


Exploring Income-Linked Disparities in Social Security Access among Women Gig Workers in Kerala, India: Evidence from Logistic Regression Analysis

ABSTRACT
This study examines the factors influencing access to social security among women gig workers in the Malabar region of Kerala, India. It focuses on socioeconomic, demographic, and occupational characteristics that may affect such access. Primary data were collected from 300 women gig workers in the districts of Kannur, Kozhikode, and Malappuram. A snowball sampling method was used to reach respondents because gig workers are widely dispersed and largely part of the unorganized workforce. Logistic regression analysis was applied to identify the key factors affecting access to social security, and chi-square tests were used to examine the association between selected variables and access outcomes. The results show that, among the variables included in the model, only monthly family income has a statistically significant influence on access to social security. However, the explanatory power of the model is relatively low, accounting for only 3.26 percent of the variation in social security access. These findings highlight the limited coverage of social protection among women gig workers and underline the need for targeted policy measures to improve labour welfare and social protection. By providing empirical evidence on income-related differences in access to social security, the study adds to the growing literature on vulnerabilities within the gig economy, particularly among women engaged in informal employment.
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1 INTRODUCTION 
The rapid growth of the gig economy has reshaped labour markets across the world, generating flexible employment opportunities while simultaneously increasing economic insecurity for workers. Access to social security remains one of the most pressing concerns in this emerging employment landscape. Unlike workers in the formal sector, gig workers often lack adequate coverage under statutory welfare schemes, health insurance, pension systems, maternity benefits, and income protection mechanisms. In India, particularly in Kerala, women’s participation in platform-based work has expanded across sectors such as ride-sharing, delivery services, domestic services, and online freelancing (NITI Aayog, 2022). Unlike traditional employees, gig workers generally operate as independent contractors without long-term employer attachments and often engage with multiple digital platforms to diversify income sources. Their activities range from online trading and software development to content creation, social media management, and digital marketing (Rani, Dhir & Gobel, 2023). Participation in such work depends heavily on access to digital infrastructure, especially smartphones and stable internet connectivity, while certain segments also require transportation facilities to ensure timely service delivery (Sundararajan, 2016; Ramachandran, Singh, & Narain, 2021). Although flexible gig arrangements generate additional income streams, women in this sector often remain excluded due to technological gaps, persistent patriarchal structures, socially prescribed caregiving roles, and weak linkage to formalized social insurance and welfare systems (Kasliwal, 2020). These constraints are shaped by interrelated demographic, socioeconomic, and occupational factors, yet systematic empirical evidence on the determinants of social security access among women gig workers remains limited. A clearer understanding of these determinants is essential for developing inclusive social protection policies that address vulnerabilities in non-standard employment arrangements.
Kerala, widely acknowledged for its progress in human development and female educational attainment, has experienced a notable rise in platform-mediated employment in recent years. This expansion has drawn more women into gig activities, including digital services, beauty and wellness, delivery operations, and home-based micro-enterprises. The study is especially significant in highlighting the intersection of gender, income vulnerability, and institutional exclusion within the rapidly evolving gig economy. Despite increased labour market participation, access to institutionalised social protection remains uneven. Existing research highlights the precarious nature of gig employment, characterised by income volatility, absence of statutory benefits, extended working hours, and limited opportunities for skill advancement (International Labour Organization [ILO], 2021; James, 2024; Raj & Yadav, 2026). Income plays a critical yet under-examined role in determining access to social security among women gig workers. From a regional perspective, the focus on the Malabar region adds contextual specificity to debates on labour and social protection in India. This regional lens enriches policy discussions by situating gig work within the broader socio-economic fabric of northern Kerala. Against this backdrop, the present study examines the determinants of social security access among women gig workers in the Malabar region of Kerala. The core problem addressed in this study is the inadequate understanding of how income influences the likelihood of accessing social security benefits among women gig workers in the Malabar region of Kerala. By employing logistic regression analysis, the study seeks to empirically investigate whether income significantly predicts social security access and to what extent it shapes inclusion or exclusion within existing welfare frameworks. Addressing this problem is essential for designing equitable and gender-sensitive social protection policies in an evolving labour market context. The study contributes to ongoing debates on gender, labour market transformation, and social protection in emerging gig economies, while providing evidence-based insights for policymakers and platform stakeholders.
2 THEORETICAL PERSPECTIVES OF THE STUDY
The phenomenon of social security access among women gig workers is shaped by complex socio-economic and structural determinants. The theoretical framework of this study integrates three complementary perspectives, namely Human Capital Theory, Gender and Labour Market Theory, and Institutional Theory, to explain variations in access to social security among women gig workers included in the sample in Kerala. Human Capital Theory argues that investments in education, skills, and training influence individuals’ economic opportunities and labour market outcomes (Becker, 1964). Within the gig economy, human capital includes digital competencies, formal education, and prior vocational experience, which may affect a worker’s ability to secure social protection benefits (Wood et al., 2019). For women gig workers, human capital not only determines their participation in higher-value platform-based work but also shapes their awareness of and ability to access formal social security schemes. Research in informal labour contexts indicates that higher levels of education and skills are positively associated with improved access to social protection programmes (Benería, Berik & Floro, 2016). Accordingly, this study identifies human capital variables such as educational attainment, technical training, and digital literacy as key predictors in the logistic regression models that estimate the likelihood of access to social security.
Gender and Labour Market Theory highlights the structural inequalities and social norms that influence women’s labour market participation and outcomes (Seguino & Grown, 2010). This perspective emphasises that women in gig work often encounter systemic constraints, including wage disparities, limited bargaining power, and disproportionate unpaid care responsibilities (Kalleberg & Dunn, 2016). Although the gig economy is frequently portrayed as flexible and empowering, it may reproduce or intensify existing gender inequalities, with women concentrated in low-paid and precarious tasks that lack adequate benefits (Wood et al., 2019). These gendered constraints shape not only employment conditions but also access to formal social protection mechanisms. Therefore, variables such as marital status, caregiving responsibilities, household income dependency, and working hours are incorporated into the analytical framework to capture the influence of gendered social structures on social security outcomes. Institutional Theory underscores the importance of formal and informal rules, policies, and organisational practices in shaping access to resources (Scott, 2014). In the domain of social security, institutional arrangements at both the state and platform levels, including eligibility criteria, registration procedures, and outreach mechanisms, shape gig workers’ access to benefits. In India, including Kerala, social security systems comprise a combination of statutory provisions and administrative practices that may either enhance or limit inclusivity for workers in non-standard forms of employment. From an institutional perspective, disparities in access arise not only from individual characteristics but also from policy design and implementation gaps. This theoretical approach therefore justifies the inclusion of variables related to awareness of social security schemes, membership in worker associations, and participation in government programmes.
3 REVIEW OF LITERATURE
The gig economy represents a flexible segment of the labour market characterised by short-term contracts, platform-mediated work arrangements, and task-based remuneration rather than permanent employment (Hussain Khan et al., 2026). International evidence suggests that this model is expanding rapidly, generating both new opportunities and emerging vulnerabilities. Women, in particular, are increasingly drawn to gig work because of its perceived flexibility and the structural constraints they encounter in conventional labour markets (Kasliwal, 2020; Hussain Khan et al., 2026). According to projections by NITI Aayog (2022), India’s gig economy engaged nearly 7.7 million workers in 2020–21, accounting for about 2.6 per cent of non-agricultural employment and 1.5 per cent of the total workforce. The report further estimates that this figure could rise to approximately 23.5 million by 2029–30, representing 6.7 per cent of non-farm employment and 4.1 per cent of the overall labour force. Within this broader national landscape, Kerala occupies a distinctive position owing to its historically high human development achievements (Kannan, 2023). However, while gig employment is often associated with enhanced work–life balance, it does not inherently guarantee gender equity. Persistent structural and socio-cultural barriers continue to shape women’s experiences in this sector (Kasliwal, 2020; Noushad & Jamsheer, 2025). Existing scholarship indicates that women’s engagement in gig work is influenced by caregiving responsibilities, digital literacy, mobility limitations, and prevailing cultural norms (Deshpande & Kabeer, 2019; Sen & Kalita, 2025). These factors affect not only entry into gig employment but also job quality, earnings, and access to social protection. A recurring concern in the literature is the limited coverage of social security for gig workers (Chaudhary, 2021). As most are classified as independent contractors, they are typically excluded from statutory benefits such as health insurance, pensions, unemployment support, and compensation for workplace injuries. India has pivoted towards formalizing protections for the gig economy through the Code on Social Security (2020), which legally acknowledges "gig" and "platform" workers for the first time. To operationalize this, the e-Shram portal (2021) was established as a centralized digital registry to streamline the distribution of welfare benefits via unique identification numbers. However, despite these institutional advancements, recent studies highlight a persistent "implementation-access" gap, where legislative recognition has yet to translate into tangible social security coverage for the workforce (NITI Aayog, 2022; Jamsheer & Chengodan, 2026).
The literature highlights significant gender disparities within digital labour platforms. Women are largely concentrated in traditionally feminised sectors such as domestic services, beauty and wellness, caregiving, and home-based freelance work. These segments typically offer lower earnings and limited access to social protection (Chaudhary, 2021). These trends reflect broader gendered divisions of labour and subject women to additional constraints such as employment insecurity, discrimination, algorithmic bias, and limited access to professional networks that influence task allocation (Benería, Berik, & Floro, 2016)). Time use studies indicate that women often limit their working hours or decline late night assignments because of safety concerns and unpaid caregiving responsibilities. These constraints reduce their earning capacity and limit their ability to make regular social security contributions compared to men (Dokuka et al., 2022). In developing countries, social security systems have struggled to adjust to the changing nature of gig employment, resulting in institutional gaps and exclusion (Stewart & Stanford, 2017). In India, although the Code on Social Security, 2020 formally recognises gig workers as a distinct category, implementation remains uneven, and many women continue to face obstacles in accessing formal protections (Kalleberg, 2009). The absence of comprehensive coverage exacerbates income instability and exposure to occupational risks (Agrawal & Bhukya, 2022; Rosca, 2025). Most existing research on Kerala’s gig economy concentrates on participation patterns, empowerment outcomes, and general working conditions, while paying limited attention to the structural relationship between income and social security access. In particular, region-specific and gender-focused quantitative studies remain scarce. Empirical analyses that systematically examine how socio-demographic factors and gig work characteristics influence social security inclusion are still underdeveloped in the state. This gap highlights the need for rigorous statistical methods, such as logistic regression analysis, to identify key determinants of social security access among women gig workers in the Malabar region.
4 METHODOLOGY
The study adopts a quantitative, cross-sectional research design to examine whether income significantly determines access to social security among women gig workers in the Malabar region of Kerala. A primary survey-based approach was employed to generate first-hand data. The analytical framework integrates descriptive statistics, chi-square tests of association, and binary logistic regression to assess both the pattern and the strength of relationships between socio-economic determinants and social security access. The unit of analysis is individual women gig workers engaged in platform-based and independent gig activities. A total of 300 women gig workers were recruited through the snowball sampling technique, which enabled the identification of participants within this hard-to-reach population. Data were collected via structured questionnaires. The research was conducted in the Malabar region of Kerala, comprising the districts of Malappuram, Kozhikode, and Kannur. These districts were selected due to the growing presence of gig-based employment and the increasing participation of women in digital and platform-mediated work.
4.1 Data
The study draws on primary data collected from 300 women gig workers across three districts in the Malabar region of Kerala. Within Kannur district, respondents were selected from Thalassery, Taliparamba, and Iritty taluks; in Kozhikode district, from Koyilandy, Thamarassery, and Vadakara; and in Malappuram district, from Tirur, Nilambur, and Kondotty. A multistage sampling design was employed: the three districts were purposively chosen in the first stage, followed by the identification of taluks with a high concentration of gig work activities. In the absence of a formal sampling frame, respondents were recruited through snowball sampling. The target population comprised women aged 18 years and above engaged in digital platform-based work. Data were collected between July and October 2025 using a structured interview schedule covering socio-economic characteristics, income levels, employment patterns, awareness of social security schemes, and actual access to such benefits. The instrument was developed through a comprehensive review of relevant literature and refined through a pilot survey of 40 respondents to ensure clarity, reliability, and contextual suitability.
4.2 Method
The association between social security access among women gig workers and selected socio-economic factors is estimated using the following binary logistic regression model:

Where:
· = Probability of access to social security
· = Odds of access
· LHS = Log odds (logit)
To examine the determinants of access to social security among women gig workers, a binary logistic regression model was employed. Given that the dependent variable is dichotomous (1 = access to social security; 0 = no access), the appropriate analytical framework is the logit model, which estimates the probability of access as a function of selected explanatory variables.

Where:
· denotes the probability that the respondent has access to social security.
· represents the odds of access.
The analysis incorporates several socio-economic variables to examine the determinants of social security access among women gig workers. The explanatory variables include male-headed household (Heᵢ), marital status (Maᵢ), presence of children (Chᵢ), small household size (Hsᵢ), age group (Agᵢ), social category (Scᵢ), religion (Reᵢ), education (Edᵢ), rural residence (Rsᵢ), monthly family income (Inᵢ), ration card type (Rnᵢ), asset ownership (Oaᵢ), access to credit (Crᵢ), access to digital facilities (Daᵢ), and multiple job holding (Mjᵢ). The term eᵢ represents the error term, capturing the influence of omitted variables and possible measurement errors in the model.
4.3 Limitations of the Study
Despite offering valuable insights into the determinants of social security access among women gig workers, the present study is subject to certain methodological limitations. The research focused on three purposively selected districts (Kannur, Kozhikode, and Malappuram) within the Malabar region. Furthermore, the absence of an official registry for gig workers necessitated snowball sampling. This reliance on social networks for recruitment may result in a sample that does not fully capture the diversity of the broader gig economy, potentially limiting the external validity of the findings. The use of logistic regression allows for the identification of significant statistical associations but does not confirm direct causality. The results represent the probability of access based on observed predictors rather than definitive cause-and-effect relationships. In addition, the model captures only the observed variables included in the analysis and may omit other unmeasured factors, such as platform-specific algorithmic policies, institutional barriers, or informal support mechanisms, which may also play a role in determining access to benefits.
5 RESULTS AND DISCUSSION
Table 1 presents the descriptive statistics of the binary variables included in the study (N = 300). As all variables are coded dichotomously (1 = Yes/Presence, 0 = No/Absence), the mean values indicate the proportion of respondents in each category. The findings reveal that 62.7% of respondents live in male-headed households, and a substantial majority (81.3%) are married. Approximately 67.3% have children, while 73% belong to small households. In terms of age distribution, 51% fall within the 25–50 years age group, suggesting that the sample largely comprises economically active women. With respect to social characteristics, 68% of respondents belong to Scheduled Caste (SC) or Other Backward Class (OBC) communities, and 74.7% identify as Hindu. Nearly 59% have attained higher levels of education (20 or more years of schooling or its equivalent), indicating a moderate level of educational attainment within the sample. A significant majority (86%) reside in rural areas, highlighting the predominantly rural nature of gig work participation in the study region.
Table 1: Descriptive Statistics
	Variable
	Description (Binary Coding)
	Mean
	Std. Dev.
	Min
	Max

	Male-Headed Household
	1 = Male-headed; 0 = Otherwise
	0.627
	0.484
	0
	1

	Married
	1 = Married; 0 = Otherwise
	0.813
	0.39
	0
	1

	Presence of Children
	1 = Yes; 0 = No
	0.673
	0.47
	0
	1

	Small Household Size
	1 = Small household; 0 = Otherwise
	0.73
	0.445
	0
	1

	Age Group (25–50 Years)
	1 = 25–50 years; 0 = Otherwise
	0.51
	0.501
	0
	1

	Social Category (SC/OBC)
	1 = SC/OBC; 0 = Others
	0.68
	0.467
	0
	1

	Religion (Hindu)
	1 = Hindu; 0 = Others
	0.747
	0.436
	0
	1

	 Education
	1 = Higher education; 0 = Otherwise
	0.59
	0.493
	0
	1

	Rural Residence
	1 = Rural; 0 = Urban
	0.86
	0.348
	0
	1

	Monthly Family Income
	1 = Higher income category; 0 = Lower
	0.523
	0.5
	0
	1

	Ration Card Type 
	1 = Priority/BPL; 0 = Others
	0.713
	0.453
	0
	1

	Asset Ownership
	1 = Owns assets; 0 = Otherwise
	0.73
	0.445
	0
	1

	Access to Credit
	1 = Yes; 0 = No
	0.537
	0.499
	0
	1

	Access to Digital Facilities
	1 = Yes; 0 = No
	0.623
	0.485
	0
	1

	Multiple Job Holding
	1 = Yes; 0 = No
	0.723
	0.448
	0
	1

	Access to Social Security (Dependent Variable)
	1 = Yes; 0 = No
	0.613
	0.488
	0
	1

	Observation
	300
	
	
	
	


Source: Field Survey
Regarding economic conditions, 52.3% of respondents fall into the higher monthly family income category. About 71.3% possess priority/BPL ration cards, and 73% report owning assets. Access to financial and technological resources appears moderate: 53.7% report access to credit facilities, and 62.3% have access to digital infrastructure. In addition, 72.3% engage in multiple jobs, reflecting income diversification strategies among women gig workers. Importantly, 61.3 percent of respondents report access to social security benefits, which serves as the dependent variable in the logistic regression model. This finding suggests that although a majority are covered by some form of social protection, a considerable segment of women gig workers remains without such coverage. Overall, the descriptive statistics indicate that the sample is predominantly rural, married, socially disadvantaged (SC/OBC), and economically active, with moderate access to financial and digital resources. These characteristics provide a critical contextual foundation for interpreting the logistic regression results, particularly in assessing income as a key determinant of access to social security.
5.1 Determinants of Social Security Access: Estimated Logistic Regression Model
A binary logistic regression model was employed to examine the determinants of access to social security among women gig workers, where the dependent variable was coded as 1 for access and 0 otherwise. The overall model did not reach statistical significance (LR χ² = 13.04, p = 0.5991), suggesting that the set of explanatory variables included in the model does not collectively explain variations in access to social security in a statistically reliable manner. Therefore, the results should be interpreted with caution, as the observed relationships may not fully capture the underlying mechanisms influencing access. The model also exhibits low explanatory power, with a pseudo R² value of 0.0326, indicating that the included variables explain only 3.26% of the variation in access to social security among the respondents. This relatively weak predictive capacity implies that important determinants may not have been captured in the current specification of the model. The finding suggests that access to social security among women gig workers may be influenced by broader structural and institutional factors that were not measured in this study. Among the explanatory variables, monthly family income emerged as the only statistically significant predictor (β = 0.648, p = 0.009). The positive coefficient indicates that higher household income increases the likelihood of accessing social security schemes. The estimated odds ratio (Exp(β) ≈ 1.91) suggests that respondents from relatively higher-income households are nearly twice as likely to report access compared to those from lower-income groups. This result may indicate that economically better-off households possess greater informational resources, administrative capacity, or financial ability to navigate registration procedures and eligibility requirements.
Table 2: Determinants of Social Security Access among Women Gig Workers
	Variable
	Coefficient (β)
	Std. Error
	z-value
	p-value
	Odds Ratio (Exp(β))
	95% CI (Lower)
	95% CI (Upper)

	Male-Headed Household
	0.3259879
	0.303789
	1.07
	0.283
	1.385
	-0.2694277
	0.9214034

	Marital Status
	-0.1487757
	0.4320427
	-0.34
	0.731
	0.862
	-0.9955639
	0.6980124

	Presence of Children
	0.0695617
	0.3726411
	0.19
	0.852
	1.072
	-0.6608013
	0.7999248

	Household Size
	-0.1486669
	0.2830612
	-0.53
	0.599
	0.862
	-0.7034565
	0.4061228

	Age Category (25–50 years)
	0.0493076
	0.2505888
	0.2
	0.844
	1.051
	-0.4418374
	0.5404525

	Social Category (SC/OBC)
	0.1893919
	0.2772559
	0.68
	0.495
	1.209
	-0.3540196
	0.7328034

	Religion (Hindu)
	0.1667845
	0.2844476
	0.59
	0.558
	1.181
	-0.3907226
	0.7242916

	Education (20+ Years / Higher Education)
	0.2386241
	0.3570845
	0.67
	0.504
	1.269
	-0.4612487
	0.938497

	Place of Residence (Rural)
	-0.0136097
	0.3592981
	-0.04
	0.97
	0.987
	-0.717821
	0.6906016

	Monthly Family Income
	0.6482582
	0.2493283
	2.6
	0.009
	1.912
	0.1595837
	1.136933

	Type of Ration Card
	-0.1668154
	0.2777588
	-0.6
	0.548
	0.846
	-0.7112127
	0.3775819

	Ownership of Assets
	0.2097377
	0.287403
	0.73
	0.466
	1.233
	-0.3535619
	0.7730372

	Access to Credit
	-0.0429792
	0.3430251
	-0.13
	0.9
	0.958
	-0.7152959
	0.6293376

	Access to Digital Facilities
	0.0518616
	0.2992014
	0.17
	0.862
	1.053
	-0.5345623
	0.6382855

	Multiple Job Holding
	-0.1196673
	0.2763713
	-0.43
	0.665
	0.887
	-0.6613451
	0.4220104

	Constant
	-0.2437108
	0.6304542
	-0.39
	0.699
	0.784
	-1.479378
	0.9919566

	Observation
	300
	
	
	
	
	
	


Source: Field Survey
In contrast, several other socio demographic and household characteristics, including gender of the household head (β = 0.326), marital status (β = −0.149), presence of children (β = 0.070), household size (β = −0.149), age category (β = 0.049), caste (β = 0.189), religion (β = 0.167), educational attainment (β = 0.239), place of residence (β = −0.014), type of ration card (β = −0.167), asset ownership (β = 0.210), access to credit (β = −0.043), digital access (β = 0.052), and multiple job holding (β = −0.120), were found to be statistically insignificant (p > 0.05). Although some variables show positive or negative directional effects, the lack of statistical significance indicates that these characteristics do not systematically differentiate access to social security within the sample of women gig workers. The weak explanatory power of the model also points to the possible presence of omitted variables that may play a crucial role in determining access to social security. Factors such as awareness of government welfare schemes, familiarity with digital registration platforms, bureaucratic and institutional barriers, documentation requirements, and platform-specific employment arrangements may significantly shape access but were not directly captured in the present analysis. In the context of gig work, where employment relationships are often mediated by digital platforms and characterized by informality, such institutional and informational dimensions may be particularly important. Overall, the findings suggest that economic capacity, rather than social identity or household attributes, plays a more decisive role in shaping access to social security among women gig workers in the Malabar region.
5.2 Association Between Monthly Family Income and Social Security Access: Pearson Chi-Square Analysis
To examine whether monthly family income influences access to social security benefits, a Pearson Chi-square test of independence was conducted. Let:
· = Monthly Family Income (1 = Less than ₹25,000; 0 = ₹25,000 and above)
· = Access to Social Security Benefits (1 = Yes; 0 = No)
Hypotheses
 (Monthly family income and access to social security benefits are independent.)
(There is an association between monthly family income and access to social security benefits.)
Table 3: Contingency Table for the Pearson Chi-Square Analysis
	Access to Social Security
	Income < ₹25,000
	Income ≥ ₹25,000
	Total

	No (0)
	66
	50
	116

	Yes (1)
	77
	107
	184

	Total
	143
	157
	300


Source: Field Survey
Chi-Square Test Formula
The Pearson Chi-square statistic is calculated as:

Where:
· = Observed frequency
· = Expected frequency
Degrees of freedom:

The Chi-square result from Stata shows:

Since , the null hypothesis is rejected. Therefore, there is a statistically significant association between monthly family income and access to social security benefits. Among households earning less than ₹25,000, 77 out of 143 (53.8%) have access to benefits. Among households earning ₹25,000 and above, 107 out of 157 (68.2%) have access to benefits. This indicates that higher-income households are more likely to access social security benefits compared to lower-income households.
5.2.1 Odds Ratio Calculation
Odds of access among lower-income households:
Odds of access among higher-income households:

Odds Ratio (OR):

The odds ratio of 1.83 indicates that households earning ₹25,000 and above are approximately 1.8 times more likely to access social security benefits compared to lower-income households. The logistic regression analysis also showed that monthly family income was statistically significant (p = 0.009), confirming the Chi-square result. Thus, both bivariate and multivariate analyses consistently demonstrate that income plays an important role in determining access to social security benefits.
6 MAJOR FINDINGS AND POLICY IMPLICATIONS 
The study investigates the determinants of social security access among women gig workers in the Malabar region of Kerala using primary data collected from 300 respondents across three districts—Kannur, Kozhikode, and Malappuram. The analysis draws on descriptive statistics, chi-square tests, and binary logistic regression. The results indicate that monthly household income is the principal determinant of social security access. Despite Kerala’s relatively advanced welfare architecture, a substantial share of women gig workers remains outside formal protection mechanisms. Although social security schemes are generally designed to support economically vulnerable groups, the findings reveal that women from higher-income households are more likely to access benefits. This pattern may reflect differences in awareness, documentation, administrative capacity, and institutional accessibility. The evidence underscores the need to strengthen outreach strategies and simplify enrolment procedures to promote equitable access, particularly for lower-income households.
Binary logistic regression was employed to assess the predictors of access, with social security enrolment coded as 1 and non-enrolment as 0. The results confirm that monthly family income is the most significant predictor. The income coefficient is positive and statistically significant (β = 0.648, p = 0.009), with an odds ratio of 1.91, indicating that higher income substantially increases the likelihood of accessing benefits. Women from households earning ₹25,000 and above are approximately 1.8 times more likely to be enrolled than those earning below this threshold. The chi-square analysis further demonstrates a statistically significant association between income and access, reinforcing the robustness of the relationship across both bivariate and multivariate models.
In contrast, other socio-demographic variables—including household headship, marital status, presence of children, household size, age, social category, religion, education, rural residence, type of ration card, asset ownership, access to credit, digital access, and multiple job holding—do not exhibit statistically significant effects. Although a few variables show positive coefficients, their independent influence remains weak. These findings suggest that economic capacity, rather than demographic or identity-based characteristics, primarily determines social security inclusion among women gig workers in the region. Addressing this structural imbalance requires coordinated efforts among government agencies, platform companies, trade unions, and civil society organisations.
The findings reveal a policy paradox: women who are relatively better off economically are more likely to secure social protection, whereas those with lower incomes—who require support most urgently—face greater exclusion. Barriers such as contribution requirements, documentation constraints, limited awareness, and procedural complexity may disproportionately affect low-income workers. Policy interventions should therefore adopt income-sensitive approaches, including subsidised or state-supported contributions, simplified registration processes, and targeted outreach. Measures to enhance financial inclusion—such as zero-balance accounts, micro-insurance options, and affordable credit—can strengthen income stability and facilitate participation in social security schemes. Linking women gig workers with cooperative banking institutions and self-help group networks, including initiatives such as Kudumbashree, can further enhance financial resilience. Skill development programmes focused on digital literacy, financial management, and occupational safety would also improve earning capacity and long-term inclusion.
Women gig workers should also be formally recognised within labour legislation as a distinct category of workers. While the Code on Social Security acknowledges gig and platform workers, its effective implementation at the state level requires stronger operational mechanisms. The state may establish clear guidelines mandating registration of women gig workers and platform aggregators under a unified framework. Social protection mechanisms must remain portable across platforms and regions to reflect the fluid nature of gig employment. A hybrid contributory–non-contributory model, jointly supported by the state, platform companies, and workers, can enhance coverage. Integration with existing welfare schemes would ensure continuity of benefits, including health insurance, maternity assistance, pensions, and accident coverage. Establishing a dedicated Gig Workers’ Welfare Board, supported by transparent compliance standards, periodic audits, and grievance redressal systems, would strengthen accountability. Sustained public–private collaboration is essential to institutionalise inclusive social protection within platform-based employment systems.
Considering the swift expansion of digital platform work across the Malabar region, the Government of Kerala may contemplate introducing a separate, gender-responsive social security system for gig workers. Aligning welfare schemes with income-based eligibility criteria, strengthening digital facilitation through local self-government institutions, and integrating gig workers into existing welfare boards could reduce exclusion. Since income emerges as the central determinant, broader measures that promote earnings stability, such as minimum earning guarantees, transparent payment systems, and skill upgradation initiatives, would indirectly enhance access to social protection.
7 CONCLUSION 
This study examined the determinants of access to social security benefits among women gig workers in the Malabar region of Kerala, covering Kannur, Kozhikode, and Malappuram districts. Addressing the persistent gap in social protection coverage, the analysis employed a binary logistic regression model incorporating a broad set of socio-demographic and economic variables. The results indicate that monthly family income is the only statistically significant predictor of access to social security benefits. The positive and significant coefficient (β = 0.648, p = 0.009) demonstrates that higher income substantially increases the likelihood of access, with the odds ratio (1.912) suggesting that a rise in income nearly doubles the probability of securing benefits, controlling for other factors. The chi-square results further confirm a significant association between income level and social security access, reinforcing the robustness of the findings across both bivariate and multivariate analyses. The evidence clearly establishes income as a decisive determinant of social security inclusion among women gig workers. By offering quantitative, gender-focused insights, the study contributes to the expanding body of scholarship on platform-based labour. It underscores the need for targeted, gender-responsive policy interventions, strengthen digital capabilities, and foster coordination between platform companies and public institutions to ensure inclusive and portable social protection mechanisms.
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