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Abstract: 
Influencer marketing has emerged as an important digital marketing strategy due to the rapid expansion of social media platforms and their growing role in shaping consumer behaviour. In this study, the relationship between influencer marketing and consumer satisfaction was examined with particular reference to purchasing behaviour and selected market-related outcomes. The study is based on primary data collected through Google Forms from respondents in Bilaspur district, Chhattisgarh, India. A total of 280 responses were obtained, including 148 males and 132 females. The study used descriptive statistics, Pearson correlation, and chi-square analysis to examine the association between buy goods offered by influencers (BGOI), social media platform used (SMPU), sources of purchasing decision-making (SPDM), following social media influencers (FSMI), increase in demand for goods (IDG), increase in price of goods (IPG), and consumer satisfaction. The findings indicate that influencer marketing is significantly associated with consumer satisfaction and purchasing behaviour. Significant relationships were also found between BGOI and SMPU, SPDM, and FSMI, while a strong association was observed between IDG and IPG. In addition, the results suggest that satisfaction is positively related to the likelihood of purchasing goods promoted by influencers. The study concludes that influencer marketing has become an influential mechanism connecting brands and consumers in the digital marketplace. These findings provide useful insights for marketers, businesses, and researchers seeking to understand how influencer-driven promotion affects consumer responses and broader market behaviour.  
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INTRODUCTION
In the present time, influencer marketing is one of the most popular marketing instruments with a great ability to create authentic content and engage a highly relevant audience. With its growing role, companies need to take a more strategic and proactive approach to define how and when they should use influencers (Vyatkina, 2020). Influencer marketing significantly impacts consumer behavior and decision-making. However, identifying the factors that drive influencer marketing and the conditions that drive its impact remains elusive (Meizhi, 2025). In the present scenario, the most-used social media platform worldwide as of 2024, Facebook, is the most popular social media platform globally with 3.06 billion monthly active users (Table 1). Thereafter, YouTube follows with 2.5 billion, with WhatsApp 2.0 billion, Instagram, Facebook Messenger, and WeChat, all having over a billion users (Table 1). As of April 2024, YouTube is used by at least 2,527 million people worldwide. Since 2020, the number of YouTube users has grown by 18% (Link 2).
An “Influencer” is an individual with a significant social media following who is paid by brands to promote their products to said followers, via free products and trips and/or cash payment per promotional post (Landsverk, 2014; Dimitrieska, 2021; Leung et al., 2022). Influencer marketing combines traditional and modern marketing strategies. One of the main differences of influencer marketing is that it is the result of a collaboration between the brand and the influencer (Influencer Marketing Hub, 2025). Social media is currently becoming a major marketing tool. Marketing through AI has become even easier. Digital payment systems have expanded the influencer marketing sector, which has increased the marketing of various products. Due to the timely availability of quality, branded, diverse, and desired products in rural areas, this type of marketing has a significant impact on demand and investment, and income has also increased by disrupting employment. According to a report, India's influencer marketing sector is projected to reach INR3,375 crore by 2026, with a CAGR of 18%. Therefore, it becomes important to study the extent to what extent Influencer Marketing affects consumer satisfaction, consumer purchasing decisions, demand, and price in the market.
Review of Literature
	Kádeková and Holienčinová (2018) studied Influencer marketing related to new opportunities in marketing. They collected research data from 459 respondents for the study, and the main objective of the study was to determine the impact of influencers on the consumer behavior of Generations Y and Z. Researchers found that significant differences exist between the Y and Z consumer generations in the area of the impact of influencers on consumer behaviour, which leads to different marketing opportunities. Freberg (2011) studies the success of influencers, which is vitally important to brands. Therefore, technology has been developed to identify and track influencers’ relevance to a brand or company. This technology tracks the number of hits on a blog, the number of times a blog is shared, likes and comments, and followers. All of these points are pivotal aspects of an influencer’s success. Nadanyiova (2020) studied the effective application of influencer marketing and found several benefits, including building a company’s image and goodwill, increasing brand value, disseminating high-quality content to consumers, positive customer feedback, and increasing customer numbers. Kristen et al. (2023) studied digital consumer engagement, examining the impact of native advertising exposure in a social network, and used 26 months of time series data from 10 Facebook advertisers to measure the relationship between native advertising exposure and digital consumer engagement. Ardiyanti and putra (2023) suggested that e-satisfaction can act as a mediator between the aspects of e-service quality (efficiency, fulfilment, system availability, and privacy) and their impact on e-loyalty. 
Recent studies have strengthened the evidence base on how influencer marketing shapes consumer response through credibility, authenticity, and relational mechanisms. Liu and Zheng (2024) showed that influencers’ informative value, authenticity, and homophily strengthen parasocial relationships, which in turn improve brand credibility and purchase intention. Chen and Lu (2024) found that influencers’ perceived influence enhances brand attachment and brand credibility, thereby increasing word of mouth and purchase intention. Cheah et al. (2024) further reported that over-endorsement by influencers can reduce purchase intention indirectly through lower authenticity and credibility. More recently, Spörl-Wang et al. (2025) synthesized prior research and confirmed that credibility, expertise, attractiveness, and similarity are robust predictors of influencer-marketing effectiveness, especially customer engagement and purchase intention. Wang et al. (2025) also demonstrated that influencers’ persona and content attributes improve relationship quality with followers, which then drives recommendation and purchase intention. In addition, Barari et al. (2025) showed through meta-analysis that social media influencers significantly affect engagement and purchase intention, with credibility and attractiveness acting as key mediating mechanisms. Evania et al. (2023) found that influencer marketing positively and significantly affects customer engagement and purchase decisions among Instagram followers, suggesting that influencer-led communication can shape consumers’ interaction and buying outcomes. Suwarni and Albari (2025) further reported that influencer attributes such as argument quality, source credibility, and kindness positively influence consumer well-being and purchase intention in a TikTok context. Together, these studies provide additional evidence that influencer-related credibility, engagement, and purchase-oriented responses are closely linked in digital marketing settings.
Ziddan et al. (2023) used purposive sampling, 83 unbalance data panel. The test of the sample using descriptive statistics, classical assumptions, and moderated regression to test the hypothesis using SPSS 25. The study results show that profitability positively and significantly affects capital structure, and the firm size is able to moderate the effect of profitability on capital structure significantly. Moreover, many more researchers, such as Ketrin and Nagy (2020), Ike et al. (2023), Ristanti and Riorini (2023), Waruwu (2022), etc., have studied influencer marketing. Although prior studies have examined influencer marketing mainly through purchase intention, brand credibility, trust, parasocial relationship, and engagement, relatively fewer studies have directly examined consumer satisfaction as the focal outcome in a district-level Indian context; this forms the specific gap addressed in the present study. 
Table 1: Social media and its Monthly Users (Dec. 2024)
	Social Media Platform (April, 2024)
	Monthly Active Users (In Billion)
	Rank

	Facebook
	3065
	1

	YouTube
	2504
	2

	WhatsApp
	2000
	3

	Instagram
	2000
	4

	TikTok
	1582
	5

	WeChat
	1343
	6

	FB Messenger
	1010
	7

	Telegram
	900
	8

	Snapchat
	800
	9

	Douyin
	755
	10

	Kuaishou
	700
	11

	X (Twitter)
	611
	12

	Sina Weibo
	598
	13

	QQ
	554
	14

	Pinterest
	498
	15



Source: Statista

Figure 1: Monthly social media active users 
Table 2: Facebook and its monthly users in different countries
	Country
	Facebook users (Monthly) April 2024
	Rank

	India
	385.65
	1

	United States
	188.6
	2

	Indonesia
	136.35
	3

	Brazil
	111.75
	4

	Philippines
	95.65
	5

	Mexico
	94.8
	6

	Vietnam
	78.55
	7

	Thailand
	58.1
	8

	Egypt
	53.3
	9

	Bangladesh
	49.3
	10

	Pakistan
	45.95
	11

	Colombia
	38.1
	12

	United Kingdom
	36.8
	13

	Nigeria
	36.25
	14

	Turkey
	34.8
	15

	France
	32.65
	16

	Italy
	29.75
	17

	Argentina
	29.6
	18

	South Africa
	27.45
	19

	Algeria
	26.65
	20



Source: Statista
Figure 2: Monthly Facebook users in different countries


OBJECTIVE OF THE STUDY
The main objective of this research study was to examine the relationship between influencer marketing, purchasing behaviour, and consumer satisfaction, and we have created the following sub-objective to validate the data:
1. To study the relation between BGOI (Buy goods offered by Influencer) and SMPU (Social media platform used).
2. To find the relationship between BGOI and SPDM (Sources of purchasing decision-making).
3. To study the relation between BGOI and FSMI (Follow social media influencer).
4. To find out the relation between IDG (Increase in demand for goods) and IPG (Increase in price of goods) after influencers influenced social media.
5. To study the relationship between BGOI (Buy goods offered by Influencer) and Satisfaction.
METHODOLOGY
In this study, we used qualitative and quantitative methodologies to explore the topic. We used a Google Form for data collection, and 280 respondents participated, of whom 148 were males and 132 were females. For the data analysis, we used the statistical software R and Jamovi 2.2 to perform descriptive statistics, the Pearson correlation, and the chi-square test. Helmert first shed light on the chi-square test, and later, in the 1900s, Pearson scientifically studied and analysed this test (Shukla and Sahay, 2013; Chandra and Brahme, 2018; Chandra et al., 2023). For this study, we have chosen the Bilaspur district of Chhattisgarh, India, as the study area.
Hypothesis for the study
It is necessary to formulate a hypothesis for testing the data. Therefore, in this study, we have formulated the main hypothesis: Influencer marketing has no significant impact on consumer satisfaction, and according to the objectives to validate the data, the sub-hypothesis is as follows:
1. H01: There is no significant association between BGOI and SMPU; in other words, there is no significant difference between observed and expected frequency, and both are independent.
2. H02: There is no significant association between BGOI and SPDM; in other words, there is no significant difference between observed and expected frequency, and both are independent.
3. H03: There is no significant association between BGOI and FSMI; in other words, there is no significant difference between observed and expected frequency, and both are independent.
4. H04: There is no significant association between IDG and IPG; in other words, there is no significant difference between observed and expected frequency, and both are independent.
5. H05: There is no significant association between BGOI and Satisfaction; in other words, there is no significant difference between observed and expected frequency, and both are independent.
Data Analysis and Result: 
Table 3: Descriptive Statistics of the socio-demographic attributes of the respondents
	Socio-demographic Attributes
	Mean
	Std. Error
	Std. Deviation
	Skewness
	Kurtosis

	Gender
	1.47
	0.030
	0.500
	0.115
	-2.001

	Education
	2.59
	0.065
	1.087
	0.797
	0.993

	Age group
	3.82
	0.116
	1.943
	1.128
	0.299

	Occupation
	1.81
	0.086
	1.437
	2.124
	4.063


         Source: Author’s Calculation
Table 1 shows the social media and their monthly users. In which Facebook is the largest and most popular social media platform globally, with 3.06 billion monthly active users. Thereafter, YouTube, WhatsApp, and Instagram, etc., are followed in December 2024. Figure 1 presents the social media and their monthly users in the world.
Table 2 shows Facebook and its monthly users in different countries. In which Facebook is the most popular social media platform in India, with 3.06 billion monthly active users in April 2024. Figure 2 presents Facebook social media and its monthly users in the world. Figure 3 shows the relationship between influencer marketing and consumer satisfaction.
  The descriptive statistics for the respondents' socio-demographic characteristics are presented in Table 3. The standard error of the socio-demographic characteristics, i.e., gender, education, age group, and occupation, was 0.30, 0.065, 0.116, and 0.086, respectively. Hence, a lower standard error value indicates more reliable results and more reliable data. Thus, the above data are reliable, consistent, and dependable.
[bookmark: _Hlk196165183]Table 4: Descriptive Statistics of Research Attributes
	Research Attributes
	Mean
	Std. Error
	Std. Deviation
	Skewness
	Kurtosis

	SMPU
	2.01
	0.060
	1.002
	0.316
	-1.335

	BGOI
	2.75
	0.046
	0.767
	-0.750
	0.444

	SPDM
	1.90
	0.078
	1.304
	1.274
	0.292

	FSMI
	1.91
	0.056
	0.937
	0.443
	-1.171

	IDG
	1.65
	0.062
	1.036
	1.376
	0.455

	IPG
	1.94
	0.068
	1.131
	0.756
	-0.939

	TSSME
	3.08
	0.063
	1.048
	-0.648
	-0.986

	ATSSM
	1.95
	0.064
	1.070
	1.338
	1.391

	Satisfaction
	2.65
	0.061
	1.022
	-0.178
	-1.091


    Source: Author’s Calculation
The descriptive statistics for the respondents' research attributes are presented in Table 4. The standard error of the research variables, i.e., SMPU (0.060), BGOI (0.046), SPDM (0.078), FSMI (0.056), IDG (0.062), IPG (0.068), TSSME (0.063), ATSSM (0.064), and Overall Satisfaction (0.061), is showing a lower value (see Table 4). Thus, the lower standard error value shows more reliable, consistent, and dependable data. The descriptive analysis of SMPU shows a mean value of 2.01 and a standard deviation of 1.002, which indicates moderate variation among respondents. The low standard error 0.060 presents accuracy in estimating the population mean, and the skewness value 0.316 indicates near-symmetry in the data distribution, while the negative kurtosis −1.335 shows a platykurtic distribution with lower extreme values. 
The descriptive analysis of BGOI shows a mean value of 2.75, and a standard deviation of 0.767, which indicates a relatively high level of BGOI among respondents. The low standard error 0.046 presents accuracy in estimating the population mean, and the skewness value -0.750 indicates a moderate negative skew in the data distribution, while the positive kurtosis 0.444 shows a leptokurtic distribution with mild values. 
The descriptive analysis of SPDM shows a mean value of 1.90, and a standard deviation of 1.304, which indicates a relatively high level of SPDM among respondents. The low standard error of 0.078 presents accuracy in estimating the population mean, and the skewness value 1.304 indicates a good positive skew in the data distribution, while the positive kurtosis 0.292 shows a leptokurtic distribution with mild values. 
The descriptive analysis of FSMI shows a mean value of 1.91, and a standard deviation of 0.937, which indicates a high level of FSMI among respondents. The low standard error 0.056 presents accuracy in estimating the population mean, and the skewness value 0.443 indicates a positive skew in the data distribution, while the negative kurtosis -1.171 shows a platykurtic distribution with lower extreme values. 
The descriptive analysis of IDG shows a mean value of 1.65 and a standard deviation of 1.036, which indicates a relatively high level of IDG among respondents. The low standard error of 0.062 indicates high accuracy in estimating the population mean, and the skewness value of 1.376 shows a positive skew in the data distribution, while the positive kurtosis of 0.455 shows a leptokurtic distribution with mild values. 
The descriptive analysis of IPG shows a mean value of 1.94 and a standard deviation of 1.131, which indicates a relatively high level of IPG among respondents. The low standard error of 0.068 indicates high accuracy in estimating the population mean, and the skewness value of 0.756 indicates a positive skew in the data distribution. The negative kurtosis of -0.939 indicates a platykurtic distribution, with lower extreme values. 
The descriptive analysis of TSSME shows a mean value of 3.08 and a standard deviation of 1.048, and indicates a relatively high level of TSSME among respondents. The low standard error of 0.063 indicates high accuracy in estimating the population mean, and the skewness value of -0.648 indicates a moderately negative skew in the data distribution, while the negative kurtosis of -0.986 indicates a platykurtic distribution, with lower extreme values.
The descriptive analysis of ATSSM shows a mean value of 1.95 and a standard deviation of 1.070, which indicates a relatively high level of ATSSM among respondents. The low standard error of 0.064 indicates high accuracy in estimating the population mean, and the skewness value of 1.338 indicates a positive skew in the data distribution. The positive kurtosis of 1.391 indicates a leptokurtic distribution, with lower extreme values. 
The descriptive analysis of Satisfaction shows a mean value of 2.65 and a standard deviation of 1.022, which indicates a relatively high level of Satisfaction among respondents. The low standard error of 0.061 indicates high accuracy in estimating the population mean, and the skewness value of -0.178 indicates a negative skew in the data distribution. The negative kurtosis of -1.091 indicates a platykurtic distribution, with lower extreme values.



Overall, the distribution of SMPU, BGOI, SPDM, FSMI, IDG, IPG, TSSME, ATSSM, and Overall satisfaction satisfies the assumption of normality and shows good central tendency, acceptable dispersion, and these results support the inclusion of all in subsequent hypothetical statistical analyses. The Pearson correlation between the research and the geographical attributes is presented in Table 5. The research variables, i.e., SMPU, BGOI, SPDM, FSMI, IDG, IPG, TSSME, ATSSM, and Satisfaction, are showing a significant relation (significance level at the 0.01 and 0.05 levels) between geographical attributes, namely: gender, education, age, occupations, and each other (see Table 5). The chi-square test results for attributes are presented in Table 6, which shows a significant (at the 0.05 level) influence among the research attributes.



Table 5: Pearson’s correlation between research attributes
	Attributes
	Gender
	Education
	Age
	Occupation
	SMPU
	BGOI
	SPDM
	FSMI
	IDG
	IPG
	TSSME
	ATSSM
	Satisfaction

	Gender
	1
	-.041
	-.109
	-.002
	.144*
	.108
	-.023
	.159**
	.047
	-.035
	-.016
	-.103
	.173**

	
	 
	.492
	.070
	.968
	.016
	.072
	.696
	.008
	.438
	.565
	.787
	.085
	.004

	Education 
	-.041
	1
	.551**
	.167**
	-.107
	-.112
	.195**
	.010
	-.145*
	-.039
	.057
	-.045
	.040

	
	.492
	 
	.000
	.005
	.075
	.061
	.001
	.869
	.015
	.512
	.346
	.450
	.501

	Age group
	-.109
	.551**
	1
	.365**
	-.089
	-.051
	.150*
	.131*
	-.115
	.034
	.040
	.009
	.019

	
	.070
	.000
	 
	.000
	.138
	.392
	.012
	.028
	.056
	.566
	.501
	.874
	.748

	Occupation
	-.002
	.167**
	.365**
	1
	-.058
	.056
	.010
	.139*
	-.137*
	.020
	.029
	.059
	.010

	
	.968
	.005
	.000
	 
	.334
	.351
	.874
	.020
	.022
	.740
	.632
	.324
	.871

	SMPU
	.144*
	-.107
	-.089
	-.058
	1
	.126*
	-.164**
	.017
	.032
	.045
	.033
	-.103
	.099

	
	.016
	.075
	.138
	.334
	 
	.035
	.006
	.782
	.589
	.453
	.582
	.085
	.097

	BGOI
	.108
	-.112
	-.051
	.056
	.126*
	1
	-.045
	.104
	.240**
	.207**
	-.016
	.011
	.394**

	
	.072
	.061
	.392
	.351
	.035
	 
	.450
	.082
	.000
	.000
	.790
	.853
	.000

	SPDM
	-.023
	.195**
	.150*
	.010
	-.164**
	-.045
	1
	-.042
	.047
	.045
	.021
	.050
	.090

	
	.696
	.001
	.012
	.874
	.006
	.450
	 
	.481
	.435
	.455
	.723
	.400
	.131

	FSMI
	.159**
	.010
	.131*
	.139*
	.017
	.104
	-.042
	1
	.212**
	.191**
	.113
	.017
	.099

	
	.008
	.869
	.028
	.020
	.782
	.082
	.481
	 
	.000
	.001
	.059
	.777
	.100

	IDG
	.047
	-.145*
	-.115
	-.137*
	.032
	.240**
	.047
	.212**
	1
	.359**
	.052
	.023
	.120*

	
	.438
	.015
	.056
	.022
	.589
	.000
	.435
	.000
	 
	.000
	.390
	.700
	.045

	IPG
	-.035
	-.039
	.034
	.020
	.045
	.207**
	.045
	.191**
	.359**
	1
	.055
	.007
	.116

	
	.565
	.512
	.566
	.740
	.453
	.000
	.455
	.001
	.000
	 
	.357
	.914
	.052

	TSSME
	-.016
	.057
	.040
	.029
	.033
	-.016
	.021
	.113
	.052
	.055
	1
	.122*
	.046

	
	.787
	.346
	.501
	.632
	.582
	.790
	.723
	.059
	.390
	.357
	 
	.042
	.447

	ATSSM
	-.103
	-.045
	.009
	.059
	-.103
	.011
	.050
	.017
	.023
	.007
	.122*
	1
	-.006

	
	.085
	.450
	.874
	.324
	.085
	.853
	.400
	.777
	.700
	.914
	.042
	 
	.920

	Satisfaction
	.173**
	.040
	.019
	.010
	.099
	.394**
	.090
	.099
	.120*
	.116
	.046
	-.006
	1

	
	.004
	.501
	.748
	.871
	.097
	.000
	.131
	.100
	.045
	.052
	.447
	.920
	 


Source: Author’s Calculation. **Correlation is significant at the 0.01 level (2-tailed). *Correlation is significant at the 0.05 level (2-tailed).

Table 6: Chi-Square test
	Methods/ Attributes
	BGOI & SMPU
	BGOI &
SPDM
	BGOI &
FSMI
	IDG &
IPG
	BGOI &
Satisfaction

	Chi-Square
	29.193**
	27.373**
	23.367**
	140.394**
	85.566**

	
	0.001
	0.007
	0.005
	0.000
	           0.000

	Likelihood Ratio

	34.258**
	24.437**
	23.498**
	104.780**
	82.346**

	
	0.001
	0.018
	0.005
	0.000
	           0.000

	Phi*

	0.323**
	0.313**
	0.289**
	0.708**
	0.553**

	
	0.001
	0.007
	0.005
	0.000
	           0.000

	Cramer's V*

	0.186**
	0.181**
	0.167**
	0.409**
	0.319**

	
	0.001
	0.007
	0.005
	0.000
	           0.000

	Contingency Coeff.*

	0.307**
	0.298**
	0.278**
	0.578**
	0.484**

	
	0.001
	0.007
	0.005
	0.000
	           0.000

	
Uncertainty Coeff.*

	0.054**
	0.038**
	0.038**
	0.167**
	0.122**

	
	0.000
	0.018
	0.005
	0.000
	           0.000

	Sources: Primary Data & Authors’ Calculation, **p-value: significant at 0.05 level (2-sided)
*Symmetric Measures: Nominal by Nominal, 


DISCUSSION
The Chi-Square test was used to examine the association between BGOI and SMPU. The results show a Chi-Square value of 29.193 and p < 0.001, indicating a statistically significant relationship between these two variables at the 0.05 level of significance. The Likelihood Ratio of 34.258 and p < 0.001 presents the robustness of this association. The Phi coefficient of 0.323 and p < 0.001, and the Contingency Coefficient of 0.307 indicate a moderate level of association, while Cramer’s V of 0.186 and p < 0.001 show a meaningful but moderate relationship. The Uncertainty Coefficient of 0.054 and p < 0.001 is statistically significant (see Table 6), and indicating that SMPU contributes to reducing uncertainty in predicting BGOI. Thus, the results show that there is a statistically significant and moderately strong association between BGOI and SMPU.
The Chi-Square test was used to examine the association between BGOI and SPDM. The results show a Chi-Square value of 27.373 and p < 0.007, indicating a statistically significant relationship between these two variables at the 0.05 level of significance. The Likelihood Ratio of 24.437 and p < 0.018 shows the robustness of this association. The Phi coefficient of 0.313 and p < 0.007, and the Contingency Coefficient of 0.298 indicate a moderate level of association, while Cramer’s V of 0.181 and p < 0.001 show a meaningful but moderate relationship. The Uncertainty Coefficient of 0.038 and p < 0.018 is statistically significant (see Table 6), and indicating that SPDM contributes to reducing uncertainty in predicting BGOI. So, the results show that there is a statistically significant and moderately strong association between BGOI and SPDM.
	The Chi-Square test was used to examine the association between BGOI and FSMI. The results show a Chi-Square value of 23.367 and p < 0.005, indicating a statistically significant relationship between these two variables at the 0.05 level of significance. The Likelihood Ratio of 23.498 and p < 0.005 shows the robustness of this association. The Phi coefficient of 0.289 and p < 0.005, and the Contingency Coefficient of 0.278 indicate a moderate level of association, while Cramer’s V of 0.167 and p < 0.005 show a meaningful but moderate relationship. The Uncertainty Coefficient of 0.038 and p < 0.005 is statistically significant (see Table 6), and indicating that FSMI contributes to reducing uncertainty in predicting BGOI. Overall, the results show that there is a statistically significant and moderately strong association between BGOI and FSMI.
The Chi-Square test was used to examine the association between IDG and IPG. The results show a Chi-Square value of 140.394 and p < 0.000, indicating a statistically significant relationship between these two variables at the 0.05 level of significance. The Likelihood Ratio of 104.780 and p < 0.000 shows the robustness of this association. The Phi coefficient of 0.708 and p < 0.000, and the Contingency Coefficient of 0.578 indicate a high level of association, and further support Cramer’s V of 0.409 and p < 0.000, which shows a meaningful and high level of association between them. The Uncertainty Coefficient of 0.167 and p < 0.000 is statistically significant (See Table 6), and indicating that IPG contributes to reducing uncertainty in predicting IDG. Therefore, the results show that there is a statistically significant and strong association between IDG and IPG.
The Chi-Square test was used to examine the association between BGOI and Satisfaction. The results show a Chi-Square value of 85.566 and p < 0.000, indicating a statistically significant relationship between these two variables at the 0.05 level of significance. The Likelihood Ratio of 82.346 and p < 0.000 shows the robustness of this association. The Phi coefficient of 0.553 and p < 0.000, and the Contingency Coefficient of 0.484 indicate a high level of association, and further support Cramer’s V of 0.319 and p < 0.000, which shows a meaningful and high level of association between them. The Uncertainty Coefficient of 0.122 and p < 0.000 is statistically significant (see Table 6), and indicating that Satisfaction contributes to reducing uncertainty in predicting BGOI. Consequently, the results show that there is a statistically significant and strong association between BGOI and Satisfaction.
THE HYPOTHESIS TESTING
After that, testing the hypothesis results of all the variables is shown below:
H01: There is no significant association between BGOI and SMPU. 
Ha1: There is a significant association between BGOI and SMPU.
The BGOI and SMPU Chi-square test value was 29.193, and the p-value was 0.001 (see Table 6). The p-value is statistically significant at the 0.05 level of significance. Thus, the null hypothesis (H01) is rejected, and the alternative hypothesis (Ha1) is accepted. Therefore, it is concluded that a statistically significant association exists between BGOI and SMPU. Thus, we can say that the SMPU has influenced the BGOI.
H02: There is no significant association between BGOI and SPDM. 
Ha2: There is a significant association between BGOI and SPDM.
	The BGOI and the SPDM, Chi-square test value was 27.373, and the p-value was 0.007 (see Table 6). The p-value is statistically significant at the 0.05 level of significance. Therefore, the null hypothesis (H02) is rejected, and the alternative hypothesis (Ha2) is accepted. So, it is concluded that a statistically significant association exists between BGOI and SPDM. Thus, we can say that the SPDM has influenced the BGOI.
H03: There is no significant association between BGOI and FSMI.
Ha3: There is a significant association between BGOI and FSMI.
The BGOI and the FSMI, Chi-square test value was 23.367, and the p-value was 0.005 (see Table 6). The p-value is statistically significant at the 0.05 level of significance. Therefore, the null hypothesis (H03) is rejected, and the alternative hypothesis (Ha3) is accepted. So, it is concluded that a statistically significant association exists between BGOI and FSMI. Thus, we can say that the FSMI has influenced the BGOI.
H04: There is no significant association between IDG and IPG.
Ha4: There is a significant association between IDG and IPG.
The IDG and the IPG, Chi-square test value was 140.394, and the p-value was 0.000 (see Table 6). The p-value is statistically significant at the 0.05 level of significance. Therefore, the null hypothesis (H04) is rejected, and the alternative hypothesis (Ha4) is accepted. Hence, it is clear that a statistically significant association exists between IDG and IPG. Thus, we can say that the IDG and the IPG influence each other.
H05: There is no significant association between BGOI and Satisfaction.
Ha5: There is a significant association between BGOI and Satisfaction.
The BGOI and Satisfaction, Chi-square test was 85.566, and the p-value was 0.000 (see Table 6). The p-value is statistically significant at the 0.05 level of significance. Thus, the null hypothesis (H05) is rejected, and the alternative hypothesis (Ha5) is accepted. Hence, it is clear that a statistically significant association exists between BGOI and Satisfaction. Thus, we can say that people are satisfied with buying goods offered by influencers (BGOI).
Thus, the Chi-Square test results are used to examine the association between BGOI and several related variables. Across all variable pairs, the Chi-Square values are high, and the p-values are statistically significant (p<0.05). This indicates that each variable has a meaningful and statistically significant association with BGOI and Satisfaction. Among all relationships, the strongest association is observed between IDG & IPG and BGOI, as reflected by the highest Phi (0.708), Cramer’s V (0.409), and Contingency Coefficient (0.578). This suggests a strong effect of IDG & IPG on BGOI. The second strongest relationship is found between BGOI and Satisfaction, with moderate-to-high association values (Phi =0.553, Cramer’s V =0.319). Other variables- namely SMPU, SPDM, and FSMI- also show significant but moderate associations with BGOI, as indicated by their respective Phi and Cramer’s V values ranging between 0.167 and 0.323. 
The Likelihood Ratio values further support the Chi-Square findings, reinforcing the reliability of the results. The Uncertainty Coefficient values show that IDG & IPG provide the strongest predictive power for BGOI, followed by Satisfaction. Overall, all examined attributes are significantly associated with BGOI. However, the strength of association varies, with IDG & IPG showing the strongest influence, and the other variables showing moderate levels of association.
CONCLUSION
Influencer marketing has become an important feature of the contemporary digital marketplace, particularly in shaping how consumers receive product-related information and respond to brand communication. The present study examined the relationship between influencer marketing, purchasing behaviour, and consumer satisfaction using primary data collected from 280 respondents in Bilaspur district, Chhattisgarh. The findings suggest that buy goods offered by influencers (BGOI) is significantly associated with social media platform used (SMPU), sources of purchasing decision-making (SPDM), following social media influencers (FSMI), and consumer satisfaction. A comparatively stronger association was also observed between increase in demand for goods (IDG) and increase in price of goods (IPG), indicating that influencer-driven promotion may be linked with certain market-related outcomes in the perceptions of respondents. 
At the same time, these findings should be interpreted with due caution. The study is based on a district-level sample and cross-sectional self-reported data; therefore, the results are better understood as indicating statistical associations rather than causal effects. In this context, the study contributes modest empirical evidence that influencer marketing is related to consumer satisfaction and buying behaviour in the selected study area. 
Overall, the study suggests that influencer marketing may serve as a meaningful communication channel between brands and consumers. For marketers and researchers, the results provide a useful starting point for understanding how influencer-related interactions are associated with consumer responses in an evolving digital environment.

Limitations and Future Research
This study has several limitations that should be acknowledged. First, the analysis is based on a relatively small sample of 280 respondents collected through Google Forms from Bilaspur district, Chhattisgarh, which limits the generalisability of the findings to other regions, demographic groups, and market settings. Second, the study relies on cross-sectional self-reported data; therefore, the observed relationships should be interpreted as associations rather than causal effects. Third, the use of a survey-based design may be affected by response bias, recall bias, and social desirability bias. Fourth, the study mainly uses descriptive statistics, correlation, and chi-square tests, which are useful for identifying relationships but do not fully explain the strength, direction, or underlying mechanisms of influencer marketing effects. Future research should use larger and more diverse samples across different states or countries, apply longitudinal or experimental designs, and incorporate validated multi-item scales for constructs such as trust, authenticity, credibility, purchase intention, and satisfaction. Further studies may also examine platform-wise differences, category-specific effects, and the moderating role of age, income, education, and digital literacy in shaping consumer satisfaction with influencer marketing.
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CAGR- Cumulative Annual Growth Rate 
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SPDM- Sources of purchasing decision-making
FSMI- Follow social media influencer
IDG- Increase in demand for goods
IPG- Increase in price of goods
TSSME- Time spent on social media every day
ATSSM- Average time spent on social media
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Appendix:  Conceptual Illustration
This appendix presents a simplified conceptual illustration only; it is not an empirically estimated model and should be interpreted as an explanatory aid for understanding the possible relationship between influencer marketing and consumer satisfaction.
Influencer marketing is one of the most popular marketing tools today, with tremendous potential for creating original content and engaging valuable audiences (Vyatkina, 2020). The results of this research study clearly demonstrate that influencer marketing significantly impacts consumer satisfaction and purchasing behavior, indicating that consumers purchase only after being satisfied with influencer marketing. Therefore, we attempted to develop a theory to understand the relationship between influencer marketing and consumer satisfaction. 
Suppose a new product X is introduced to the market, and consumer A becomes aware of it through an influencer marketing influencer they follow on social media. As a result, consumer A is attracted to the product and purchases it. Now we can understand the relation between influencer marketing and consumer satisfaction, as presented in Figure 3. The demand for goods is measured on the X-axis, and the impact of influencer marketing is measured on the vertical Y-axis.
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Figure 3: Conceptual Illustration of how influencer-related exposure may be associated with consumer response and perceived satisfaction

Where DD is the demand curve for goods and SC is the consumer satisfaction curve reflecting their preferences. In Fig. 3, the SC is drawn based on the influencer marketing and consumer satisfaction data analysis. The point E is the equilibrium point, where SC and DD touch each other. Therefore, at the equilibrium point, the price of the good is determined by EM/OP, and the demand for the good is determined by OM. Thus, the consumer purchases OM quantity of the goods at the price EM/OP.
Figure 3 provides only a simplified conceptual illustration of how influencer-related exposure may be associated with consumer response and perceived satisfaction. It should not be interpreted as an empirically estimated demand model or as evidence of a formal market equilibrium. The figure is intended only as an interpretive aid consistent with the association-based findings of the study.
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