

Loan Utilization & Repayment: The Role of Social Networks and Household Characteristics in Shaping Debt repayment Behavior
Abstract
This study examines the relationship between household loan utilization and repayment performance, integrating perspectives from Financial Capability Theory and the concept of family financial resilience in an emerging economy context (Uganda). Applying 2 waves of the Uganda National Household Survey (Wave 1 and Wave 2 for years 2021/2022 and 2022/23 respectively, N = 3,173 households), a static panel probit model augmented with marginal effects and correlation analysis, the study explores how loan utilization, demographic, financial, and behavioral factors shape credit repayment outcomes. Correlation and marginal effect analyses reveal that productive loan utilization significantly reduces the likelihood of loan default. Similarly, findings suggest that social networks lower default probability. Additionally, financial inclusion and socioeconomic characteristics enhance productive loan use. Conversely, employment status, dwelling type, and worry about failure to pay debt are negatively correlated with repayment outcomes, signaling vulnerability among informal or low-income households. These findings are interpreted through the lens of Financial Capability Theory, which emphasizes the interaction of individual abilities, opportunities, and external networks in shaping financial decisions, and family financial resilience, which underscores the capacity of households to manage debt and withstand shocks. The results advance the discourse on household financial behavior by highlighting how financial capability—shaped by education, inclusion, and social context—translates into more resilience, responsible loan use and effective repayment. Among others, the study recommends that policymakers should integrate financial education and behavioral interventions into community-based programs to promote informed borrowing and effective loan use. 

Key words: Loan utilization, Social network, Debt repayment behavior











1.0 Introduction
Access to credit is now a key policy tool for poverty reduction, enterprise growth, and household resilience across Sub-Saharan Africa (SSA). However, the welfare gains from credit depend on how loans are used and on borrowers’ ability to service and repay their debts. Productive uses — such as investing in micro-enterprises, agricultural inputs, or income-generating assets — raise household earnings and improve repayment. In contrast, when loans are diverted to non-productive consumption or speculative activities, the risk of default and indebtedness increases. Evidence from microfinance settings in SSA shows that loan utilization and delinquency are shaped by multiple factors, including borrower characteristics, loan features, and institutional practices (Chamboko & Guvuriro, 2022).
Beyond individual borrower and product traits, social networks and community ties play a central role in shaping loan use and repayment behavior in the region. These ties — including family, kinship groups, savings groups, and peer networks — provide information, informal insurance, reputational pressure, and monitoring. Such support can encourage responsible loan use and timely repayment. However, in some settings, the same networks facilitate risk-sharing that weakens repayment incentives.
Studies from developing countries point to two main mechanisms. First, networks transmit information and financial norms that influence whether loans are invested productively. Second, social enforcement — through reputational costs, group sanctions, and reciprocal obligations — increases the private cost of default and helps sustain higher repayment rates.
These dynamics are evident across SSA’s microfinance, mobile-credit, and informal lending systems  (Li et al., 2023). Social networks also act as informal insurance, reducing default risk by enabling trust, information sharing, and mutual support in credit management  (Banerjee et al., 2015; Granovetter, 2018).
n Uganda, rapid growth in digital finance and ongoing financial-inclusion initiatives have changed both access to household credit and the way people borrow. National surveys show rising account ownership, greater use of mobile money and digital credit, and policies that now target broader credit and savings services rather than payments alone. Yet repayment outcomes vary widely. Households with stronger financial capability, stable employment, or supportive social networks are more likely to use loans productively and repay on time. In contrast, low financial literacy, unstable income, and weak safety nets heighten repayment risk. These patterns make Uganda a useful case for studying how household characteristics and social networks shape loan use and debt servicing (FinScope, 2024). Evidence also shows that factors such as education, gender of the household head, employment status, and housing conditions influence financial decisions and repayment priorities (Ssekiziyivu et al., 2018).
Despite growing attention to financial inclusion, few studies examine how social and behavioral factors shape loan utilization within the broader context of social networks, household characteristics, and debt repayment. This paper explores how loan use interacts with household traits (age, education, employment, gender of household head, and financial literacy) and social networks to influence repayment behavior in SSA, with a specific focus on Uganda. Using survey evidence on loan uses, repayment outcomes, and network measures—together with contextual information on digital credit growth and national policy—the study adds to policy debates on designing credit programs that encourage productive borrowing, strengthen household resilience, and support sustainable repayment. Grounded in household-level data and financial capability theory, the analysis provides a nuanced view of how loan utilization shapes repayment behavior in an emerging economy context.
The findings are intended to inform microfinance institutions, digital lenders, and policymakers seeking to balance broader access to credit with borrower protection and long-run financial stability (Chen et al., 2025).
2.0 Literature Review and Development of Hypotheses
2.1 Loan utilization and repayment  
Constrained by incomes, households often borrow to meet insatiable needs. However, some households fail to pay the loan installments within the stipulated period partly because of how the funds are utilized. We argue that where the household uses the loan to invest in income-generating activities, it will generate its income stream that can help in its sustainability.  We therefore assert that the ability of households to timely pay loan installments will vary depending on the usage to which the loan amount has been put. This argument in consistent with  (Jakhar & Kumar, 2023) who observed that households who had used the borrowed funds for non-productive purposes failed to repay their loans since the expenditure they had committed funds to generated no financial returns. Similarly, (Chakraborty & Gupta, 2023) observed that household's non-productive spending is a key factor in influencing loan repayment behavior. Besides some households may not invest borrowed funds in income generating activities or may divert them from the intended purpose leading to poor repayment performance (Faruqee et al., 2011; HIDAJAT, 2021; Indarte, 2023; Mpogole et al., 2012). 
While loans can ease financial pressure, support investment, and help families manage shocks, using them for non-productive purposes can weaken resilience, increase vulnerability, and trap households in a cycle of debt.
The balance lies in ensuring that borrowing is done prudently, with awareness, with supportive policies and flexible repayment, and with investments in financial education and social support systems. Strengthening family financial resilience requires not just access to credit, but responsible credit utilization, fair repayment conditions, and institutional and policy environments that recognize the realities of families’ lives. We therefore hypothesize that: 
H1: Productive loan utilization positively influences debt repayment behavior among households.
2.2: Family social networks, education level and loan utilization
[bookmark: _GoBack]Loan utilization—how people access, use, and repay credit—is shaped by both economic conditions and social and human capital. (Castiglione et al., 2008) argue that social networks build cooperation and collective action, while (Bongomin et al., 2016) show that these networks ease access to resources, information, and skills. In debt management,  (Mugabi, 2010) found that social ties support loan processing, access, and recovery. Conversely, (Ijioma & Osondu, 2015)  highlight that the education level of the household head strongly influences how loans are allocated and ultimately used.
 We therefore hypothesize that: 
H2: Stronger social networks positively moderate the relationship between financial capability and productive loan utilization.
H3: There is a close association between the education level of the household head and loan utilization for loan repayment
2.3 Employment status, housing characteristics, location and loan utilization
Employment status directly affects both credit access and loan utilization behavior. Households with stable employment and predictable income flows (such as salaried workers) are more likely to access formal credit facilities and use loans for productive investments (e.g., business expansion, education, housing improvement). Conversely, unemployed or informally employed individuals often rely on informal credit sources (family, moneylenders, SACCOs) and tend to use loans for consumption smoothing or debt consolidation (Kasseeah & Tandrayen-Ragoobur, 2015).
From a behavioral perspective, the Permanent Income Hypothesis (Friedman, 1957) suggests that individuals base their consumption and borrowing decisions on expected lifetime income rather than current earnings. Hence, securely employed individuals can plan long-term investments with borrowed funds, whereas casual workers may prioritize short-term liquidity needs. Empirical studies in Sub-Saharan Africa show that formal employment increases the probability of productive loan use (Monteiro, 2019). We argue that formally employed households, especially those with stable wages or contracts, have more predictable cash flow. This makes lenders more willing to extend credit and increases the likelihood that borrowers invest in productive activities rather than consume the loan. In Uganda, formal wage earners often access salary-secured loans from banks and MFIs, while self-employed or informally employed individuals rely on group lending or mobile credit, which is often used for daily consumption or micro-enterprise (FSD Uganda, 2024; Ssekiziyivu et al., 2018).
Housing characteristics—including ownership status, dwelling type, and asset quality—play a dual role in determining loan access and utilization. Homeowners are more likely to access secured credit, using property as collateral (Asiseh et al., 2025). Such loans are often channeled into productive or asset-enhancing purposes, and they are characterized with better repayment tendencies (Collier et al., 2025). Renters or those in temporary dwellings, on the other hand, face limited collateral options, leading to smaller, high-interest loans, often for consumption smoothing.
Housing quality also reflects household wealth and social standing, influencing lenders’ perception of creditworthiness (Manyire, 2002). In rural Uganda, households with permanent structures are more likely to access credit from Savings and Credit Cooperatives (SACCOs), while those in semi-permanent dwellings rely on informal sources. Besides (Kassegn & Endris, 2022; Ravi, 2014) found demographic characteristics and cash flows are key antecedents to loan repayment. We therefore hypothesize that:
H4: Households living in lower-quality dwellings (e.g., huts or temporary floors) are more likely to divert loans from intended purpose.
H5: Households engaged in less stable forms of employment (farm wage, casual labor and unemployed) have a higher propensity to utilize loans for loan repayment
 2.4 Theoretical Lens 
Household financial outcomes and behaviors can be explained using the Financial Capability Theory. The strength of the Financial Capability Theory lies in its ability to integrate behavioral economics, financial literacy, and institutional design in explaining complex situations (Ahamed, 2025; Sherraden, 2010; Sun et al., 2022). 
The Financial Capability Theory posits that financial behavior results from an interaction between an individual’s financial ability (knowledge, skills, and confidence) and their financial opportunity (i.e. access to institutions, products, and supportive social systems)(Çera et al., 2021; Lučić et al., 2023; Xiao et al., 2022). This framework extends beyond financial literacy to include the structural, institutional, and social contexts in which financial decisions occur.
In this view, individuals and households are not merely autonomous decision-makers; their loan utilization and repayment behaviors are shaped by both internal capabilities and external enabling conditions such as networks, financial access, and socio-demographic characteristics (Lučić et al., 2023; Shi et al., 2025). In developing economies like Uganda, where informal networks and social capital substitute for weak formal institutions, social relationships play a pivotal role in enhancing or constraining financial capability.
When households possess higher financial capability—demonstrated through budgeting, planning, and informed credit use—they are more likely to allocate loans productively, manage repayment effectively, and build long-term financial resilience (Lusardi & Mitchell, 2014). Financial capability functions as a mediating mechanism through which access to loans translates into sustained financial resilience (Kumar & Sandhu, 2024). Conversely, limited capability and poor access to support structures heighten vulnerability to economic shocks and increase the likelihood of loan default.
2.4.1 Theoretical model 
Applying the theory to loan utilization, Higher financial capability increases the probability that loans are used for productive activities (investment, income-generating activities) rather than for purely consumption or non-productive purposes. 
Assuming loan utilization takes on three forms i.e.  (1) productive, (2) mixed, (3) consumption/repayment smoothing.  The regression model is specified as follows: 
Let:
· Ci​ = financial capability for household iii (latent, measured by index of Financial knowledge(K); Financial attitudes & self-efficacy(S); Financial access (A) components)
· Ni= strength of social networks / informal support
· Xi= vector of household characteristics (age, education, employment, assets, urban dummy, housing)
· Ui= indicator (or ordinal score) of productive loan utilization (1 = productive, 0 = non-productive)
· Ri = indicator (or probability) of repayment success (1 = repaid on time, 0 = default/delinquent)
The loan Utilization equation (logit/probit preferred for binary) will be given by: 
Pr(Ui=1) =F(β0+β1Ci+β2Ni+β3(Ci×Ni) +β4Xi+εi) ………………. Eq 1
Note:
· β1​ → effect of capability on productive use; 
· β2​ → direct effect of networks (e.g., information on business opportunities);
· β3​ → interaction between networks and capability — how social networks change capability’s effect (i.e. +β3​ means networks amplify capability).
Drawing from Eq1, repayment equation (could be conditional on U):
Pr(Ri=1) =G(γ0+γ1Ci+γ2Ui+γ3Ni+γ4Xi+νi) …………………………. Eq 2
Where:
· γ1​: capability’s direct effect on repayment.
· γ2​: does productive utilization improve repayment prospects? (often yes if the loan yields a return).
· γ3​: network enforcement or support effect.
3.0 Methodology 
3.1 Research Design
This study adopted a retrospective panel research design utilizing secondary data collected by the Uganda Bureau of Statistics (UBOS). The design leverages data from two consecutive survey waves — Panel 2021/2022 and Panel 2022/2023 — enabling an examination of temporal changes in household financial behavior, particularly loan repayment dynamics. A retrospective panel approach is appropriate for this study because it allows for observing behavioral consistency and change over time within the same households, thereby strengthening causal inferences about factors influencing loan repayment.
This study is grounded in Financial Capability Theory (Sherraden, 2010), which argues that loan repayment depends on both individual abilities—knowledge, skills, and attitudes—and opportunity structures such as access to resources, networks, and institutions. By focusing on capability rather than only financial literacy, the theory highlights the combined role of cognitive and contextual factors in financial decisions. Therefore, this study examines how loan utilization, social networks, and household characteristics—as dimensions of financial capability—shape repayment outcomes.
3.2 Data Source and Sample
The study utilized panel data from the Uganda Bureau of Statistics (UBOS), covering households that participated in both survey rounds (2021/2022 and 2022/2023). The final balanced sample comprised 3,173 households, ensuring consistency in longitudinal analysis. These nationally representative datasets capture a broad spectrum of household characteristics, including demographic, economic, and social dimensions, making them suitable for assessing financial behavior across time.
The use of secondary panel data enhances the study’s reliability and generalizability since UBOS employs rigorous sampling procedures and data validation protocols. Panel data also facilitate controlling for unobserved heterogeneity—household-specific characteristics that remain constant over time but may influence repayment outcomes, such as risk preferences or cultural attitudes toward debt.
3.3 Variables and Measurement
Loan Repayment (Dependent Variable)— a binary outcome variable indicating whether a household repaid its loan in full (coded as 1) or failed to repay (coded as 0). Loan Utilization (Independent Variable) — measured by categorizing whether the loan was used for productive purposes (e.g., investment in agriculture, business, or education) or consumptive purposes (e.g., household consumption, ceremonies). 
Productive loan use is expected to strengthen repayment capacity by generating income, aligning with capability theory’s focus on effective resource use. Social networks—measured through membership in savings groups, cooperatives, or community associations—serve as opportunity structures that provide information, emotional support, peer monitoring, and informal finance, all of which can improve repayment behavior. Household characteristics—including age, sex, marital status, education, household size, employment, residence, and asset ownership—shape both the ability (knowledge, discipline, financial skills) and opportunity (stable income or collateral access) dimensions of financial capability.
3.4 Analytical Framework
The analysis employed panel data econometric models, which combine cross-sectional and time-series dimensions. This approach allows for identifying the dynamic relationship between loan utilization and repayment behavior while accounting for unobserved household-specific effects. The baseline empirical model is specified as:
                    Rit=β0+β1LoanUtilizationit+β2SocialNetworkit+β3HouseholdCharit+μi+ϵit………Eq 3
Where:
· Rit — denotes the repayment status of household i at time t,
· LoanUtilizationit—represents the purpose for which a loan was used,
· SocialNetworkit —​ captures the household’s level of social connectedness,
· HouseholdCharit—​ includes socio-demographic and economic attributes,
· μi —represents unobserved household-specific effects, and
· ϵit — is the idiosyncratic error term.
Before running the main analysis, the researcher checked whether the model was well-specified—that is, whether it could generate reliable predicted probabilities of debt repayment. The Linearized Hat-Square Test helps assess this by examining whether the model’s predicted values systematically deviate from the actual outcomes.
The test produces two key pieces of information:
(i) Hat-term coefficient – This shows whether the model’s predictions are meaningfully related to the actual dependent variable.
· Although the numerical estimate of the coefficient is 1.081, the confidence interval includes zero (–0.269 to 0.170), meaning the coefficient is not statistically different from zero.
· In simple terms, this means there is no evidence of misspecification: the model’s predictions do not show any systematic pattern of error.
(ii) Constant term – This captures any unexplained average bias in the predictions.
· The constant is very small (0.028) and statistically insignificant, indicating that the model does not systematically over-predict or under-predict repayment probabilities.
Overall interpretation:
Because neither the hat-term coefficient nor the constant is statistically significant, the model passes the Linearized Hat-Square specification test. This suggests that the model is appropriately specified, and the predicted probabilities are reasonably accurate for the purposes of subsequent analysis.

3.5 Justification for for choosing a static over dynamic model specification.

A static model specification was deemed appropriate because the study focused on contemporaneous relationships between loan utilization, household characteristics, and repayment performance, rather than on persistence or path-dependence in default behavior consistent with guidance (Baltagi, 2008). Secondly, the two-wave panel is  relatively short, limiting the reliability of dynamic estimators that may  require longer panels as observed by (Wooldridge, 2010). Besides, dynamic probit models introduce additional complexity and potential bias as identified by (Heckman, 1981; Rabe-Hesketh & Skrondal, 2008). A static probit model therefore offers a more parsimonious and robust approach for estimating key determinants of repayment (Cappellari & Jenkins, 2004).
3.6 Ethical Considerations
The study used publicly available, anonymized secondary data from UBOS, ensuring compliance with ethical research standards. No direct contact was made with respondents. Data use followed UBOS’s data-sharing policy, maintaining confidentiality and integrity throughout the research process.

4.0 Results 
4.1 Descriptive statistics 
[bookmark: _Ref211435958][bookmark: _Toc202996959][bookmark: _Ref209794803]Table 1:Descriptive statistics for household debt repayment behavior
	Variable
	N
	Mean
	SD
	Min
	Max

	Household debt default 
	3173
	0.447
	0.497
	0
	1

	Household debt repayment
	3173
	0.553
	0.497
	0
	1

	Experiencing payment anxiety
	
	
	
	
	

	· No
	3173
	0.560
	0.496
	0
	1

	· Yes 
	3173
	0.440
	0.496
	0
	1

	Sex
	
	
	
	
	

	· Female Household head 
	3172
	0.322
	0.467
	0
	1

	· Male Household head 
	3172
	0.678
	0.467
	0
	1

	Level of  Education of  HH Head
	
	
	
	
	

	· No formal education
	3134
	0.120
	0.325
	0
	1

	· Some primary
	3134
	0.401
	0.490
	0
	1

	· Completed primary
	3134
	0.169
	0.375
	0
	1

	· Some secondary
	3134
	0.143
	0.350
	0
	1

	· Completed secondary
	3134
	0.080
	0.271
	0
	1

	· Post-secondary plus
	3134
	0.086
	0.281
	0
	1

	Status of Employment
	
	
	
	
	

	· Nonfarm wage employment
	2858
	0.148
	0.356
	0
	1

	· Farm wage employment
	2858
	0.077
	0.266
	0
	1

	· Nonfarm self-employment
	2858
	0.285
	0.451
	0
	1

	· On farm employment
	2858
	0.188
	0.390
	0
	1

	· subsistence work
	2858
	0.238
	0.426
	0
	1

	· Unemployed/Not in Labor force
	2858
	0.065
	0.246
	0
	1

	Purpose of the loan
	
	
	
	
	

	· Consumptive-purpose of loan 
	3173
	0.759
	0.428
	0
	1

	· Productive-Purpose of loan
	3173
	0.241
	0.428
	0
	1

	Residence
	
	
	
	
	

	· Rural
	3173
	0.779
	0.415
	0
	1

	· Urban
	3173
	0.221
	0.415
	0
	1

	Dwelling type
	
	
	
	
	

	· House
	3172
	0.755
	0.430
	0
	1

	· Muzigo
	3172
	0.102
	0.303
	0
	1

	· Hut
	3172
	0.138
	0.345
	0
	1

	Type of roof
	
	
	
	
	

	· Temporary roof
	3171
	0.269
	0.443
	0
	1

	· Permanent roof
	3171
	0.731
	0.443
	0
	1

	Type  of floor
	
	
	
	
	

	Temporary floor
	3171
	0.619
	0.486
	0
	1

	Permanent  floor
	3171
	0.381
	0.486
	0
	1

	Household head age
	3172
	45.019
	13.528
	18
	103



Table 1 shows that approximately 55.3% of households successfully repaid their loans, while 44.7% defaulted. The relatively high rate of default suggests that debt repayment remains a significant challenge among households. This may be attributed to factors such as income instability, multiple borrowing, or loans utilized for consumption rather than productive purposes. The data show that 75.9% of loans were for consumptive purposes (such as food, medical expenses, or ceremonies), while only 24.1% were for productive activities (such as business or agriculture). This dominance of consumption loans may limit households’ ability to generate income for repayment, thereby increasing default risks. About 44% of households reported being anxious about loan payment, while 56% were not anxious. This finding implies that a considerable proportion of household’s experience psychological and financial stress related to debt repayment, potentially influencing repayment performance and future borrowing behavior. Results reveal that 67.8% of households are headed by males, while 32.2% are headed by females. This gender imbalance may influence financial decision-making and access to credit, as male-headed households often have higher income levels and asset ownership. The average age of household heads is approximately 45 years (SD = 13.53), with ages ranging from 18 to 103 years, suggesting that the sample captures both young and elderly household heads. Education plays a key role in financial literacy and credit management. The findings show that 88% of household heads had some formal education, while 12% had no formal education. This distribution reflects a generally low educational attainment among household heads, which may limit their financial decision-making capacity.  The descriptive results indicate that 28.5% of household heads were engaged in non-farm self-employment, 23.8% in subsistence work, and 18.8% in on-farm employment. Meanwhile, only 14.8% were in non-farm wage employment, and 7.7% in farm wage employment. About 6.5% were unemployed or not in the labor force, indicating a notable level of underemployment that may affect repayment capacity. Most households (77.9%) reside in rural areas, compared to 22.1% in urban areas. Rural households often face limited access to formal credit and financial institutions, which may affect repayment structures. In terms of housing type, 75.5% of households live in a house, 13.8% in a hut, and 10.2% in a muzigo (rented room). Regarding roofing, 73.1% of households have permanent roofs, while 26.9% have temporary roofs. For flooring, 61.9% of households have temporary floors and 38.1% have permanent floors. These indicators reflect the general living standards of households and may serve as proxies for economic welfare and creditworthiness.







4.2 Correlation Analysis and Marginal Effects
[bookmark: _Ref211436066][bookmark: _Toc202996964]Table 2:Pairwise correlation  household characteristics  and  loan utilization 
	Variables
	Loan utilization

	Registered bank account
	0.315*

	Financial tech
	0.221*

	Social networks
	-0.081*

	Sex (male)
	0.021

	Age
	0.025

	Education level
	0.331*

	Urban location
	0.276*

	Dwelling type
	-0.050*

	Permanent floor
	1.000*

	Permanent roof
	0.416*

	Employment status
	-0.169*

	Anxious  about failure to pay
	-0.083*

	Wave 2023
	0.018


Standard errors in parentheses: *** p<0.01, ** p<0.05, * p<0.1


[bookmark: _Ref211726114]Table 3: Marginal effect of Purpose  of loans on household debt repayment behavior
	VARIABLES
	Failure to pay
	Se

	Purpose of the loan
	-0.0617**
	(0.0297)

	Sex of  HH head (male)
	-0.0283
	(0.0277)

	Age of HH head
	0.0102
	(0.00733)

	Age squared
	-0.00822
	(0.00727)

	Household size
	0.00969**
	(0.00490)

	Location (urban/rural)
	-0.0210
	(0.0313)

	Employment status
	
	

	Farm wage employment
	0.145***
	(0.0526)

	Nonfarm self-employment
	0.0280
	(0.0392)

	On farm employment
	0.0339
	(0.0531)

	subsistence work
	0.0514
	(0.0418)

	Unemployed/Not in Labor force
	0.0369
	(0.0620)

	Economic shock
	0.0577**
	(0.0246)

	Residence type
	
	

	Muzigo
	0.0960**
	(0.0420)

	Hut
	0.147***
	(0.0406)

	2023.wave
	-0.0595***
	(0.0225)


Standard errors in parentheses: *** p<0.01, ** p<0.05, * p<0.1

In Table 2 we  find a statistically significant negative correlation (r = –0.078, p < 0.1), suggesting that households that utilize their loans productively default less on their obligations.  Additional findings from marginal effects estimation model in Table 3 support this result. A one-unit increase in productive loan utilization would reduce the payment default probability by 6.17%, (p < 0.01). This strong marginal effect provides evidence for the support of the hypothesis that productive loan utilization improves debt repayment compliance. Conversely, other factors remaining constant, poor or non-productive loan utilization is associated with a higher probability of default or delayed repayment. This result is consistent with previous research that has emphasized that productive utilization of borrowed funds will generate a stream of cash flow that can be used to finance loan repayment (Kaur & Kaur, 2018; Kebede et al., 2016; Thazhugal Govindan Nair, 2020).
H1 supported: Productive loan utilization improves household repayment performance.
Additionally, a negative correlation is observed between social networks and loan utilization (r = -0.081; p<0.1), suggesting that stronger social ties are associated with lower reliance on formal loans, hence lower productive loan utilization for stronger networks. This could be because households with active social networks may access informal credit or mutual financial support from relatives and peers, reducing the need for formal loan utilization. This finding is consistent with (Adbi et al., 2024; Ding & Elahi, 2025) who observed that social networks can enable borrowers to invest loans more productively. Relatedly, (Wydick et al., 2011) affirms that social relationships play a key role as regards access to information most especially in dispersions where development of human capital and financial assets is under developed.
                       H2 supported: Strong social networks will influence household loan utilization 
As regards education results reveal a strong positive and significant correlation (r = 0.331; p<0.1) with loan utilization. Educated household heads are more likely to understand loan procedures, evaluate risks, and allocate borrowed funds productively. This aligns with empirical evidence showing that financial literacy and education enhance borrowing efficiency and repayment performance (Kaiser et al., 2022; Lusardi & Mitchell, 2014; Mitchell & Lusardi, 2015). 
H3 supported: Education level of the household head influences household loan utilization  
Results further reveal a strong association (r = -0.050; p<0.1) between the household dwelling type and loan utilization. Specifically, households living in less permanent housing structures are less likely to utilize loans for. Similarly, households with permanent floors (r = 1.000; p<0.1) and permanent roofs (r = 0.416; p<0.1) show higher productive loan utilization, suggesting that housing quality may serve as a proxy for household wealth and creditworthiness. These results are consistent with findings by (White & Alam, 2013), who found a nexus between  asset ownership and improved debt repayment.

H4 supported: Households living in lower-quality dwellings (e.g., huts or temporary floors) are more likely to divert loans from intended purpose.

Lastly, the negative correlation between employment status and productive loan utilization (r = -0.169; p<0.1) indicates that unemployed or informally employed households are less likely to productively utilize loans. Employment stability enhances loan eligibility, repayment capacity, and confidence in engaging with financial institutions. Informal sector workers often face credit rationing due to lack of collateral or verified income (Stiglitz & Weiss, 1981). The association between sources of income and loan utilization is consistent with (Ameh & Lee, 2022) who found a correlation between income sources and loan use among small rice farm holders in Nigeria. 
H5 supported: Households engaged in less stable forms of employment (farm wage, casual labor and unemployed) have a higher propensity to productively utilize loans and comply with debt repayment.
5.0 Discussion  
Recent global studies affirm that financially capable households tend to allocate loans to productive ventures—such as business investment or asset acquisition—rather than consumption smoothing, thereby improving repayment performance and long-term resilience (Sun et al., 2022). When analyzed together, both the correlation Table 2 and marginal effect Table 3 results reveal a consistent pattern: loan utilization quality is a key determinant of repayment success (H1). 
From a theoretical standpoint, the correlation (−0.078) captures the general behavioral association between utilization and repayment. The marginal effect (−0.0617) isolates the specific contribution of productive utilization, controlling for other household characteristics. These results demonstrate that financial capability acts as a transformative asset, enabling households to turn credit access into sustainable financial outcomes. Households that possess both financial knowledge and institutional access are better equipped to identify productive investment opportunities, manage risk, and sustain repayment over time. This is consistent with (Ajzerle et al., 2013) who  found  people with greater financial capability more likely to use debt effectively.
Social networks and loan utilization (H2). A negative correlation between social networks and loan utilization can be interpreted several ways consistent with the financial capability theory: strong networks may substitute for formal borrowing (family transfers reduce need to borrow), or social norms within networks may discourage formal loan uptake or productive investment. Alternatively, holding other factors constant, if networks provide consumption smoothing, households may postpone formal productive loans. This negative sign highlights the dual role of networks as both social insurance and potential constraint on formal financial engagement. Besides (Dufhues et al., 2010) found no significant evidence linking social networks to loan repayment performance in Thailand. 
Education and loan utilization (H3). The finding of a strong positive correlation between education and loan utilization supports the ability channel in the financial capability theory— education correlates with higher financial knowledge and planning capacity, which encourages productive loan use and better loan management. This reinforces interventions combining access with capability-building (financial education).
Housing quality and loan utilization (H4): Strong positive association between durable housing indicators and loan utilization suggests that households with better assets (a proxy for wealth or collateral) are more engaged with formal finance and more likely to use loans productively. These variables reflect both opportunity (access to collateral) and ability (economic stability). Use asset controls when modeling causal impacts.
Employment status and loan utilization (H5). A negative correlation here could reflect that unemployed or irregularly employed households either avoid formal loan utilization (due to lack of collateral/income) or conversely, that those with formal employment may access other saving/borrowing mechanisms. Interpretation depends on coding: if employment status = employed and coefficient negative, consider whether employed households rely less on credit (self-finance), or whether employment is correlated with different types of loans. Either way, employment interacts with both ability (income smoothing, planning) and opportunity (formal employer-linked credit).
6.0 Conclusion, Limitations and future research
6.1 Conclusion
Overall, the study underscores that productive loan utilization—anchored in financial capability and inclusion—serves as a cornerstone of family financial resilience and loan repayment. By promoting informed decision-making, stable income generation, and formal financial participation, households can minimize default risk and build sustainable financial well-being.
Policy Implications: Financial capability development—Policymakers should embed financial education and behavioral interventions into community-based programs to enhance informed borrowing and responsible utilization. Strengthening financial resilience: Programs promoting savings, insurance, and investment among low-income households can reduce dependence on informal credit and enhance repayment capacity. Inclusive finance infrastructure: Expanding access to formal banking and digital finance platforms will increase the reach of productive credit and reduce vulnerability to loan misuse. Besides (Agu et al., 2024; Yue et al., 2021) identify information technology a strong tool for effective financial inclusion and risk mitigation. 
Theoretical Implications: The results validate Financial Capability Theory, showing that informed and confident borrowers achieve better repayment outcomes and enhanced resilience. The findings also extend the Family Financial Resilience model, demonstrating that credit utilization is not merely a financial act but a resilience-building process mediated by knowledge, access, and social capital. 
6.2 Limitations and future research
This study has several limitations which may be considered together with its contributions. First, pairwise correlations and marginal effects are suggestive but not definitive causal estimates. Where possible, future studies may exploit exogenous variation (instrumental variables, randomized disbursement methods, or natural experiments) to identify other causal impacts loan utilization and repayment. Secondly, further exploration of heterogeneity by gender, location, etc may provide deeper insights. Thirdly the negative association of social networks with productive use calls for an expanded set of measures to include aspects like obligations, remittance flows, norms about sharing, and network position etc.
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