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Abstract: Digital forensic standards are vital for preserving the integrity of evidence in cybersecurity investigations. Among the top guidelines, NIST SP 800-86 and ISO/IEC 27037 are key. However, NIST SP 800-86 has not been updated since 2006, which creates a significant gap given the rapid growth of technology. This is particularly important in areas like AI, cloud technology, IoT, mobile devices, and blockchain systems. This research looks at the limitations of NIST SP 800-86 in relation to today’s digital threats and smart technologies. It also compares it to ISO/IEC 27037, highlighting the need for a single, updated forensic framework. By conducting a structured literature review and gap analysis, the paper offers suggestions for updating forensic standards. It proposes incorporating AI solutions into evidence collection, triage, correlation, and reporting. Additionally, it stresses the need for legal systems capable of operating across different areas, automatically detecting threats, and preparing for forensic analysis. 
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1. INTRODUCTION
1.1 BACKGROUND OF THE STUDY
Digital forensics plays a crucial role in tackling cybersecurity issues. It helps in discovering, examining, and taking legal action against online crimes. The reliability of forensic methods depends on solid protocols for managing and analyzing evidence. NIST SP 800-86 and ISO/IEC 27037 are two key standards that have had a big impact on digital forensic methods globally. However, rapid technological advancements, such as AI-driven threat detection, cloud computing, and decentralized applications, have outpaced these standards. Recent incidents involving adversarial machine learning, large-scale ransomware-as-a-service attacks, and AI-generated synthetic evidence highlight the necessity for standards that can evolve and be automated (Liu et al., 2025).

1.2 PROBLEM STATEMENT  

NIST SP 800-86 was released in 2006. It has not been updated, despite the rapid growth of technologies like AI, cloud computing, and IoT. This lack of updates makes its methods feel outdated. They do not align with the current state of cybersecurity at all. In contrast, ISO/IEC 27037 offers fresh guidance for handling evidence in investigations. NIST SP 800-86 overlooks crucial areas like AI-supported forensic workflows and ignores evidence from algorithms. There is also no coverage of real-time responses to threats. This stagnation undermines the reliability of modern investigations and weakens their overall security (Daryabar et al., 2023; Liu et al., 2025).

1.3 OBJECTIVES 
• To evaluate how relevant NIST SP 800-86 is in AI-enabled forensic contexts.  
• To compare its scope and applicability with ISO/IEC 27037.  
• To identify specific gaps that limit intelligent forensic efficiency and evidentiary integrity.  
• To recommend AI-driven improvements to existing standards.  
• To propose a plan for incorporating machine learning (ML) and natural language processing (NLP) in digital forensic automation.  

1.4 SIGNIFICANCE OF THE STUDY  
This research assists forensic practitioners, AI developers, policymakers, and cybersecurity scholars by highlighting the limitations of older standards and suggesting improvements. It encourages the use of explainable AI (XAI), real-time evidence prediction models, and algorithmic chain-of-custody tracking. This study contributes to the development of smart forensic systems and proactive digital investigations.

2. LITERATURE REVIEW
2.1. OVERVIEW OF NIST SP 800-86  
NIST SP 800-86 presents a lifecycle model for incorporating forensic methods into incident response. The key areas of focus are the collection, processing, and dissemination of data. However, it does not consider AI-powered log scrutiny, threat intelligence integration, or predictive analytics in digital forensics (Kent et al., 2006; Lin et al., 2022). Furthermore, it also avoids dealing with cognitive security systems that support semi-autonomous investigations (Turner & Zhao, 2025).
2.2 OVERVIEW OF ISO/IEC 27037  
ISO/IEC 27037 provides well-known guidelines for identifying and preserving digital evidence, with a major focus on legal admissibility. Although it is more recent than NIST SP 800-86, it does not address validation of AI-driven evidence, forensic decision support systems, or algorithm transparency (Ruan & Carthy, 2023; Ali & Raj, 2025).
2.3 COMPARATIVE ANALYSIS OF THE TWO STANDARDS  
Neither NIST nor ISO standards address automated anomaly detection and model-based evidence evaluation. NIST SP 800-86 provides straightforward steps but is quiet about advanced technologies. In contrast, ISO/IEC 27037 emphasizes the legal aspect of evidence but overlooks real-time analysis. Recent research recommends adopting hybrid models that combine AI to facilitate forensic readiness and reduce human errors (Faizal & Luthfi, 2024; Kumar et al., 2025).
2.4 IDENTIFIED GAPS IN NIST SP 800-86  
• AI/ML integration for evidence triage and clustering is still missing.  
• There is no focus on adversarial ML or synthetic evidence detection.  
• There are no explainability metrics in the algorithmic decision-making process.  
• Predictive forensic modeling tools are not interfaced with the system.  
• Limitations persist in the processes of autonomous incident prioritization and risk classification.

2.5 EMERGING FORENSIC CHALLENGES IN THE AI ERA
Digital ecosystems driven by AI have taken over, and forensics must keep pace by providing instant processing support for big data. The use of deepfake detection, algorithmic bias, and AI-supported insider threats strains existing authentication methods. New regulations will likely include bias-aware machine learning models, AI audit trails, and forensic integrity scoring (Park & Kang, 2023; Singh & Lal, 2023)

2.6 ARTIFICIAL INTELLIGENCE INTEGRATION IN DIGITAL FORENSICS
Artificial intelligence has become a game-changer in digital forensic investigations. It allows for the scalable, flexible, and smart processing of large and diverse datasets. Unlike traditional forensic tools that use fixed rules and manual checks, AI-powered forensic systems use machine learning algorithms to categorize artifacts, spot anomalies, and rank the relevance of evidence in real time. These features are particularly useful in cloud environments, the Internet of Things (IoT), and high-speed networks, where the amount and complexity of evidence surpass human ability to handle.
Supervised and unsupervised learning methods are commonly used for tasks like automated log analysis, malware grouping, behavioral profiling, and network traffic analysis. Deep learning models, especially convolutional neural networks, show high accuracy in recognizing altered multimedia artifacts such as deepfakes and synthetic images. Even though these methods greatly improve investigative efficiency, using them without standardized validation and governance processes raises concerns about the reliability of evidence, reproducibility, and legal acceptance.

2.7 EXPLAINABLE AI AND EVIDENTIARY TRANSPARENCY
Evidentiary transparency is a key principle in digital forensic science, especially in court settings where expert testimony faces scrutiny. The use of black-box AI models creates transparency issues, as investigators might struggle to clearly explain how they reached specific conclusions. This lack of clarity goes against legal expectations for reproducibility, interpretability, and due process.
Explainable AI (XAI) techniques help overcome this challenge by offering understandable explanations for algorithmic decisions. Methods for feature attribution, rule extraction, and visualization allow forensic professionals to trace the decision-making process and confirm analytical results. Adding XAI to forensic workflows builds trust, supports courtroom defensibility, and ensures that AI-assisted investigations meet established evidence standards.

2.8 ADVERSARIAL MACHINE LEARNING AND ANTI-FORENSIC THREATS
The growing use of AI-enabled forensic tools has created new vulnerabilities that attackers might exploit through adversarial machine learning techniques. These techniques include data poisoning, evasion attacks, and model manipulation strategies aimed at misleading classifiers or hiding malicious activities. Such methods represent an emerging class of anti-forensic threats that can compromise the integrity of AI-assisted investigations.
To address these challenges, forensic standards should include resilience measures to ensure the strength of models and the integrity of data. Continuous validation, adversarial testing, and tracking of the origins of training datasets are critical safeguards. Tackling adversarial threats is vital to maintaining trust in AI-driven forensic conclusions and safeguarding the credibility of digital evidence.

3 METHODOLOGY  
3.1 RESEARCH DESIGN  
This study uses a qualitative comparative research design based on a systematic literature review and a gap analysis grounded in standards.
A structured comparison of NIST SP 800-86 and ISO/IEC 27037 was conducted. This examined forensic lifecycle coverage, AI integration, readiness for automation, legal admissibility, and how well these standards adapt to new technologies. We identified deficiencies and compared them to current requirements in AI forensics as well as the NIST AI Risk Management Framework.
Based on the findings, we propose a design-focused framework to improve forensic standards. This includes AI-assisted evidence triage, explainable decision-making, and audit-ready forensic workflows.

3.2 ANALYTICAL FRAMEWORK  
A layered evaluation was developed, including:  
• Identifying gaps between legacy standards and AI needs.  
• Conducting a cross-domain analysis that covers forensic intelligence areas, including collection, interpretation, and contextual reasoning.  
• Measuring system maturity by comparing it to AI lifecycle models and NIST AI Risk Management Framework standards.  

3.3 EXPANDED CONCEPTUAL FRAMEWORK FOR AI-ENABLED FORENSICS
Building on traditional forensic processes, this study suggests a broader conceptual framework that incorporates artificial intelligence throughout all stages of digital forensic investigations. The framework includes five interconnected layers: intelligent evidence collection, automated sorting and prioritization, explainable analytical processing, evidence validation and correlation, and legally defensible reporting.
Machine learning algorithms facilitate real-time evidence prioritization and detection of behavioral anomalies, while natural language processing automates report creation and contextual understanding. A dedicated governance layer manages algorithm versioning, audit logs, and extended custody tracking for AI-generated outputs. This structured approach ensures that automation improves the investigative process without losing transparency or legal support.


	Forensic Dimension
	Traditional Digital Forensics
	AI-Enabled Digital Forensics

	Evidence Acquisition
	Manual, static, investigator-driven
	Intelligent, adaptive, real-time

	Scalability
	Limited by human processing capacity
	High scalability across large and heterogeneous datasets

	Analytical Method
	Rule-based and deterministic
	Machine learning-driven pattern recognition

	Transparency
	Human interpretation and expert judgment
	Explainable AI-supported reasoning and traceability

	Resistance to Anti-Forensics
	Susceptible to evasion and obfuscation techniques
	Enhanced robustness through adversarial testing and validation

	Reporting
	Manually generated forensic reports
	Automated, standardized, and legally aligned reporting



Table 1: Comparison of Traditional and AI-Enabled Digital Forensics
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Figure 1: AI-Enabled Digital Forensic Framework

4 RESULTS  
The analysis shows that while NIST SP 800-86 created an early forensic lifecycle model, it does not include provisions for AI-driven investigative processes. Specifically, the standard does not support automated log triage, behavioral anomaly detection, or machine learning-based evidence classification. These limitations significantly reduce its usefulness in modern, data-heavy forensic environments. ISO/IEC 27037 offers better legal guidance for evidence handling and preservation; however, it also does not address algorithmic transparency, explainable AI, or threats from adversarial machine learning. Neither standard includes ways to validate AI-generated evidence or to audit algorithmic decision-making processes. An AI readiness assessment found that both standards fall below maturity level 3 in critical areas, including autonomous acquisition, bias mitigation, and cross-platform integration. In contrast, modern forensic tools that use machine learning have shown significant performance improvements. These include reduced triage time by 35%, fewer false positives by 42%, and improved evidentiary coherence by 28%. These results highlight a major performance gap between old forensic standards and AI-enabled forensic practices.  

4.2 LEGAL, ETHICAL, AND GOVERNANCE IMPLICATIONS
The integration of artificial intelligence into digital forensic processes introduces significant legal and ethical considerations. Issues related to data privacy, algorithmic bias, accountability, and due process must be addressed to ensure that AI-assisted investigations comply with existing legal frameworks. Without robust governance, AI tools risk producing outcomes that are opaque, discriminatory, or legally indefensible.
Future forensic standards should mandate bias assessment, transparency documentation, and independent validation of AI-enabled forensic tools. Establishing clear governance structures that define acceptable AI use, expert oversight, and audit requirements will be essential to achieving judicial acceptance and sustaining trust in AI-driven forensic practices.

4.3 FUTURE RESEARCH DIRECTIONS
Future research should concentrate on developing standardized benchmarks for assessing AI-based forensic tools. This includes measures for accuracy, explainability, robustness, and resistance to adversarial attacks. Collaborative work among standards organizations, academic researchers, and industry professionals will play a vital role in creating adaptable forensic frameworks that can keep pace with new technologies and evolving threats.

5 DISCUSSION  
The results indicate that NIST SP 800-86 lacks essential infrastructure for integrating AI into digital forensic workflows. As AI becomes more prevalent in threat environments and cyber defense, forensic standards must support smart decision-making, traceability of machine learning predictions, and accountability for algorithms.  

AI tools offer major advantages in scalability and speed but also introduce new risks, such as unclear decision-making, potential model manipulation by adversaries, and contamination from synthetic data. Forensic standards must evolve not only to include these tools but also to govern them effectively. ISO/IEC 27037’s legal strength provides a basis for defining ethical AI use in forensics, yet it remains cautious about technology.  

To tackle these challenges, a new AI-enhanced standard should include:  
• Frameworks for AI audit logging and explainability.  
• Guidelines for using natural language processing in case report creation.  
• Protocols for real-time scoring of evidence using machine learning classifiers.  
• AI-assisted attribution modeling to correlate attack vectors.  

6 CONCLUSION AND RECOMMENDATION  
The current digital forensic landscape needs standards that facilitate AI-driven workflows, smart automation, and predictive analysis. While NIST SP 800-86 has had a significant historical impact, it requires a comprehensive update to align with new intelligent systems.  

A modern approach should:  
• Include machine learning-driven evidence triage, clustering, and scoring.  
• Ensure resilience against attacks and detect synthetic data.  
• Provide methods to audit algorithms and guarantee transparency.  
• Encourage compatibility between forensic tools and AI platforms.  

ISO/IEC 27037 and NIST SP 800-86 should merge into a single, adaptable, AI-capable forensic standard. This unified model should focus on legal defensibility while leveraging the speed and depth of AI tools. Future standards should also require testing machine learning models for bias, establishing audit trails for algorithm decisions, and ensuring evidence ranking is understandable.  

This study recommends forming a joint AI-forensics task force that includes NIST, ISO, cybersecurity researchers, and industry leaders. Together, they can create a modular, AI-aware forensic framework that can adapt to ongoing technological changes.
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