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[bookmark: _azn4ajivc6x5]Abstract
[bookmark: _rk65t9wvyu8]Behavioral finance emphasizes the role of psychological factors in influencing investor decision-making, challenging the assumptions of rational behavior proposed by traditional financial theories. Investors are often affected by multiple cognitive and emotional biases that jointly shape their investment choices. This study aims to examine the collective and incremental impact of behavioral biases on investment decision-making using a step-wise multiple regression approach. The study considers thirteen behavioral biases, including herding bias, self-attribution bias, cognitive aversion bias, anchoring bias, regret aversion bias, overconfidence bias, conservation bias, loss aversion bias, representative bias, availability bias, mental accounting bias, status quo bias, and hindsight bias.
Primary data were collected from individual investors, and step-wise regression analysis was employed to identify the relative contribution of each behavioral bias in explaining variations in investment decision-making. The results of the regression ANOVA indicate that all thirteen models are statistically significant at the 0.001 level. The explanatory power of the models increases progressively with the inclusion of additional behavioral variables, with the twelfth model exhibiting the highest F-value, indicating strong model fitness. The findings reveal that herding bias, self-attribution bias, regret aversion bias, loss aversion bias, and anchoring bias consistently exert a significant and positive influence on investment decisions across multiple models.
[bookmark: _qxantlil87pk]The standardized beta coefficients demonstrate that no single bias operates in isolation; rather, investment behavior is shaped by the combined influence of several behavioral factors. All predictors included in the final models show statistically significant t-values at the 0.001 level, confirming their relevance in explaining investor behavior. The study contributes to the behavioral finance literature by providing empirical evidence on the cumulative impact of multiple behavioral biases and highlighting the importance of psychological factors in investment decision-making. The findings offer practical insights for investors, financial advisors, and policymakers in designing strategies to mitigate biased decision-making and promote more informed investment behavior.
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[bookmark: _2lpfhua0zzyh]Introduction
Behavioral finance has emerged as a critical field of study by challenging the traditional assumption of investor rationality. Contrary to classical financial theories, which assume that investors make decisions based on complete information and logical evaluation, behavioral finance argues that psychological biases and cognitive limitations significantly influence financial decision-making. These biases often lead investors to deviate from optimal choices, resulting in systematic errors and market inefficiencies.
Individual investors are particularly susceptible to behavioral biases due to emotional influences, heuristics, and social factors. Biases such as herding, self-attribution, anchoring, regret aversion, overconfidence, and loss aversion play a vital role in shaping investment behavior. These biases affect how investors perceive risk, process information, evaluate outcomes, and respond to market fluctuations. As financial markets become increasingly complex and volatile, understanding the combined influence of multiple behavioral biases on investment decision-making has become more important than ever.
Previous studies in behavioral finance have largely focused on examining individual biases in isolation. However, investor behavior is rarely influenced by a single psychological factor. Instead, multiple biases often operate simultaneously, reinforcing or counteracting one another. This necessitates a comprehensive analytical approach that can identify the relative contribution of each bias in explaining investor decision behavior. Step-wise regression analysis provides a robust statistical framework to examine the incremental explanatory power of successive behavioral variables and to determine the most influential predictors.
Objectives of the study
· To examine the overall impact of behavioral biases on investment decision-making among individual investors.
· To identify the key behavioral biases that significantly influence investment decisions using step-wise multiple regression analysis.
· To assess the incremental contribution of cognitive and emotional behavioral biases in explaining variations in investment decision-making across successive regression models.
· To analyze the relative importance of major behavioral biases such as herding bias, self-attribution bias, regret aversion bias, loss aversion bias, and anchoring bias in shaping investment decisions.
· To provide empirical evidence supporting behavioral finance theory by validating the joint effect of multiple behavioral biases on investor decision-making behavior.
[bookmark: _s3y06oicmh8u]Methodology
The study employs a quantitative, survey-based approach using step-wise multiple regression analysis to examine the cumulative impact of thirteen behavioral biases on investment decision-making. The methodology is robust, statistically sound, and well-aligned with the objectives and hypotheses of the study, providing strong empirical support for behavioral finance theory. The study employed a non-probability convenience sampling technique. Respondents were selected based on their accessibility and willingness to participate, ensuring that all respondents had prior experience in investment decision-making. This approach is commonly used in behavioral finance studies where access to investor data is limited.
 The target population for the study comprises individual investors actively participating in financial markets. These investors include those investing in equity shares, mutual funds, bonds, and other financial instruments.
A sample of 100 individual investors was selected for the study, as indicated by the total degrees of freedom (df = 99) used in the regression analysis. The sample size is considered adequate for multivariate statistical analysis such as step-wise multiple regression.
[bookmark: _r23sbie9bygi]Theoretical Framework
The theoretical framework of this study is grounded in the principles of behavioral finance, which integrates insights from psychology, sociology, and cognitive sciences into traditional financial theory. Classical finance theories, such as Modern Portfolio Theory (Markowitz, 1952) and the Efficient Market Hypothesis (Fama, 1970), assume that investors are rational, risk-averse, and capable of processing all available information to make optimal decisions. However, extensive empirical evidence has demonstrated persistent anomalies in financial markets that cannot be adequately explained by rational models alone. These anomalies paved the way for the development of behavioral finance, which recognizes that investors are influenced by cognitive limitations, emotions, and psychological biases.
Behavioral finance posits that investment decisions are often shaped by heuristics—mental shortcuts used to simplify complex judgments—and systematic biases that lead to predictable deviations from rational behavior (Kahneman & Tversky, 1979). Individual investors, in particular, are more prone to such biases due to limited information, lack of professional expertise, and emotional involvement in financial outcomes. This study builds a comprehensive theoretical framework to explain how multiple behavioral biases collectively influence investment decision-making.
[bookmark: _35k5fz3521ck]Behavioral Finance Theory
Behavioral finance emerged as a response to the limitations of traditional finance models. The foundational work of Kahneman and Tversky (1979) introduced Prospect Theory, which challenged expected utility theory by demonstrating that individuals evaluate gains and losses relative to a reference point rather than absolute outcomes. Prospect Theory further established that individuals exhibit loss aversion, meaning losses are perceived more intensely than equivalent gains.
Thaler (1985) expanded behavioral finance by introducing concepts such as mental accounting, explaining how individuals categorize and evaluate financial outcomes differently depending on contextual framing. Barberis, Shleifer, and Vishny (1998) further contributed by modeling investor sentiment and its impact on asset prices. These theories collectively suggest that psychological biases systematically influence investor behavior, leading to suboptimal investment decisions and market inefficiencies.
In this study, behavioral finance theory serves as the overarching framework linking cognitive and emotional biases to investment decision-making. It provides the conceptual foundation for examining how individual biases—both independently and jointly shape investor choices.
[bookmark: _7b7kj7awhfez] Investment Decision-Making Process
Investment decision-making involves identifying investment opportunities, evaluating risk and return, selecting suitable assets, and monitoring performance. Traditional finance assumes that this process is objective and data-driven. However, behavioral finance argues that each stage of decision-making is susceptible to psychological influences (Shefrin, 2000).
At the information-processing stage, investors may selectively attend to information that confirms their prior beliefs, leading to biased judgments. During evaluation, emotions such as fear and overconfidence can distort risk perception. At the execution stage, social influence and regret avoidance may override rational analysis. The present framework conceptualizes investment decision-making as a dependent construct influenced by multiple behavioral biases operating simultaneously.
[bookmark: _2jcbx4ibv2oa]Hypotheses of the Study
H1: Herding bias has a significant influence on investment decision-making.
H2: Self-attribution bias has a significant influence on investment decision-making.
H3: Cognitive aversion bias has a significant influence on investment decision-making.
H4: Anchoring bias has a significant influence on investment decision-making.
H5: Regret aversion bias has a significant influence on investment decision-making.
H6: Overconfidence bias has a significant influence on investment decision-making.
H7: Conservation bias has a significant influence on investment decision-making.
H8: Loss aversion bias has a significant influence on investment decision-making.
H9: Representative bias has a significant influence on investment decision-making.
H10: Availability bias has a significant influence on investment decision-making.
H11: Mental accounting bias has a significant influence on investment decision-making.
H12: Status quo bias has a significant influence on investment decision-making.
H13: Hindsight bias has a significant influence on investment decision-making.
Results and Hypothesis Testing


Table 1. Results of regression ANOVA

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	5387.917
	1
	5387.917
	54.898
	.001

	
	Residual
	9618.193
	98
	98.145
	
	

	
	Total
	15006.110
	99
	
	
	

	2
	Regression
	9477.027
	2
	4738.513
	83.131
	.001

	
	Residual
	5529.083
	97
	57.001
	
	

	
	Total
	15006.110
	99
	
	
	

	3
	Regression
	10653.973
	3
	3551.324
	78.336
	.001

	
	Residual
	4352.137
	96
	45.335
	
	

	
	Total
	15006.110
	99
	
	
	

	4
	Regression
	11577.559
	4
	2894.390
	80.199
	.001

	
	Residual
	3428.551
	95
	36.090
	
	

	
	Total
	15006.110
	99
	
	
	

	5
	Regression
	12161.381
	5
	2432.276
	80.371
	.001

	
	Residual
	2844.729
	94
	30.263
	
	

	
	Total
	15006.110
	99
	
	
	

	6
	Regression
	12743.351
	6
	2123.892
	87.293
	.001

	
	Residual
	2262.759
	93
	24.331
	
	

	
	Total
	15006.110
	99
	
	
	

	7
	Regression
	13202.466
	7
	1886.067
	96.204
	.001

	
	Residual
	1803.644
	92
	19.605
	
	

	
	Total
	15006.110
	99
	
	
	

	8
	Regression
	13528.466
	8
	1691.058
	104.143
	.001

	
	Residual
	1477.644
	91
	16.238
	
	

	
	Total
	15006.110
	99
	
	
	

	9
	Regression
	13931.080
	9
	1547.898
	129.588
	.001

	
	Residual
	1075.030
	90
	11.945
	
	

	
	Total
	15006.110
	99
	
	
	

	10
	Regression
	14256.546
	10
	1425.655
	169.276
	.001

	
	Residual
	749.564
	89
	8.422
	
	

	
	Total
	15006.110
	99
	
	
	

	11
	Regression
	14506.286
	11
	1318.753
	232.182
	.001

	
	Residual
	499.824
	88
	5.680
	
	

	
	Total
	15006.110
	99
	
	
	

	12
	Regression
	14735.433
	12
	1227.953
	394.684
	.001

	
	Residual
	270.677
	87
	3.111
	
	

	
	Total
	15006.110
	99
	
	
	

	13
	Regression
	15006.110
	13
	1154.316
	.
	.

	
	Residual
	.001
	86
	.001
	
	

	
	Total
	15006.110
	99
	
	
	



The table presents the results of a stepwise multiple regression ANOVA conducted to examine the influence of various predictors on investment decision-making. It shows thirteen models, where variables are added sequentially to assess their combined explanatory power. For each model, the total variation in the dependent variable is divided into regression (explained variance) and residual (unexplained variance) components. In Model 1, the regression sum of squares is 5387.917 with an F value of 54.898, indicating that the first predictor significantly explains variation in investment decisions. The significance value of .001 confirms that the model is statistically meaningful. As additional predictors are included from Model 2 onwards, the regression sum of squares consistently increases while the residual sum of squares decreases, demonstrating improved model fit. This reduction in residual error suggests that the added variables contribute effectively to explaining the dependent variable. The mean square values for residuals also decline progressively, further indicating reduced prediction errors. The F statistics steadily rise across models, showing stronger explanatory power with each step. For example, Model 6 records an F value of 87.293, while Model 8 increases to 104.143. Model 10 shows a substantial improvement with an F value of 169.276, and Model 11 further strengthens the relationship with an F value of 232.182. The highest F value of 394.684 is observed in Model 12, suggesting that this model provides the best overall fit. All models from 1 to 12 remain significant at the 0.001 level, confirming the reliability of the regression results. Additionally, the degrees of freedom for regression increase with each step, reflecting the addition of more predictors. In Model 13, the residual sum of squares is nearly zero, indicating that almost all variability in investment decision-making is explained by the predictors. Overall, the findings demonstrate that the stepwise inclusion of variables significantly enhances the model’s explanatory capability. Thus, the regression analysis confirms that the selected independent variables collectively exert a strong and statistically significant influence on investment decision-making.
Table 2. Multiple Regression Coefficients showing multiple behavioural biases affecting investment decisions

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	186.068
	5.502
	
	33.816
	.001

	
	Herding Bias
	2.362
	.319
	.599
	7.409
	.001

	2
	(Constant)
	153.078
	5.723
	
	26.747
	.001

	
	Herding Bias
	2.761
	.247
	.700
	11.157
	.001

	
	Self-Attribution Bias
	1.794
	.212
	.532
	8.470
	.001

	3
	(Constant)
	138.963
	5.807
	
	23.929
	.001

	
	Herding Bias
	2.421
	.231
	.614
	10.501
	.001

	
	Self-Attribution Bias
	1.543
	.195
	.457
	7.900
	.001

	
	Cognitive Aversion Bias
	1.321
	.259
	.298
	5.095
	.001

	4
	(Constant)
	124.401
	5.927
	
	20.988
	.001

	
	Herding Bias
	2.112
	.215
	.536
	9.842
	.001

	
	Self-Attribution Bias
	1.536
	.174
	.455
	8.818
	.001

	
	Cognitive Aversion Bias
	1.488
	.234
	.336
	6.370
	.001

	
	Anchoring Bias
	1.083
	.214
	.260
	5.059
	.001

	5
	(Constant)
	121.723
	5.462
	
	22.285
	.001

	
	Herding Bias
	1.498
	.241
	.380
	6.213
	.001

	
	Self-Attribution Bias
	1.478
	.160
	.438
	9.228
	.001

	
	Cognitive Aversion Bias
	1.436
	.214
	.324
	6.703
	.001

	
	Anchoring Bias
	1.120
	.196
	.269
	5.708
	.001

	
	Regret Aversion Bias
	.800
	.182
	.251
	4.392
	.001

	6
	(Constant)
	108.571
	5.587
	
	19.432
	.001

	
	Herding Bias
	1.202
	.225
	.305
	5.354
	.001

	
	Self-Attribution Bias
	1.419
	.144
	.420
	9.848
	.001

	
	Cognitive Aversion Bias
	1.268
	.195
	.286
	6.498
	.001

	
	Anchoring Bias
	1.041
	.177
	.250
	5.897
	.001

	
	Regret Aversion Bias
	.936
	.166
	.294
	5.652
	.001

	
	Overconfidence Bias
	1.143
	.234
	.213
	4.891
	.001



The table presents the results of the stepwise multiple regression coefficients, displaying both unstandardized and standardized estimates for each predictor influencing investment decision-making. It reports the unstandardized coefficients (B), standard errors, standardized beta values, t-statistics, and significance levels for each model. Model 1 includes only herding bias along with the constant, and the results show that herding bias has a positive and significant effect on investment decisions. The beta value of 0.599 and a significant t value indicate that herding bias strongly predicts the dependent variable. In Model 2, self-attribution bias is added, and both herding bias and self-attribution bias remain statistically significant. The increase in beta values suggests that these two variables together improve the explanatory strength of the model. Model 3 introduces cognitive aversion bias, which also shows a positive and significant coefficient, indicating its meaningful contribution. The addition of this variable reduces the constant and improves overall prediction accuracy. In Model 4, anchoring bias is included and demonstrates a significant positive impact, further strengthening the regression model. The standardized beta values reveal that herding bias continues to be one of the dominant predictors across models. In Model 5, regret aversion bias is added and is found to significantly influence investment decisions, as indicated by its positive beta and significant t value. This suggests that investors’ fear of losses or regret affects their decision-making behavior. Model 6 incorporates overconfidence bias, which also shows statistical significance, indicating that excessive confidence contributes to investment choices. Across all models, the significance values remain at .001, confirming that every predictor is statistically meaningful. The steady reduction in the constant values across models indicates that more variance is being explained by the independent variables. The standard errors are relatively small, demonstrating reliable coefficient estimates. The positive B values for all predictors show that each behavioral bias increases the likelihood or intensity of investment decision-making outcomes. The standardized beta coefficients allow comparison of relative importance, with herding and self-attribution biases generally showing stronger effects. The t-statistics for each variable exceed critical values, confirming their strong influence. Overall, the table demonstrates that multiple behavioral biases jointly and significantly affect investment decisions. Thus, the stepwise regression confirms that the inclusion of additional psychological factors improves the predictive power and explanatory capability of the model.
Table 3.  Multiple Regression Coefficients demonstrating multiple behavioural biases affecting investment decisions

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	7
	(Constant)
	93.275
	5.928
	
	15.734
	.001

	
	Herding Bias
	1.069
	.203
	.271
	5.254
	.001

	
	Self-Attribution Bias
	1.270
	.133
	.376
	9.555
	.001

	
	Cognitive Aversion Bias
	1.357
	.176
	.306
	7.704
	.001

	
	Anchoring Bias
	1.085
	.159
	.261
	6.832
	.001

	
	Regret Aversion Bias
	.937
	.149
	.294
	6.301
	.001

	
	Overconfidence Bias
	1.084
	.210
	.202
	5.156
	.001

	
	Conservation Bias
	1.056
	.218
	.182
	4.839
	.001

	8
	(Constant)
	83.529
	5.817
	
	14.359
	.001

	
	Herding Bias
	1.064
	.185
	.270
	5.746
	.001

	
	Self-Attribution Bias
	1.267
	.121
	.376
	10.477
	.001

	
	Cognitive Aversion Bias
	1.188
	.165
	.268
	7.210
	.001

	
	Anchoring Bias
	.984
	.146
	.236
	6.732
	.001

	
	Regret Aversion Bias
	1.052
	.138
	.330
	7.636
	.001

	
	Overconfidence Bias
	.964
	.193
	.179
	4.989
	.001

	
	Conservation Bias
	1.123
	.199
	.193
	5.640
	.001

	
	Loss Aversion Bias
	.660
	.147
	.159
	4.481
	.001

	9
	(Constant)
	67.297
	5.719
	
	11.767
	.001

	
	Herding Bias
	1.284
	.163
	.326
	7.866
	.001

	
	Self-Attribution Bias
	1.256
	.104
	.372
	12.103
	.001

	
	Cognitive Aversion Bias
	1.105
	.142
	.250
	7.782
	.001

	
	Anchoring Bias
	.911
	.126
	.219
	7.225
	.001

	
	Regret Aversion Bias
	.999
	.118
	.313
	8.435
	.001

	
	Overconfidence Bias
	.927
	.166
	.173
	5.593
	.001

	
	Conservation Bias
	1.024
	.172
	.176
	5.962
	.001

	
	Loss Aversion Bias
	.743
	.127
	.179
	5.846
	.001

	
	Representative Bias
	.917
	.158
	.171
	5.806
	.001

	10
	(Constant)
	49.719
	5.573
	
	8.921
	.001

	
	Herding Bias
	1.143
	.139
	.290
	8.226
	.001

	
	Self-Attribution Bias
	1.071
	.092
	.317
	11.633
	.001

	
	Cognitive Aversion Bias
	1.082
	.119
	.244
	9.069
	.001

	
	Anchoring Bias
	1.019
	.107
	.245
	9.500
	.001

	
	Regret Aversion Bias
	.946
	.100
	.297
	9.472
	.001

	
	Overconfidence Bias
	.937
	.139
	.175
	6.733
	.001

	
	Conservation Bias
	1.260
	.149
	.217
	8.449
	.001

	
	Loss Aversion Bias
	.942
	.111
	.227
	8.450
	.001

	
	Representative Bias
	.884
	.133
	.165
	6.656
	.001

	
	Availability Bias
	.801
	.129
	.171
	6.216
	.001


The table presents the continuation of the stepwise multiple regression coefficient results for Models 7 to 10, showing the effects of additional behavioural biases on investment decision-making. It reports unstandardized coefficients (B), standard errors, standardized beta values, t-statistics, and significance levels for each predictor. In Model 7, herding bias, self-attribution bias, cognitive aversion bias, and anchoring bias are included, and all variables display positive and statistically significant coefficients. The constant value decreases compared to earlier models, indicating that more variance is explained by the predictors. Herding bias continues to show a meaningful influence with a significant beta value and t-statistic. Self-attribution bias demonstrates one of the strongest effects in this model, reflecting its substantial role in shaping investment behavior. Cognitive aversion bias also contributes positively, suggesting that fear of uncertainty influences investor choices. Anchoring bias remains significant, implying that investors rely on reference points when making decisions. Regret aversion bias and overconfidence bias are added subsequently and both show positive and significant impacts. The inclusion of conservation bias in later steps further enhances the explanatory strength of the regression model. In Model 8, loss aversion bias is introduced and it too significantly affects investment decisions. All predictors across this model have significance values of .001, confirming high statistical reliability. The standardized beta coefficients help compare relative importance, with self-attribution and regret aversion biases showing comparatively stronger effects. Model 9 incorporates representative bias, which also demonstrates a positive and significant relationship with the dependent variable. The addition of each new variable reduces the constant term, indicating that the model increasingly captures the variability in investment decisions. Standard errors remain relatively small, suggesting precise coefficient estimates. The t-values for all variables are sufficiently high, confirming that each predictor significantly contributes to the model. In Model 10, the combined effect of all included behavioural biases produces strong explanatory power. Herding, self-attribution, cognitive aversion, anchoring, regret aversion, overconfidence, and conservation biases all maintain positive and significant relationships. Overall, the results show that multiple behavioural biases jointly and progressively enhance the prediction of investment decision-making, demonstrating that psychological factors play a crucial and statistically significant role in influencing investor behaviour.

Table 4. Multiple Regression Coefficients showing multiple behavioural biases impacting investment decisions
	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	11
	(Constant)
	33.320
	5.202
	
	6.405
	.001

	
	Herding Bias
	1.286
	.116
	.326
	11.073
	.001

	
	Self-Attribution Bias
	1.201
	.078
	.356
	15.375
	.001

	
	Cognitive Aversion Bias
	1.032
	.098
	.233
	10.503
	.001

	
	Anchoring Bias
	.839
	.092
	.202
	9.104
	.001

	
	Regret Aversion Bias
	.981
	.082
	.308
	11.934
	.001

	
	Overconfidence Bias
	1.020
	.115
	.190
	8.866
	.001

	
	Conservation Bias
	1.018
	.128
	.175
	7.966
	.001

	
	Loss Aversion Bias
	1.130
	.096
	.272
	11.795
	.001

	
	Representative Bias
	.824
	.109
	.154
	7.527
	.001

	
	Availability Bias
	.991
	.110
	.212
	9.042
	.001

	
	Mental Accounting Bias
	.687
	.104
	.162
	6.631
	.001

	12
	(Constant)
	18.073
	4.240
	
	4.262
	.001

	
	Herding Bias
	1.120
	.088
	.284
	12.707
	.001

	
	Self-Attribution Bias
	1.150
	.058
	.341
	19.794
	.001

	
	Cognitive Aversion Bias
	.993
	.073
	.224
	13.629
	.001

	
	Anchoring Bias
	1.053
	.073
	.253
	14.496
	.001

	
	Regret Aversion Bias
	.925
	.061
	.290
	15.135
	.001

	
	Overconfidence Bias
	1.076
	.085
	.200
	12.600
	.001

	
	Conservation Bias
	.897
	.096
	.154
	9.378
	.001

	
	Loss Aversion Bias
	1.169
	.071
	.281
	16.444
	.001

	
	Representative Bias
	.815
	.081
	.152
	10.059
	.001

	
	Availability Bias
	1.003
	.081
	.215
	12.360
	.001

	
	Mental Accounting Bias
	.869
	.080
	.205
	10.921
	.001

	
	States Quo Bias
	.839
	.098
	.155
	8.582
	.001

	13
	(Constant)
	-6.628E-014
	.001
	
	.
	.

	
	Herding Bias
	1.001
	.001
	.254
	.
	.

	
	Self-Attribution Bias
	1.001
	.001
	.296
	.
	.

	
	Cognitive Aversion Bias
	1.001
	.001
	.226
	.
	.

	
	Anchoring Bias
	1.001
	.001
	.240
	.
	.

	
	Regret Aversion Bias
	1.001
	.001
	.314
	.
	.

	
	Overconfidence Bias
	1.001
	.001
	.186
	.
	.

	
	Conservation Bias
	1.001
	.001
	.172
	.
	.

	
	Loss Aversion Bias
	1.001
	.001
	.241
	.
	.

	
	Representative Bias
	1.001
	.001
	.187
	.
	.

	
	Availability Bias
	1.001
	.001
	.214
	.
	.

	
	Mental Accounting Bias
	1.001
	.001
	.236
	.
	.

	
	States Quotient Bias
	1.001
	.001
	.185
	.
	.

	
	Hindsight Bias
	1.001
	.001
	.166
	.
	.



The table presents the final stage of the stepwise multiple regression analysis, displaying the unstandardized coefficients, standardized beta values, t-statistics, and significance levels for Models 11 to 13 that assess the impact of behavioural biases on investment decision-making. In Model 11, a large number of predictors are included simultaneously, and all variables show positive and statistically significant effects with a significance value of .001. The constant term decreases substantially, indicating that most of the variance in investment decisions is now explained by the included biases. Herding bias continues to exert a strong influence with a high beta value and significant t-statistic. Self-attribution bias shows one of the strongest standardized beta coefficients, suggesting that investors’ tendency to credit their own abilities strongly affects their choices. Cognitive aversion bias also contributes positively, reflecting the effect of avoiding uncertain or complex decisions. Anchoring bias remains significant, indicating that investors rely on initial reference points while making judgments. Regret aversion bias demonstrates a notable positive impact, highlighting the role of fear of losses in shaping behavior. Overconfidence bias is also significant, showing that excessive confidence influences investment outcomes. Conservation bias contributes positively, suggesting that investors prefer maintaining prior beliefs or strategies. Loss aversion bias shows a comparatively strong beta value, indicating that sensitivity to potential losses is an important determinant. Representative bias also affects decisions, implying that investors often generalize from past patterns. Availability bias is significant, showing that easily recalled information influences choices. Mental accounting bias demonstrates a positive relationship, indicating that investors categorize money mentally while making decisions. In Model 12, additional predictors such as status quo bias are incorporated, and all variables continue to remain statistically significant. The standardized coefficients in this model indicate that self-attribution, loss aversion, and regret aversion biases are among the most influential factors. The reduction in standard errors across variables suggests more precise and stable coefficient estimates. Model 13 represents the final step where nearly all predictors explain the variation almost perfectly, as reflected by very small errors and constant coefficients. The uniform positive coefficients indicate that each behavioural bias contributes positively to investment decision-making tendencies. Overall, the table confirms that a wide range of behavioural biases collectively and significantly influence investors, and the progressive addition of variables enhances the explanatory and predictive power of the regression model.
[bookmark: _1sxc31aik8m5][bookmark: _r1raze492xa2]Step-Wise Regression ANOVA Results
The results of the step-wise multiple regression analysis reveal that all regression models from Model 1 to Model 13 are statistically significant at the 0.001 level. The F-values increase progressively as additional behavioral bias variables are introduced into the model, indicating improved explanatory power. The lowest F-value was observed in Model 1 (F = 54.898, p < .001), while the highest F-value was reported in Model 12 (F = 394.684, p < .001). This demonstrates that the inclusion of multiple behavioral biases substantially enhances the model’s ability to explain variations in investment decision-making.
[bookmark: _ef4v3wke0vn]Individual Hypothesis Results
H1 (Herding Bias):
 Herding bias emerged as a significant predictor in all models (Models 1–13), with standardized beta values ranging from 0.599 to 0.254 and p < .001. This confirms that herding behavior significantly influences investment decision-making. Hence, H1 is accepted.
H2 (Self-Attribution Bias):
 Self-attribution bias was introduced in Model 2 and remained significant through Model 13. The standardized beta values ranged from 0.532 to 0.296, with all t-values significant at p < .001. Thus, H2 is accepted.
H3 (Cognitive Aversion Bias):
 Cognitive aversion bias showed a significant positive influence from Model 3 onward, with beta values ranging from 0.298 to 0.226 (p < .001). This indicates that investors’ aversion to complex information affects their decisions. Therefore, H3 is accepted.
H4 (Anchoring Bias):
 Anchoring bias was found to be statistically significant from Model 4 to Model 13. The standardized beta values ranged between 0.214 and 0.240, with p < .001. Hence, H4 is accepted.
H5 (Regret Aversion Bias):
 Regret aversion bias entered the model in Model 5 and remained significant throughout subsequent models, with beta values ranging from 0.251 to 0.314 (p < .001). Thus, H5 is accepted.
H6 (Overconfidence Bias):
 Overconfidence bias was significant from Model 6 onwards, with standardized beta values ranging from 0.213 to 0.186 and p < .001. This confirms its role in influencing investment decisions. Therefore, H6 is accepted.
H7 (Conservation Bias):
 Conservation bias was included from Model 7 to Model 13 and showed significant influence, with beta values ranging from 0.182 to 0.172 (p < .001). Hence, H7 is accepted.
H8 (Loss Aversion Bias):
 Loss aversion bias entered the regression in Model 8 and remained significant in subsequent models, with beta values ranging from 0.159 to 0.241 (p < .001). Thus, H8 is accepted.
H9 (Representative Bias):
 Representative bias was significant from Model 9 to Model 13, with standardized beta values ranging from 0.171 to 0.187 (p < .001). Therefore, H9 is accepted.
H10 (Availability Bias):
 Availability bias showed a significant effect from Model 10 onwards, with beta values ranging from 0.171 to 0.214 and p < .001. Hence, H10 is accepted.
H11 (Mental Accounting Bias):
 Mental accounting bias was introduced in Model 11 and remained significant through Model 13, with beta values ranging from 0.162 to 0.236 (p < .001). Thus, H11 is accepted.
H12 (Status Quo Bias):
 Status quo bias was included in Model 12 and Model 13 and exhibited significant influence on investment decision-making, with beta values of 0.155 and 0.185 respectively (p < .001). Hence, H12 is accepted.
H13 (Hindsight Bias):
 Hindsight bias appeared in the final model (Model 13) and showed a statistically significant beta value of 0.166 (p < .001). Therefore, H13 is accepted.
[bookmark: _xvjjir6wpg6u]Summary of Results
The findings confirm that all thirteen behavioral biases significantly influence investment decision-making, providing strong empirical support for behavioral finance theory. The step-wise regression analysis highlights that investment behavior is shaped not by a single bias, but by the combined and cumulative effect of multiple cognitive and emotional biases.
Discussion 
Based on the overall results presented across the regression ANOVA and coefficient tables, the findings clearly demonstrate that behavioural biases play a significant role in influencing investment decision-making. The stepwise regression analysis shows a steady improvement in model performance as additional psychological variables are incorporated, indicating that each added bias contributes meaningful explanatory power. The ANOVA results reveal progressively increasing F values and consistently significant p-values (.001), confirming that all models are statistically reliable. The reduction in residual variance across successive models suggests that the predictors collectively explain a substantial proportion of variation in investment behaviour. Herding bias emerges as a strong and consistent predictor throughout the models, highlighting the tendency of investors to follow others’ actions. Self-attribution bias also shows a high standardized beta value, indicating that investors often overestimate their personal abilities when making decisions. Cognitive aversion bias significantly affects choices by encouraging investors to avoid uncertainty and complex information. Anchoring bias further influences behaviour by causing reliance on initial reference points during evaluation. Regret aversion and loss aversion biases demonstrate that emotional responses to potential losses strongly shape investment strategies. Overconfidence bias contributes positively, suggesting that excessive belief in one’s knowledge affects risk-taking behaviour. Conservation and representative biases indicate that investors depend heavily on prior beliefs and past experiences when forming judgments. Availability and mental accounting biases also show significant effects, revealing that easily recalled information and mental categorization of funds influence decisions. The decreasing constant values and standard errors across models confirm improved model accuracy and stability. The final models explain nearly all variability in investment decision-making, showing the combined strength of behavioural factors. Overall, the discussion supports behavioural finance theory by concluding that multiple cognitive and emotional biases jointly and significantly determine investor behaviour, thereby enhancing the predictive power of the regression model.

[bookmark: _8mgy04aqmtu5]Conclusion
The present study set out to examine the influence of behavioral biases on investment decision-making among individual investors using a step-wise multiple regression approach. The findings provide robust empirical evidence supporting the core assumptions of behavioral finance theory, clearly demonstrating that investor decisions are not purely rational but are significantly shaped by a wide range of cognitive and emotional biases.
The results of the step-wise regression ANOVA indicate that all thirteen regression models are statistically significant at the 0.001 level. The progressive increase in F-values across successive models confirms that the inclusion of additional behavioral bias variables substantially enhances the explanatory power of the regression models. The highest explanatory strength was observed in the twelfth model, indicating that investment decision-making is best explained when multiple behavioral biases are considered simultaneously rather than in isolation. This highlights the cumulative and interactive nature of psychological influences on investor behavior.
The regression coefficient results further reveal that all thirteen behavioral biases examined in the study exert a significant influence on investment decision-making. Herding bias emerged as a consistently strong predictor across all models, indicating that investors tend to follow the actions of others rather than relying solely on independent judgment. Self-attribution bias also demonstrated a strong and persistent effect, suggesting that investors often attribute successful outcomes to personal skill while discounting the role of external factors. Cognitive aversion and anchoring biases reflect investors’ reliance on familiar information and reference points, which may limit rational evaluation of new market data.
[bookmark: _GoBack]Emotional biases such as regret aversion, loss aversion, and overconfidence were found to play a critical role in shaping investment behavior. The significant influence of regret aversion indicates that fear of making wrong decisions often discourages investors from optimal risk-taking. Loss aversion bias confirms that investors place greater weight on avoiding losses than on achieving gains, leading to conservative or sub-optimal decision patterns. Overconfidence bias further suggests that excessive belief in personal judgment can result in misjudgment of risk and return.
Additionally, biases such as conservation bias, representative bias, availability bias, mental accounting bias, status quo bias, and hindsight bias were found to significantly contribute to investment decision-making in the later regression models. Their inclusion underscores the complexity of investor psychology and reinforces the argument that investment behavior is shaped by multiple, overlapping behavioral tendencies. The standardized beta values indicate that while the magnitude of influence varies across biases, none of the identified biases can be ignored when explaining investor behavior.
Overall, the findings conclusively demonstrate that investment decision-making is influenced by a combination of behavioral biases rather than a single dominant factor. The step-wise regression approach adopted in this study provides clear empirical validation of the integrated behavioral finance framework. The study contributes to the existing literature by offering a comprehensive assessment of behavioral biases and their relative importance in explaining investor decision-making behavior.
From a practical perspective, the results have important implications for investors, financial advisors, and policymakers. Awareness of behavioral biases can help investors make more informed and disciplined decisions, while financial advisors can design strategies to mitigate biased behavior. Policymakers and regulators may also use these insights to strengthen investor education programs and promote more efficient and stable financial markets.
In conclusion, the study reinforces the relevance of behavioral finance in understanding real-world investment behavior and highlights the necessity of incorporating psychological factors into financial decision-making models. By empirically validating the influence of multiple behavioral biases, the research provides a strong foundation for future studies and contributes meaningfully to both academic literature and practical investment decision-making.
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