and productive ICT use, while simultaneously addressing health care access and social equity. By providing gender-disaggregated evidence in a developing country context, this study contributes to the growing literature on ICTs and subjective well-being and offers practical guidance for improving men’s quality of life through technology.
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1. Introduction
The study of happiness has become an increasingly fruitful field of economic research, attracting numerous scholars from various social science disciplines, including sociology, psychology, philosophy, and economics. Originating from the Leiden school in the Netherlands in the 1970s, the field of happiness economics expanded remarkably after 1990, particularly with the famous « Easterlin paradox », which questions the relationship between income and long-term happiness. A key observation emerging from this field is that happiness does not show an upward trend, even during periods of sustained economic growth, highlighting the limitations of growth alone. Consequently, many researchers argue that if growth is exclusive meaning it does not enable a large portion of the population to achieve the anticipated happiness, which is also a fundamental transversal objective of the Millennium Development Goals (MDGs) and the recent 17 Sustainable Development Goals (SDGs) it becomes necessary to explore new pathways to happiness by considering non-economic factors. This study aims to examine the effect of ICT on men’s subjective well-being in the Democratic Republic of Congo.
Indeed, recent literature on the determinants of well-being from a macroeconomic point of view is abundant and fragmented (Malah et al., 2022; Mignamissi and Kuete, 2021; Malah, 2021; Kouladoum et al., 2023). Among the macroeconomic work carried out to date on the factors influencing well-being, we find those which have determined its institutional factors (Sulemana et al., 2016; Fischer, 2010; Kim et al., 2012); socio-economic factors (Pinquart and Sorensen, 2000; Zhou et al., 2015; Tan and Kraus, 2020); and those that have determined how it is influenced by the diffusion of ICT (Lohmann, 2015; Scherer et al., 2011; Kavetsos and Koutroumpis, 2011; Salanova and Cifre, 2004; Kouladoum et al., 2023; Diener et al., 1999; Graham, 2009). Despite this emerging literature on the determinants of happiness, most of this work has analyzed objective well-being. However, research based mainly on objective measures of well-being does not effectively account for the happiness situation as declared by individuals. It concerns subjective happiness.
It is from this perspective that economists, starting from sociodemographic surveys of individuals, where happiness is measured according to a declarative system, have attempted to analyze the factors that can make people happier. Most of this work establishes a distinction between objective factors (income, marital status, socio-professional situation, place of residence, level of education) and subjective factors (satisfaction with one's level of life, money worries, experience of poverty, stress, sexuality, sport) (Schkade and Kahneman, 1998; Borooah, 2006; Stutzer and Frey, 2006; Araki, 2022; Rival, 2020; Islam and Goldwasser, 2020). However, even if there is an emerging literature on the determinants of the perception of subjective happiness, very little is known regarding the role of digitalization on consumer well-being. Indeed, according to ITU statistics (2018), the use of ICT is increasing globally. At the end of 2018, it was estimated that 51.2% of the world's population, or 3.9 billion people, used the internet (Myovella et al., 2020). In sub-Saharan Africa, the number of people using the internet increased from 2.1% in 2005 to 24.4% in 2018, while mobile subscriptions stood at 77 per 100 inhabitants (ITU, 2018). This trend does not escape the Democratic Republic of Congo. Indeed, according to World Bank statistics (2023), the Democratic Republic of Congo (DRC) recorded an internet and social media penetration rate of 17.6% of the overall population, which constitutes a leap by 23% between 2021 and 2022 (World Bank Group).
ICTs are now an integral part of daily life (Kavetsos and Koutroumpis, 2011). Although the literature has largely neglected the effects of ICT on individual well-being with a greater emphasis on economic factors, recent work is beginning to show that landline and mobile phones, music players, and personal computers, including Internet connection, are associated with significantly higher levels of well-being and individual life satisfaction of their users (Kavetsos and Koutroumpis, 2011). Indeed, it is possible that these tools influence the level of happiness of their users in different ways depending on whether you are a man or a woman. For example, following the achievement of the SDGs, ICT can play an important role in achieving gender equality and empowering men. Through ICTs, men can access information important for their productive, reproductive, and community roles and obtain additional resources for improving their life satisfaction. Access to ICT allows men to make their voice better heard in their communities, to promote their participation in life. ICTs also offer men a certain flexibility in time and space, which can be particularly interesting for men facing social isolation.

However, it should be noted that ICT does not essentially bring only benefits, as noted in a large part of the literature, but is also a source of problems like cybercrime, scams, and deviances likely to negatively influence consumer well-being. ICTs are used as tools of sexual harassment. For example, using cross-sectional data from the World Values Survey, Lohmann (2015) finds an indirect negative effect of access to the internet on subjective well-being, since people who regularly use the internet as a source of information get less satisfaction from their income. Furthermore, ICT discriminates against those who are not educated, or are older. This negative effect could be understood differently depending on gender. Indeed, even if we observe the emergence of digital professions which allow men to flourish, most men may tend to feel this negative effect of ICTs more, through cyberbullying, harassment, unwanted calls, sexist content, or unflattering portrayals, which in one way or another alter the psychological well-being of some men, if not the community. Hence the following research question: does the use of ICTs contribute to making men happier in the Democratic Republic of Congo?
The objective of this article is to analyze the effects of the use of ICTs on the perception of men’s well-being in the DRC using data from the Multiple Indicator Cluster Survey (MICS-Palu 2018). On a theoretical level, this article is based on welfare economics, which is an approach to normative economics based on the evaluation of situations of social well-being defined as optimal in the sense of Pareto. It deals with questions related to the relationship between economics and moral well-being, in particular the ways in which economic goods could provide an increase in collective well-being, especially when dysfunctions are noted in the economic system. Thus, this article supports the hypothesis according to which the use of ICTs, which are economic goods, positively influences the subjective well-being of men in the DRC. The rest of the paper is structured as follows: Section 2 presents the theoretical literature and empirical findings concerning the effect of information and communication technologies on happiness. Section 3 presents the data and methodological strategy. Section 4 presents and discusses the results, while Section 5 concludes with policy recommendations and guidelines for future research.
2.    Theoretical approach and literature review
2.1.	Theoretical approach
Well-being has long been considered a phenomenon that could be measured with economic and monetary indicators alone, or even with indicators of health or absence of morbidity (Greyling, 2018). The first measures of well-being on a national and international scale focused mainly on GDP, considering that wealth and the possession of material goods were indicative of a better level of well-being. However, from 1974, the work of Richard Easterlin, an American demographic economist, revolutionized this way of thinking by pointing out the fact that several dimensions of well-being escape the measurement of GDP, whether non-market dimensions (domestic work, childcare, leisure time, time spent with loved ones, etc.) or even characteristics specific to societies (their democratic character, freedom of movement and thought, access to effective and independent justice) (Greyling, 2018).
Critics of the Indian economist, Nobel Prize winner, Amartya Sen also add that what really matters are the capabilities that people have, that is to say the set of possibilities available to them and their freedom to choose, from this whole, the type of life they value. According to him, a person's quality of life depends on their autonomy and the possibilities offered to them to improve their own living conditions. Following Sen, several authors postulate that the measurement of well-being requires both objective and subjective data, meaning that subjective well-being is just as important to take into account as its more objectifiable aspects (health and resources). According to Diener et al. (1999), the subjective well-being of individuals is linked to what Wilson (1967) describes as the theory of “need satisfaction.” The majority of empirical research adopts this theoretical approach by showing that desirable events increase subjective well-being, while undesirable events decrease it (Stallings et al., 1997). It is this theoretical approach that is adopted in this article. From the above, we can deduce that if access to ICT is a desirable event, it should increase the subjective well-being of men, but if it is undesirable, we expect a decrease in the subjective well-being of men in the DRC.
Theoretically, there are some plausible reasons to describe the use of ICT as a desirable event, as there is growing evidence of the benefits that ICT has for men’s empowerment, by facilitating their access to health, nutrition, education, and other opportunities for human development, such as participation in political and family life, communicating with friends and family (Facebook), or leisure activities (watching films) (Franzen, 2003). The availability of information and communication technologies (ICTs) plays a decisive role in empowering men, particularly by offering them opportunities to participate in the labor market, access training, and improve their skills. ICTs enable men to overcome barriers linked to geographical isolation, traditional social roles, and limited access to educational and professional resources. Hafkin and Huyer (2007) point out that ICTs enable men to engage in entrepreneurial activities and distance learning, helping to reduce gender inequalities in the economic sphere. In addition, Hilbert (2011) indicates that access to ICT offers men the opportunity to improve their participation in the labor market by giving them access to information, professional networks, and online training, thus contributing to their social and economic inclusion.
2.2.	Access to ICT and subjective well-being of men 
The empirical literature specifically addressing access to ICTs and men's subjective well-being remains limited, but several studies provide actionable results thanks to gender heterogeneity analyses. Zhang, Zhang, and Wang (2024) show, based on CGSS data from 2012–2018, that frequent Internet use significantly increases life satisfaction among older adults, with a particularly marked effect among men, suggesting that the psychosocial benefits of digital technology may differ according to gender. In African countries, access to mobile phones improves market information, reduces transaction costs, and increases incomes, which can translate into an indirect increase in subjective well-being for men, who are more represented in the entrepreneurial and agricultural sectors (Aker & Mbiti, 2010). Global comparative studies confirm that the positive impacts of ICTs vary according to gender relations: in countries where men have easier access to technology, they are often the first to benefit from the gains in life satisfaction associated with digital expansion (Ganju, Pavlou & Banker, 2016; 2024–2025 analyses of gender inequalities and ICT). At the same time, sectoral work in East and West Africa highlights that, in agricultural or commercial activities, men are more likely to adopt mobile technologies and derive immediate economic gains that can enhance their subjective well-being, even though the benefits for women can be more transformative when they effectively access ICTs (Sekabira & Qaim, 2017; Abioye et al., 2025). Digital interventions, such as mobile programs designed to reduce stress or facilitate access to psychological services, also show improvements in well-being among predominantly male users in certain African urban contexts (Brookings Institution, 2021). However, more critical studies point out that excessive or social media-oriented use can lead to decreased life satisfaction or increased stress, including among men, due to psychosocial mechanisms related to social comparison or cognitive load (Marciano et al., 2024). Finally, African and Congolese data (GSMA, Research ICT Africa, MICS) highlight a connectivity gap that favors men, giving them privileged access to digital opportunities and therefore potential gains in well-being, while revealing a lack of rigorously gender-disaggregated studies for the DRC, which constitutes a major empirical gap. Thus, the main gap lies in the absence of causal analyses specifically dedicated to men in the DRC that clearly identify how and through what mechanisms access to ICTs influences their subjective well-being.
3.	Methods
3.1.    Data

The data used to address the research question in this study come from the 2018 Multiple Indicator Cluster Surveys (MICS-Palu) conducted in the Democratic Republic of Congo under the auspices of UNICEF. These surveys are carefully designed to provide essential indicators for assessing the well-being of children and adults, making them a valuable tool for researchers and policymakers (WHO, 2016). MICS surveys are recognized for their robust methodological frameworks and rigorous data collection processes, ensuring the reliability and comprehensiveness of the information gathered (Martin & Zulaika, 2016). Such meticulous planning allows for data that not only reflect current conditions but also provide a basis for understanding trends over time. The 2018 MICS-Palu survey is particularly notable for the extensive efforts made to collect a wide range of indicators related to health, education, and overall well-being.
By covering diverse topics, including infant mortality, nutrition, education, and access to safe drinking water, this dataset represents a valuable resource for examining various aspects of life in the Democratic Republic of Congo, particularly for vulnerable populations such as women and children. Beyond assessing current conditions, MICS surveys are essential for tracking progress toward national and international development goals. The data collected are crucial for monitoring achievements in the Sustainable Development Goals (SDGs), especially those related to health, education, and gender equality (Khan & Hancioglu, 2019). With the increasing integration of information and communication technologies (ICTs) into daily life, the MICS survey also provides substantial information on the use, adoption, and adaptation of ICTs in everyday life. This information serves as a valuable resource for stakeholders at various levels, from government agencies to international organizations, to make informed decisions aimed at improving the quality of life of children and women based on ICT use and adoption. It is important to note that ICTs here encompass all technologies used to collect, process, store, and transmit information, including computer hardware such as computers and smartphones, as well as software and communication platforms, including the Internet. The survey thus provided data on exposure to these tools and enabled analyses to understand their impact on quality of life. It was conducted among 6,161 men aged 15 to 49 years.
3.2.	Selection and justification of variables
3.2.1.	Dependent variable
Irwin et al. (1979) emphasize that subjective well-being, such as happiness, can be effectively measured through self-assessment. In other words, individuals are considered the best judges of their own emotional states, and simply asking them whether they feel happy can provide accurate and meaningful information. The authors summarize this idea as: if you want to know how happy I am, just ask me. However, this approach based on self-reported well-being has faced criticism in the literature. One of the most influential critiques comes from Amartya Sen, within his capability approach. According to Sen, a person’s quality of life depends on their autonomy and the opportunities available to them. A poor individual who has always lived in deprivation, with limited possibilities and little freedom to improve their situation, may become accustomed to their conditions, resign themselves to them, and even report being relatively happy. But should such a declaration be taken at face value? This critique highlights the importance of considering happiness scales relative to an individual’s reference framework.
In this regard, the Multiple Indicator Cluster Survey (MICS-Palu 2018) conducted in the Democratic Republic of Congo asked participants about their perception of happiness, using a scale from 1 to 5: 1 = very unhappy, 2 = somewhat unhappy, 3 = neither happy nor unhappy, 4 = somewhat happy, and 5 = very happy. Self-reported happiness serves as our dependent variable. Given the small sample size of Congolese men who assigned scores of 4 and 5, we condensed the scale into three categories: score 1 (unhappy) combines the previous scores 1 and 2, score 2 (somewhat happy) corresponds to the previous score 3, and score 3 (happy) combines the previous scores 4 and 5.
3.2.2.	Independent variables
Our main explanatory variable is an ICT usage index, constructed from five variables measuring the frequency of use of the telephone, computer, and Internet, as well as the frequency of watching television and listening to the radio. These variables capture the frequency of use and exposure to ICT tools (Kyoghero et al., 2025), coded from 1 to 4, where 1 corresponds to “Not at all” and 4 to “Almost every day” (see Appendix). To construct the index, we used the Multiple Correspondence Analysis (MCA) method (see Anselin). After identifying and addressing outliers in the data, we applied MCA to extract individuals’ factorial scores. To ensure that higher scores reflect more frequent and positive ICT use, we reversed the sign of the extracted scores. Thus, a high score on the final index indicates frequent and diversified ICT use, while a low score suggests limited use.
The practice of using MCA to construct an index, correct for outliers, extract factorial scores, and adjust their sign so that higher scores reflect intensive ICT use is widely supported in the multivariate analysis literature. MCA is particularly suitable for analyzing qualitative survey data, as it transforms categorical variables into quantitative factorial scores (Atkinson, 2024). Finally, we assessed the internal consistency and reliability of the index using Cronbach’s alpha coefficient, which exceeded 0.70, in line with the literature recommendations (Sarawa & Mas’ud, 2020), thus confirming the relevance of our index.
3.2.3.	Control variables
In this study, the control variables included education, age, age squared, marital status, health insurance, time since last sexual intercourse, functional difficulties, HIV status awareness, and ethnic discrimination. These variables were recoded to suit the requirements of the analysis. For education, we retained the original coding: (1 = pre-primary/no education, 2 = primary, 3 = secondary, 4 = tertiary). Age was categorized as follows: (1 = 15–24, 2 = 25–34, 3 = 35–49). Marital status was coded as: (1 = currently married/in union, 2 = formerly married/in union, 3 = never married/in union). Health insurance was coded as: (1 = has health insurance, 2 = does not have health insurance). The variable for time since the last sexual relationship was coded as: (1 = days, 2 = weeks, 3 = months, 4 = years). Functional difficulties were coded as: (1 = with functional difficulty, 2 = without functional difficulty). Place of residence was coded as: (1 = urban, 2 = rural). HIV status awareness was coded as: (1 = yes, 2 = no), and ethnic discrimination was coded as: (1 = has been a victim, 2 = has never been a victim). These variables were selected based on considerations of parsimony, theoretical relevance, and the practical significance for understanding happiness (Davidovic, M., 2021; Chai & Kalyal, 2019; Chyi & Mao, 2012).
3.3.	Sample characteristics
Table 1 highlights particularly marked contrasts between Congolese men aged 15 to 49 living in rural areas and those living in urban areas, as observed in the 2018 MICS data, and χ² tests indicate significant differences for all variables at the 1% threshold. Self-reported levels of happiness show that urban men perceive themselves to be significantly happier than their rural counterparts, with more than half of them reporting that they are « happy » compared to 42% in rural areas, while dissatisfaction is twice as high among rural men. These differences are accompanied by a deep digital divide: daily cell phone use reaches 62% in cities compared to only 13% in rural areas, and the majority of rural residents do not use a phone at all. The same dynamic can be observed for Internet access, where nearly one-third of city dwellers connect almost every day, compared to less than 8% of rural residents, nearly 50% of whom never connect. The gap is even more pronounced when it comes to computer use: more than 74% of rural residents never use a computer, while non-use falls to around one-third in urban areas. Exposure to traditional media also reveals a clear territorial divide, as television remains overwhelmingly urban and radio, although more accessible, is significantly less used in rural areas, where the majority of men do not use it. In terms of sociodemographic characteristics, rural men are much more likely to be married, while single people are in the majority in cities, possibly reflecting the migratory, educational, and economic dynamics specific to urban areas. Finally, the distribution by age group suggests a slightly higher presence of young people aged 15–24 in cities, consistent with internal migration patterns linked to the search for opportunities. Overall, this picture highlights a profound structural duality between rural and urban areas in the DRC, where differences in access to information, technology, and media are intertwined with demographic and marital dynamics, producing significant gaps in subjective well-being and differentiated opportunities between the two environments. 
The rest of Table 1 confirms the persistence of profound structural differences between rural and urban men in the DRC, particularly in terms of education, access to health services, sexual behavior, and psychosocial conditions, with χ² tests once again indicating significant differences at the 1% threshold. The first four categories relating to educational attainment show a particularly pronounced divide: while nearly two-thirds of rural men (61.36%) have only completed secondary education, this figure rises to over 70% in urban areas. More importantly, access to higher education is almost non-existent in rural areas (1.21%) compared to nearly 17% in cities, a sign of the concentration of educational investment and learning opportunities in urban centers. The situation is equally contrasting for health insurance, a service that is virtually non-existent in rural areas, where less than 1% of men have access to it, compared to more than 5% in urban areas, revealing unequal access to health protection mechanisms that can influence economic vulnerability and psychological security. With regard to the last sexual intercourse, the distributions also suggest notable differences: urban men more frequently report an interval of several years since their last intercourse (9.08% compared to 3.94% in rural areas), which may reflect more fragmented relationship dynamics or different sexual strategies in urban environments. Functional disorders appear to be low overall in both settings, although slightly higher in rural areas (3.24% vs. 2.06%), which could be associated with more difficult working conditions or limited access to healthcare. The number of female co-parents, an indirect indicator of family structure, varies little but remains slightly higher in urban areas for households with two female co-parents, which may reflect more diverse family arrangements in urban centers. Known HIV status reveals better information in urban areas (94.42% report knowing their status compared to 92.91% in rural areas), consistent with better access to testing and health services. Finally, the perception of ethnic discrimination shows similar levels between environments, although slightly higher in cities (11.51% versus 10.50%), suggesting that exposure to more heterogeneous environments may increase the likelihood of experiencing this type of discrimination. Overall, this section of the table reinforces the idea of a systemic duality between rural and urban areas, where educational, health, informational, and family opportunities are organized differently and contribute to structuring distinct life trajectories for Congolese men.
Table 1. Characteristics of the Analytic Sample (%) Democratic Republic of Congo's Multiple Indicator Cluster Survey
	Respondents'characteristics
	Residence Statuts
	Rural versus Urbana

	
	Rural
	Urban
	

	
	N = 4 158  
	N = 2 003
	

	Level of Self-reported happiness
	
	
	***

	Unhappy
	32,00
	18,76
	

	Fairly happy
	25,84
	29,87
	

	Happy
	42,16
	51,37
	

	Cell Phone Use
	
	
	***

	Not at all
	66,55
	22,82
	

	Less than once a week
	11,01
	6,44
	

	At least once a week
	9,20
	8,27
	

	Almost every day
	13,23
	62,47
	

	Use of Internet
	
	
	***

	Not at all
	49,54
	20,35
	

	Less than once a week
	28,44
	23,65
	

	At least once a week
	14,68
	26,61
	

	Almost every day
	7,34
	29,39
	

	Use of Computer
	
	
	***

	Not at all
	74,85
	31,78
	

	Less than once a week
	17,37
	22,67
	

	At least once a week
	5,39
	23,64
	

	Almost every day
	2,40
	21,90
	

	Television
	
	
	***

	Not at all
	81,84
	36,16
	

	Less than once a week
	12,17
	17,39
	

	At least once a week
	4,88
	18,26
	

	Almost every day
	1,11
	28,19
	

	Radio
	
	
	***

	Not at all
	63,92
	31,03
	

	Less than once a week
	13,91
	17,44
	

	At least once a week
	9,25
	16,94
	

	Almost every day
	12,92
	34,58
	

	Marital Status
	
	
	***

	Currently married/in union
	58,66
	43,51
	

	Formerly married/in union
	2,83
	3,96
	

	Never married/in union
	38,52
	52,54
	

	Age_group
	
	
	***

	15-24
	38,83
	43,86
	

	25-34
	29,08
	28,45
	

	35-49
	32,09
	27,69
	

	Education
	
	
	***

	Less than primary
	8,14
	2,48
	

	Primary education
	29,29
	10,14
	

	Secondary education
	61,36
	70,39
	

	Higher education
	1,21
	16,99
	

	Health Insurance
	
	
	***

	Has Health Insurance
	0,68
	5,53
	

	Has no health Insurance
	99,32
	94,47
	

	Last Sexual Intercourse
	
	
	***

	Number of days
	55,83
	48,98
	

	Number of weeks
	20,16
	20,75
	

	Number of months
	20,07
	21,19
	

	Number of years
	3,94
	9,08
	

	Functional Difficulty
	
	
	***

	With functional difficulty
	3,24
	2,06
	

	Without functional difficulty
	96,76
	97,94
	

	Number of Femal C-parents
	
	
	

	Two female co-parents
	74,54
	77,61
	

	More tha two
	25,46
	22,39
	

	HIV Status Known
	
	
	

	Yes
	92,91
	94,42
	

	No 
	7,09
	5,58
	

	Ethnic_discrimantion
	
	
	

	Already been discriminated
	10,50
	11,51
	

	Never been discriminated
	89,50
	88,49
	 


Source: the Democratic Republic of Congo's Multiple Indicator Cluster Survey (MICS-Palu 2018). a Chi² test results comparing differences between men in rural and urban areas of the Democratic Republic of Congo. ***p < .001.
Analytical strategy
To analyze the effects of ICT on the perception of happiness, we use logistic modeling. Logistic regression is a widely used method for studying the relationships between a binary variable to be explained and one or more explanatory variables (independent or exogenous), whether quantitative or qualitative, ordinal or nominal. When the dependent variable is quantitative, ordinary least squares regression is no longer appropriate (Wooldridge, 2014). There are several variants of the logistic model.
Furthermore, when the dependent variable has more than two categories, we refer to a multinomial logit model. This model can be ordered or unordered: it is ordered when there is a predefined ranking between the categories (e.g., first, second, third, etc.), and unordered when no order is established. In our study, we used an ordinal logistic regression because the dependent variable (happiness) was an ordered categorical variable with three levels (unhappy, somewhat happy, very happy). A binary regression was therefore not possible, as there are more than two categories. Since raw coefficients do not always offer much interpretive value, it is useful to calculate odds ratios or marginal effects to make the results more meaningful. The odds ratio is essentially the ratio between two probabilities. In our context, it is the probability that Congolese men will report being happy, divided by the probability that they will report being somewhat neutral or unhappy. More specifically, an odds ratio greater than 1 indicates that men are more likely to report being happy, while a ratio less than 1 indicates a lower probability. Finally, we examined the marginal effects of the main explanatory variables and interaction terms on the three categories of happiness as perceived by men in the Democratic Republic of Congo. The use of STATA 14 enabled us to perform detailed statistical analyses and process the data efficiently, thereby facilitating understanding of the factors influencing men's well-being in this particular context.
Model specification
We estimate the following model:
Logit (P (Y≤ j)) =  +  +  +   + … +    
Logit (P (Y≤ j)) = ln [(P (Y≤ j)) / (1- P (Y≤ j))] represents the logit of the probability of occurrence versus non-occurrence of the event of interest which, in our research, is self-reported happiness among Congolese men; j is the value of the dependent variable (j = Unhappy, Fairly happy or Happy). Initially, in Model 1, we examined the bivariate associations between self-reported happiness and the focal independent variable of ICT (), as well as the observed covariates: (, n = 2, 3, . . . ,12). We then incorporated the aforementioned covariates to explore the net association between ICT use and self-reported happiness in other models. Furthermore, to test whether the potential association between ICT use and happiness among Congolese men differs according to certain socio-demographic characteristics, we estimated ordinal logistic regression analyses with interaction terms (ICT use ˣ Residence status), (ICT use ˣ Marital status), (ICT use ˣ Age group).
4.	RESULTS AND DISCUSSION
4.1. Baseline results
Table 2, which presents the coefficients from the ordered logit models explaining the level of happiness of Congolese men aged 15 to 49, highlights several statistically significant relationships between the explanatory variables and the probability of belonging to a higher happiness category. As these are only coefficients and not marginal effects, the interpretation focuses on the meaning and significance of the relationships, without directly quantifying the marginal magnitude of the effects. The results show first that ICT use has a positive and strong effect on happiness, which is robust across all estimated models: the coefficients range from 0.183 to 0.213, all significant at the 1% level. This means that, all other things being equal, a higher intensity of ICT use increases the probability that a man will fall into a higher category of subjective well-being. This relationship confirms the idea that ICTs are vectors of social integration, access to information, and economic opportunities that can improve life satisfaction.
With regard to marital status, men who were previously married or in a union consistently have a negative coefficient (around -0.23), indicating that this category is less likely to be happy compared to men who are currently married. Conversely, men who have never been in a relationship have significantly positive coefficients (between 0.266 and 0.336), suggesting that they have a higher level of perceived happiness than married men. 
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Table 2. Logit Model (Coefficients Estimates) Assessing the Effect of ICT on men’s Happiness
	VARIABLES
	HAPPINESS
	HAPPINESS
	HAPPINESS
	HAPPINESS
	HAPPINESS
	HAPPINESS
	HAPPINESS

	
	
	
	
	
	
	
	

	ICT
	0.209***
	0.213***
	0.213***
	0.189***
	0.183***
	0.190***
	0.195***

	
	(0.0146)
	(0.0147)
	(0.0147)
	(0.0162)
	(0.0163)
	(0.0175)
	(0.0175)

	Marital status
	
	
	
	
	
	
	

	Formerly married/in union
	
	-0.236*
	-0.238*
	-0.233*
	-0.247*
	-0.239*
	-0.243*

	
	
	(0.137)
	(0.137)
	(0.138)
	(0.138)
	(0.139)
	(0.139)

	Never married/in union
	
	0.336***
	0.316***
	0.301***
	0.300***
	0.272***
	0.266***

	
	
	(0.0493)
	(0.0706)
	(0.0709)
	(0.0710)
	(0.0740)
	(0.0740)

	Age
	
	
	-0.0164
	-0.0234
	-0.0262
	0.00653
	0.00791

	
	
	
	(0.0414)
	(0.0418)
	(0.0418)
	(0.0426)
	(0.0427)

	Educational attainment
	
	
	
	
	
	
	

	Primary education
	
	
	
	0.102
	0.102
	0.0349
	0.0183

	
	
	
	
	(0.107)
	(0.107)
	(0.115)
	(0.115)

	Secondary education 
	
	
	
	0.138
	0.134
	0.0714
	0.0487

	
	
	
	
	(0.101)
	(0.101)
	(0.107)
	(0.107)

	Higher education 
	
	
	
	0.536***
	0.479***
	0.412***
	0.383**

	
	
	
	
	(0.149)
	(0.150)
	(0.154)
	(0.155)

	Health Insurance
	
	
	
	
	
	
	

	Has no health Insurance 
	
	
	
	
	-0.698***
	-0.679***
	-0.696***

	
	
	
	
	
	(0.190)
	(0.199)
	(0.199)

	Functional difficulty
	
	
	
	
	
	
	

	Without functional difficulty
	
	
	
	
	
	1.109***
	1.104***

	
	
	
	
	
	
	(0.164)
	(0.165)

	Ethnic discrimantion
	
	
	
	
	
	
	

	Never been discriminated
	
	
	
	
	
	
	0.335***

	
	
	
	
	
	
	
	(0.0803)

	Constant cut1
	-1.449***
	-1.327***
	-1.367***
	-1.188***
	-1.871***
	-0.755**
	-0.515*

	
	(0.0455)
	(0.0501)
	(0.115)
	(0.157)
	(0.244)
	(0.301)
	(0.307)

	Constant cut2
	-0.264***
	-0.132***
	-0.173
	0.00812
	-0.673***
	0.421
	0.664**

	
	(0.0416)
	(0.0470)
	(0.113)
	(0.156)
	(0.243)
	(0.301)
	(0.307)

	Observations
	6,113
	6,113
	6,113
	6,113
	6,113
	5,191
	5,191


Source: Author’s construction. Notes: Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1
	
This pattern may reflect the economic and social pressures associated with married life in the DRC, or a greater value placed on independence among young urban men. Age, on the other hand, has no significant effect in almost all models, with coefficients that are low and insignificant. This shows that in this specific population, aging between the ages of 15 and 49 does not substantially change the probability of reporting happiness.
Level of education reveals a differentiated effect: only higher education shows a substantial and significant positive coefficient (between 0.383 and 0.536). This means that men who have attained a higher level of education are more likely to feel happier than those who have never attended school or who have only completed primary education. Primary and secondary education, on the other hand, do not significantly influence happiness. This result can be interpreted as a threshold effect, indicating that only the social and economic returns of higher education confer a noticeable improvement in subjective well-being. The lack of health insurance is negatively and strongly associated with happiness (coefficients close to –0.69), suggesting that not having health coverage reduces the likelihood of being in a high category of well-being. This confirms the role of health security as an essential component of well-being in the Congolese context.
The presence of functional difficulty has a positive and significant effect in the models (≈ 1.10), which may seem counterintuitive at first. However, this result actually reflects the reference modality: positive coefficients indicate that “no functional difficulty” increases the probability of being happy. In other words, men in good functional health are significantly more likely to report being happy. Finally, never having experienced ethnic discrimination is positively associated with happiness (with a significant coefficient of 0.335 in the last model). This implies that the absence of discrimination is an important determinant of life satisfaction, confirming the role of psychosocial factors in the formation of happiness.
Overall, Table 2 shows that the happiness of Congolese men is strongly linked to ICT use, marital status, higher education, health security, and the absence of discrimination, while age and lower levels of education do not play a statistically significant role. This model highlights that subjective well-being in the DRC is shaped by a combination of technological integration, socioeconomic factors, health, and social protection.




Table 3. Average marginal effects of ICT on Happiness among men 
	VARIABLES
	Unhappy
	Neither Happy or unhappy
	Happy
	Observations

	
	
	
	
	

	ICT
	-0.0384***
	(0.00340)
	-0.00713***
	(0.000797)
	0.0455***
	(0.00393)
	5,191

	Marital status
	
	
	
	
	
	
	

	Formerly married/in union
	0.0515*
	(0.0305)
	0.00387***
	(0.00111)
	-0.0554*
	(0.0311)
	5,191

	Never married/in union
	-0.0514***
	(0.0140)
	-0.0114***
	(0.00356)
	0.0628***
	(0.0175)
	5,191

	Age
	-0.00156
	(0.00842)
	-0.000289
	(0.00156)
	0.00185
	(0.00998)
	5,191

	Educational attainment
	
	
	
	
	
	
	

	Primary education
	-0.00370
	(0.0233)
	-0.000598
	(0.00370)
	0.00429
	(0.0270)
	5,191

	Secondary education
	-0.00977
	(0.0217)
	-0.00167
	(0.00346)
	0.0114
	(0.0252)
	5,191

	Higher education
	-0.0716**
	(0.0288)
	-0.0193**
	(0.00846)
	0.0909**
	(0.0367)
	5,191

	Health insurance
	
	
	
	
	
	
	

	Has no health Insurance
	0.118***
	(0.0281)
	0.0459***
	(0.0177)
	-0.164***
	(0.0456)
	5,191

	Functional difficulty
	
	
	
	
	
	
	

	Without functional difficulty
	-0.249***
	(0.0389)
	0.0211*
	(0.0117)
	0.228***
	(0.0276)
	5,191

	Ethnic_discrimantion
	
	
	
	
	
	
	

	Never been discriminated
	-0.0692***
	(0.0172)
	-0.00775***
	(0.00124)
	0.0770***
	(0.0180)
	5,191


Source: Author’s construction. Notes: Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1
	
Table 3 shows the analysis of the average marginal effects wich reveals several significant determinants of happiness levels among Congolese men aged 15 to 49. The access to or use of Information and Communication Technology (ICT) is strongly associated with an increased probability of being Happy (4.55 percentage points) and a decreased probability of being Unhappy (3.84 percentage points). Regarding marital status, being never married/in union is positively correlated with happiness, increasing the likelihood of being Happy by 6.28 percentage points, whereas being formerly married/in union is associated with a 5.15 percentage point increase in the probability of being Unhappy and a reduction in the probability of being Happy. Interestingly, age itself has no statistically significant marginal effect on happiness within this age cohort. Educational attainment plays a crucial role: achieving higher education is highly beneficial, decreasing the probability of being Unhappy by 7.16 percentage points and increasing the probability of being Happy by 9.09 percentage points. Health insurance is an essential well-being factor; the lack of health insurance massively increases the probability of being Unhappy (11.8 percentage points) and decreases the probability of being Happy (16.4 percentage points). However, the most powerful factor associated with happiness is the absence of functional difficulty: being without functional difficulty reduces the probability of unhappiness by 24.9 percentage points (the strongest effect in the table) and increases the probability of being Happy by 22.8 percentage points, underscoring the fundamental importance of physical health. Finally, never having been subjected to ethnic discrimination is significantly linked to better well-being, reducing the probability of unhappiness by 6.92 percentage points and increasing the probability of being Happy by 7.70 percentage points. In conclusion, the most influential determinants of happiness in this population are good health and physical functionality, access to higher education, the absence of discrimination, and the possession of health insurance.
4.2.   Robustness to  the use of alternative subjective well-being measure : Life satisfaction compared to last year
Table 4 shows the analysis of average marginal effects wich reveals the factors associated with the perception of either an improvement or a deterioration in life satisfaction over the past year. The use of or access to Information and Communication Technology (ICT) is linked to a more positive perception, reducing the probability that satisfaction has Worsened by 2.35 percentage points and increasing the probability that it has Improved by 2.73 percentage points. Marital status has a significant impact: being never married/in union is strongly associated with a perceived improvement in life satisfaction (increasing the probability of Improvement by 6.23 percentage points and decreasing the probability of Worsening by 5.06 percentage points), while being formerly married/in union is linked to a perceived deterioration (increasing the probability of Worsening by 5.80 percentage points and decreasing the probability of Improvement by 5.53 percentage points). Similar to current happiness, age does not exert a significant marginal effect on the perceived change in life satisfaction. A higher education attainment is a key factor for improvement, reducing the probability of perceived deterioration by 5.62 percentage points and increasing the probability of improvement by 7.73 percentage points. Regarding health, the lack of health insurance is a significant risk factor for the deterioration of life satisfaction (increasing the probability of Worsening by 5.59 percentage points). However, the most powerful predictor of perceived improvement in life satisfaction is the absence of functional difficulty, which reduces the probability of Worsening by 13.6 percentage points and increases the probability of Improvement by 12.1 percentage points. Finally, never having been a victim of ethnic discrimination is strongly associated with a perceived improvement in life satisfaction (increasing the probability of Improvement by 7.31 percentage points), while simultaneously reducing the probability of perceived deterioration (7.11 percentage points). In summary, good physical health, higher education, never married/in union status, and the absence of discrimination experience are the main drivers of a perceived improvement in life satisfaction compared to the previous year.













Table 4. Average marginal effects of ICT on life satisfaction compared to last year among men 
	VARIABLES
	Worst
	The Same
	Improved
	Observations

	
	
	
	
	

	ICT
	-0.0235***
	(0.00309)
	-0.00384***
	(0.000747)
	0.0273***
	(0.00357)
	5,191

	Marital status
	
	
	
	
	
	
	

	Formerly married/in union
	0.0580**
	(0.0289)
	-0.00273
	(0.00463)
	-0.0553**
	(0.0246)
	5,191

	Never married/in union
	-0.0506***
	(0.0123)
	-0.0116***
	(0.00370)
	0.0623***
	(0.0158)
	5,191

	Age
	0.00384
	(0.00753)
	0.000628
	(0.00124)
	-0.00446
	(0.00876)
	5,191

	Educational attainment
	
	
	
	
	
	
	

	Primary education
	0.0106
	(0.0202)
	0.00165
	(0.00350)
	-0.0123
	(0.0237)
	5,191

	Secondary education
	0.00759
	(0.0188)
	0.00125
	(0.00342)
	-0.00884
	(0.0222)
	5,191

	Higher education
	-0.0562**
	(0.0243)
	-0.0212**
	(0.0101)
	0.0773**
	(0.0335)
	5,191

	Health insurance
	
	
	
	
	
	
	

	Has no health Insurance
	0.0559**
	(0.0272)
	0.0189
	(0.0147)
	-0.0749*
	(0.0418)
	5,191

	Functional difficulty
	
	
	
	
	
	
	

	Without functional difficulty
	-0.136***
	(0.0366)
	0.0153
	(0.0121)
	0.121***
	(0.0248)
	5,191

	Ethnic_discrimantion
	
	
	
	
	
	
	

	Never been discriminated
	-0.0711***
	(0.0166)
	-0.00200
	(0.00223)
	0.0731***
	(0.0150)
	5,191


Source: Author’s construction. Notes: Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1
4.3.   Robustness to disagregated ICT variables
The analysis of the average marginal effects reveals the determinants of happiness (classified as Unhappy, Neither Happy or unhappy, or Happy) among Congolese men aged 15 to 49, with a breakdown of Information and Communication Technologies (ICT) by frequency of use. Cell Phone use has no statistically significant marginal effect on any of the happiness categories, regardless of frequency. Regarding the Internet, use less than once a week is associated with a 6.86 percentage point increase in the probability of being Unhappy and a 10.8 percentage point decrease in the probability of being Happy. However, using the Internet almost every day is also associated with a 4.13 percentage point increase in the probability of being Unhappy and a 13.3 percentage point decrease in the probability of being Happy, both statistically significant. In contrast, Computer use appears more clearly positive: using it less than once a week decreases the probability of being Unhappy by 4.60 percentage points and increases the probability of being Happy by 13.5 percentage points. Using it almost every day reinforces this positive trend by decreasing the probability of being Neither Happy or unhappy by 8.96 percentage points and increasing the probability of being Happy by 15.0 percentage points. The use of Television and Radio has no statistically significant marginal effect on any of the happiness categories, regardless of frequency. As for the other variables, marital status shows that being formerly married/in union is the only significant status, decreasing the probability of being Happy by 10.6 percentage points. Age and educational attainment have no significant effect in this model, unlike the previous one. The most powerful factor remains functional difficulty: the absence of functional difficulty significantly reduces the probability of being Unhappy by 22.1 percentage points and of being Neither Happy or unhappy by 15.2 percentage points, while increasing the probability of being Happy by 37.4 percentage points. Health insurance has no significant effect in this model. Finally, never having been subjected to ethnic discrimination significantly reduces the probability of being Unhappy by 6.97 percentage points and of being Neither Happy or unhappy by 10.5 percentage points, and increases the probability of being Happy by 17.5 percentage points. In conclusion, good physical functionality and the absence of ethnic discrimination are the strongest predictors of happiness in this model, while computer use is positive, and the effect of the Internet and cell phones is non-significant or potentially negative, highlighting the complexity and specificity of the links between different technologies and well-being.


	Table 5. Average marginal effects of disagregated ICT variables on happiness among men

	VARIABLES
	Frequency of use
	Unhappy
	Neither Happy or unhappy
	Happy
	Observations

	
	
	
	
	
	

	Cell Phone
	Less than once a week
	-0.103
	(0.0905)
	-0.137
	(0.117)
	0.240
	(0.198)
	449

	
	At least once a week
	-0.0350
	(0.0901)
	-0.0301
	(0.0709)
	0.0651
	(0.160)
	449

	
	Almost every day
	-0.0991
	(0.0813)
	-0.128**
	(0.0606)
	0.227
	(0.140)
	449

	Internet
	Less than once a week
	0.0686***
	(0.0244)
	0.133***
	(0.0419)
	-0.202***
	(0.0634)
	449

	
	At least once a week
	0.0327
	(0.0206)
	0.0756*
	(0.0447)
	-0.108*
	(0.0646)
	449

	
	Almost every day
	0.0413**
	(0.0209)
	0.0914**
	(0.0428)
	-0.133**
	(0.0625)
	449

	Computer
	Less than once a week
	-0.0138
	(0.0244)
	-0.0223
	(0.0392)
	0.0361
	(0.0634)
	449

	
	At least once a week
	-0.0460**
	(0.0233)
	-0.0894**
	(0.0441)
	0.135**
	(0.0660)
	449

	
	Almost every day
	-0.0500**
	(0.0237)
	-0.0996**
	(0.0465)
	0.150**
	(0.0685)
	449

	Television
	Less than once a week
	-0.0355
	(0.0275)
	-0.0688
	(0.0539)
	0.104
	(0.0806)
	449

	
	At least once a week
	-0.00748
	(0.0303)
	-0.0123
	(0.0502)
	0.0198
	(0.0804)
	449

	
	Almost every day
	-0.0266
	(0.0235)
	-0.0489
	(0.0410)
	0.0755
	(0.0640)
	449

	Radio
	Less than once a week
	-0.0207
	(0.0308)
	-0.0375
	(0.0551)
	0.0582
	(0.0856)
	449

	
	At least once a week
	-0.0388
	(0.0293)
	-0.0782
	(0.0562)
	0.117
	(0.0845)
	449

	
	Almost every day
	-0.0156
	(0.0276)
	-0.0275
	(0.0464)
	0.0431
	(0.0740)
	449

	Marital Status
	Formerly married/in union
	0.0710
	(0.0522)
	0.105*
	(0.0558)
	-0.176*
	(0.106)
	449

	
	Never married/in union
	0.00981
	(0.0191)
	0.0197
	(0.0384)
	-0.0295
	(0.0574)
	449

	Age
	Age_Tranche
	0.00984
	(0.0125)
	0.0189
	(0.0237)
	-0.0287
	(0.0361)
	449

	Educational attainment
	Secondary education
	-0.0130
	(0.0656)
	-0.0243
	(0.114)
	0.0374
	(0.180)
	449

	
	Higher education 
	-0.00638
	(0.0667)
	-0.0115
	(0.116)
	0.0178
	(0.183)
	449

	Health insurance
	Has no health Insurance
	0.00980
	(0.0202)
	0.0196
	(0.0421)
	-0.0294
	(0.0623)
	449

	Functional difficulty
	Without functional difficulty 
	-0.221*
	(0.118)
	-0.152***
	(0.0231)
	0.374***
	(0.116)
	449

	Ethnic dicrimination
	 Never been discriminated 
	-0.0697**
	(0.0319)
	-0.105***
	(0.0362)
	0.175***
	
(0.0659)
 
	449


Source: Author’s construction. Notes: Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1

4.4.   Robustness to  alternative estimation strategy : Odered Probit
The analysis of the average marginal effects from a probit regression, with results presented in the Table featuring the aggregated ICT variable, reveals that overall use of information and communication technologies is strongly associated with a higher level of happiness among Congolese men aged 15 to 49. Specifically, ICT use decreases the probability of being Unhappy by 3.98 percentage points and the probability of being Neither Happy or unhappy by 0.613 percentage points. Conversely, it increases the probability of being Happy by 4.60 percentage points, with all these effects being highly significant. In summary, the possession or use of ICT tools is a significant factor that positively contributes to the self-reported happiness of this male population.



Table 6. Average marginal effects of ICT on Happiness among men (Probit regression)
	VARIABLES
	Unhappy
	Neither Happy or unhappy
	Happy
	Observations

	
	
	
	
	

	ICT
	-0.0398***
	(0.00345)
	-0.00613***
	(0.000687)
	0.0460***
	(0.00392)
	5,191

	Marital status
	
	
	
	
	
	
	

	Formerly married/in union
	0.0511*
	(0.0305)
	0.00328***
	(0.000961)
	-0.0543*
	(0.0310)
	5,191

	Never married/in union
	-0.0533***
	(0.0143)
	-0.00968***
	(0.00299)
	0.0630***
	(0.0172)
	5,191

	Age
	-0.00222
	(0.00852)
	-0.000341
	(0.00131)
	0.00256
	(0.00983)
	5,191

	Educational attainment
	
	
	
	
	
	
	

	Primary education
	-0.00320
	(0.0236)
	-0.000422
	(0.00307)
	0.00362
	(0.0266)
	5,191

	Secondary education
	-0.00994
	(0.0220)
	-0.00139
	(0.00288)
	0.0113
	(0.0249)
	5,191

	Higher education
	-0.0765***
	(0.0294)
	-0.0172**
	(0.00720)
	0.0936***
	(0.0361)
	5,191

	Health insurance
	
	
	
	
	
	
	

	Has no health Insurance
	0.122***
	(0.0288)
	0.0393***
	(0.0151)
	-0.162***
	(0.0439)
	5,191

	Functional difficulty
	
	
	
	
	
	
	

	Without functional difficulty
	-0.246***
	(0.0380)
	0.0162*
	(0.00968)
	0.229***
	(0.0287)
	5,191

	Ethnic_discrimantion
	
	
	
	
	
	
	

	Never been discriminated
	-0.0696***
	(0.0175)
	-0.00660***
	(0.00105)
	0.0762***
	(0.0181)
	5,191


Source: Author’s construction. Notes: Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1

5.      Conclusion, discussion and policy recommendations
A combined analysis of existing literature and empirical findings highlights that information and communication technologies (ICT) are an important lever for men's subjective well-being, but that their impact remains strongly conditioned by socioeconomic and health factors. The work of Zhang, Zhang, and Wang (2024) shows that frequent Internet use significantly increases life satisfaction among adults, with a particularly marked effect among men, while African studies emphasize that access to mobile phones improves market information, reduces transaction costs, and increases incomes, thus translating into an indirect gain in well-being for men, who are overrepresented in the entrepreneurial and agricultural sectors (Aker & Mbiti, 2010; Sekabira & Qaim, 2017; Abioye et al., 2025). Ganju, Pavlou, and Banker (2016) and recent analyses of gender inequalities (2024–2025) confirm that the benefits of ICTs vary according to gender relations and that men often have privileged access to digital opportunities.
However, the effect of ICTs is ambivalent. While computer use shows consistent positive effects on well-being, Internet access alone can sometimes be associated with a slight increase in discomfort or dissatisfaction, due to psychosocial mechanisms such as social comparison or cognitive overload (Marciano et al., 2024). Digital interventions aimed at reducing stress or providing access to psychological services show improvements in well-being, but these effects are often concentrated in specific urban male contexts (Brookings Institution, 2021). These findings highlight that the impact of ICTs depends not only on access, but also on the nature of use and the socioeconomic and cultural context. At the same time, empirical results show that physical health and social integration remain more powerful and consistent determinants of well-being than education or traditional economic factors. The absence of functional difficulties is the most robust factor, greatly increasing the likelihood of being happy or having improved life satisfaction, while non-exposure to ethnic discrimination is a major protective factor (disaggregated ICT model). Higher education and access to health insurance also play a significant role, although their effect varies across models, highlighting the importance of combining educational, health, and social policies to maximize well-being.
These findings lead to clear policy recommendations. It is necessary to simultaneously promote access to and productive use of ICT, with an emphasis on digital education and computer literacy, while exploring the reasons why the Internet alone does not always generate gains in well-being. At the same time, it is necessary to invest heavily in the health sector, strengthen health insurance coverage, and combat ethnic discrimination in order to create an inclusive and equitable social environment. These integrated interventions will not only optimize the benefits of ICTs on well-being, but also strengthen social cohesion and economic resilience, particularly in the Democratic Republic of Congo, where gender-disaggregated data remain scarce and causal analyses limited.
In summary, the literature converges to indicate that ICTs have substantial potential to improve male well-being, but that their actual impact depends on integration with other socio-economic and health factors. Future research should fill the identified gaps in order to provide contextualized policy recommendations and enable the optimized use of ICTs for the well-being of male populations in Africa and the DRC in particular.
7.      Limitations
Our study relies on cross-sectional data, so the results should be considered preliminary. Cross-sectional studies analyze data from a specific population at a single point in time and are commonly used in the social sciences. Unlike time-series studies, cross-sectional designs do not track individuals over time. As highlighted in the literature, cross-sectional data limit the ability to draw causal inferences over time (Wang & Cheng, 2020; Maier et al., 2023). Because cross-sectional data are collected from individuals at a specific moment, they may introduce selection bias, which can restrict the generalizability and scope of the findings. Future research could therefore explore the effects of ICTs on happiness using time-series data, collected with greater transparency and objectivity. Furthermore, to deepen understanding of the impact of ICT use on well-being, future studies should incorporate macroeconomic indicators, which are more reliable and robust. Finally, employing approaches that integrate cross-sectional data into a mixed-methods framework such as pseudo-panel techniques combined with methods addressing endogeneity would further strengthen the validity of the results.
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