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Abstract
	Aims: This study examines the economic and occupational effects of the Rice Tariffication Law (RTL) on rice farmers in the Philippines, estimating its impact on income, occupational mobility, and income distribution between beneficiaries and non-beneficiaries using microsimulation and logistic regression.

Study Design: A quantitative econometric analysis employing microsimulation modeling and multinomial logistic regression to assess the ex-ante effects of RTL on farmers’ income, expenditures, and occupational decisions.

Place and Duration of Study: The analysis uses nationally representative data from the 2018 Family Income and Expenditure Survey (FIES) and simulates income and occupational changes from 2018 to 2021.

Methodology: The study applies microsimulation techniques and logistic regression models to estimate RTL’s impact on household income and occupational shifts among wage workers, rice farmers, non-rice farmers, and the unemployed. A Heckman two-step model addresses selection bias. The simulation incorporates Rice Competitiveness Enhancement Fund (RCEF) provisions on mechanization, seed distribution, and credit support.

Results: Beneficiary rice farmers experienced an estimated 52% increase in income, while non-recipients saw a 19% decline. Regions II, VI, CARAGA, III, and IV-B recorded the highest gains (16%–60%). Occupational analysis shows that about 3,000 non-rice farmers shifted into rice farming after RTL implementation. Income, education, marital status, and number of children were significant predictors of occupational choice.

Conclusion: RTL substantially improved the income of beneficiary rice farmers but negatively affected non-recipients. Strengthening and localizing RCEF implementation, alongside expanding microfinancing programs through LBP and DBP, is recommended to ensure equitable support. Continued policy refinement and broader rural investment are essential for sustaining farmer welfare and promoting inclusive agricultural growth.
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1. INTRODUCTION

Rice remains a vital global staple, accounting for 20 percent of total daily consumption worldwide (Durand-Morat et al., 2020). In Southeast Asia, 65 percent of the region’s 1.7 billion people live in rural areas and depend on agriculture for their livelihood (IRRI, 2017). Globally, annual paddy rice production exceeds 715 million tons, yielding about 480 million tons of milled rice. Despite this high volume, the international rice market remains vulnerable because most countries rely heavily on their domestic supply. This dependence contributes to significant price volatility, prompting many Asian nations to impose strict rice importation policies to protect local producers and safeguard food security (Sugimoto et al., 2014).

At the same time, the broader landscape of global trade has undergone significant structural changes. Recent literature highlights how shifting geopolitical dynamics, evolving supply chains, and increased economic interdependence reshape national trade policies (Puślecki, 2019; Puślecki, 2022a). The COVID-19 pandemic further exposed fragilities in global food and agricultural markets, accelerating discussions on international business policy and food security resilience (Puślecki, 2020; Puślecki, 2022b). These global trends underscore the importance of adaptive domestic reforms, such as rice sector liberalization, to ensure long-term stability and competitiveness within increasingly interconnected markets.

In the Philippines, the rice sector plays a central political and economic role. Studies by Intal et al. (2005), Briones et al. (2015), and Balisacan (1995) consistently emphasize its importance as the country’s primary commodity, staple food, and principal calorie source. However, longstanding productivity challenges persist. Papademetriou et al. (2000) attribute declining rice yields to stagnant fertilizer application and the increasing need for higher fertilizer levels to maintain output. Cassman et al. (1995) further link this decline to the degradation of the paddy resource base. Coupled with a rapidly growing population and unstable domestic production, these issues have caused the Philippines to rely increasingly on rice imports to meet domestic demand (Asian Journal, 2020).

To confront supply instability and recurring rice shortages, the Philippine government enacted Republic Act No. 11203, more commonly known as the Rice Tariffication Law (RTL), in 2019. The RTL replaced the long-standing quantitative restrictions (QRs) on rice imports with a tariff system, allowing private traders to import rice more freely as long as they pay the required tariff rates. A key component of the law is the creation of the Rice Competitiveness Enhancement Fund (RCEF), which allocates tariff revenues to farm mechanization, high-quality seed distribution, credit access, and extension services. The overarching goal of RTL is to stabilize rice prices, increase market supply, and make rice more affordable for consumers. However, the liberalization of rice importation has also intensified competitive pressures on local farmers, who now face lower-priced imported rice in the market. According to Tobias (2019), the surge in imports after RTL implementation may negatively affect farmers’ income, underscoring the importance of strong support programs to ensure their long-term viability.

Existing studies reflect a mix of outcomes. Balie et al. (2020) and Briones (2020) found that RTL improved consumer purchasing power but negatively impacted producer welfare. Estadilla (2022) proposed that tariff revenues under the Rice Competitiveness Enhancement Fund (RCEF) could mitigate these losses by supporting farmers through mechanization, seed distribution, and credit programs. While most literature agrees that trade liberalization increases supply and reduces rice prices, findings diverge on the extent of its impact on rice growers.

Despite these insights, there remains a need for a more comprehensive assessment of RTL’s ex-ante effects, particularly on rice farmers’ income at the consumer level. This study seeks to fill this gap by analyzing both the positive and negative implications of the law, providing evidence-based inputs for policy review and offering well-founded recommendations for improving farmer welfare.

Existing studies on the Rice Tariffication Law (RTL) present a wide range of outcomes affecting both producers and consumers. Balie et al. (2020) highlight the welfare disparity created by RTL, showing that non-rice farmers benefit from lower rice prices while rice growers experience a 7.7 percent decline in welfare. Briones (2020) similarly reports differentiated impacts across labor groups: agricultural workers faced accelerated income decline in 2019, although this slowdown eased after 2021, whereas industry workers experienced an initial drop but later saw stronger income growth. These findings underscore RTL’s uneven sectoral effects.
A number of studies emphasize the adverse consequences of RTL for rice farmers. Tobias (2019) finds that the influx of inexpensive imported rice harmed local rice growers, consistent with the view of Estadilla (2022), who notes that despite negative impacts, tariff revenues under the Rice Competitiveness Enhancement Fund (RCEF) offer a potential compensatory mechanism through support for mechanization, seeds, and credit programs. Microsimulation analyses such as Cororaton et al. (2020) show increases in paddy and rice production, while Balie et al. (2020), using 2015 FIES data, find large reductions in consumer prices (17.4 percent) coupled with substantial drops in producer prices across regions. Briones (2019), using CGE and microsimulation models, further demonstrates that these market shocks increased income poverty among farmers even as lower retail prices benefited poor consumers.
Beyond price and welfare outcomes, other studies investigate the socioeconomic characteristics that influence farmers’ vulnerability to RTL. Casinillo (2019) identifies household size, education, farm area, marital status, and expenses as key determinants of farmers’ income levels. These factors magnify the adverse effects of import surges, as reduced farmgate prices combined with high input costs leave farmers unable to meet basic household needs.
Production trends following RTL further complicate the picture. Although the Department of Agriculture reports yield increases from 2019 to 2021, Matai et al. (2019) argue that while supply grew and prices declined, producers did not benefit proportionately. Several studies (Briones, 2020; Valera, 2020; Cororaton & Yu, 2019) similarly conclude that although the policy creates net gains at the national level, these gains accrue primarily to consumers, importers, and traders rather than to farmers. Earlier work by Cabling (2006), Dalwe (2006), and Moya et al. (2016) also highlights persistent structural constraints—high production costs, limited paddy supply, and chronic rural poverty—which push farmers toward low-wage urban employment (Palis, 2020) and contribute to abandoned farmland.
Recent international literature provides a broader context for understanding RTL within global trade dynamics. Puślecki (2019) argues that shifts in international business structures and global economic integration influence how domestic agricultural sectors respond to trade liberalization. These global shifts, particularly the rise of complex supply chains and bilateral trade agreements, play a critical role in determining which actors benefit from liberalized markets (Puślecki, 2022c). The COVID-19 pandemic further intensified vulnerabilities in global agricultural supply chains, demonstrating that countries with high import dependence—such as the Philippines—face greater risks during global disruptions (Puślecki, 2020; Puślecki, 2022b). These studies underscore the importance of aligning domestic policy reforms, such as RTL, with broader global economic trends to ensure long-term resilience and competitiveness.
The combined literature suggests a common pattern: RTL produces differential impacts across sectors, households, and regions—benefiting consumers through lower prices while placing rice farmers at a disadvantage due to heightened import competition. However, most existing research remains largely descriptive, focusing on price shifts, welfare outcomes, or production trends. There is limited empirical work examining RTL’s ex-ante effects on farmers’ income and occupational mobility using nationally representative microdata. Moreover, no existing study integrates microsimulation with multinomial logistic regression to quantify how economic changes brought by RTL influence farmers’ decisions to remain in agriculture or transition to other occupations.
This study addresses these conceptual and methodological gaps by combining microsimulation and multinomial logistic regression to assess RTL’s ex-ante impacts on income distribution and occupational shifts among rice farmers, providing a more comprehensive and data-driven understanding of the policy’s implications within both domestic and global economic contexts.

2. material and methods 

This study employed a microsimulation model to estimate the ex-ante effects of the Rice Tariffication Law (RTL) on the income and occupational decisions of rice farmers. Microsimulation was selected because it allows for a detailed and household-specific assessment of how policy reforms alter welfare outcomes, particularly when policy features—such as subsidies, machinery distribution, and credit programs—can be directly embedded in the estimation process. Guided by the principles of new trade theory, the model examined how changes in tariffs and market conditions under RTL translated into income adjustments for farming households. The methodological process followed three major stages. First, the specifications of RTL were identified based on the provisions of the Rice Competitiveness Enhancement Fund (RCEF), which outlines several forms of support intended to improve productivity. These include the distribution of various farm machineries by PhilMech, the provision of inbred rice seeds through PhilRice, and financial assistance delivered by the Land Bank of the Philippines (LBP) and the Development Bank of the Philippines (DBP). The model assumed that these interventions would reduce production costs and increase efficiency for farmer-beneficiaries.
The second stage involved integrating these RTL provisions into the microsimulation framework adapted from Dizon (2019), which was originally applied to study the TRAIN Law. Households were grouped based on RTL recipient status, work classification of the household head, specific agricultural industry codes related to rice production, and geographic region. Baseline net income was computed by subtracting total household expenditures from total income prior to RTL adjustments. To address potential sample selection bias in income reporting, the Heckman two-step model was applied to estimate wage and non-wage income components more accurately. Once the baseline income was established, RTL specifications were introduced into the model to simulate changes in overall income during the policy period. In the final stage, the estimated post-RTL income was used in a multinomial logistic regression to predict occupational transitions across four categories: wage work, entrepreneurial rice farming, entrepreneurial non-rice farming, and unemployment. This allowed the study to assess how income variations influenced farmers’ decisions to remain in or exit rice farming.
To ensure the reliability of the microsimulation estimates, several validation procedures were carried out. Internal validation involved comparing baseline simulated incomes with actual reported incomes from the 2018 Family Income and Expenditure Survey (FIES), which showed close alignment and indicated that the model accurately reflected pre-RTL economic conditions. Sensitivity checks were also performed by adjusting key assumptions—such as tariff pass-through rates and productivity gains—ensuring that the results remained consistent even under varying parameter scenarios. Moreover, the direction of simulated price and income effects was cross-checked against empirical findings from studies such as Balie et al. (2020) and Briones (2020), strengthening the credibility of the model.
Despite the robustness of the methodological design, some limitations must be acknowledged. Since the 2018 FIES predates RTL implementation, the study relies on ex-ante simulations rather than actual post-policy data, which may not fully capture real-world behavioral responses. Productivity gains from RCEF interventions were based on documented averages and may not reflect significant regional variation. Additionally, predicted occupational changes represent estimated probabilities and may not account for unmeasured factors such as land access, migration constraints, climate risks, and local market conditions. Finally, the reliance on aggregated household-level income data may underestimate informal earnings among farming households. Nevertheless, the combined use of microsimulation and multinomial logistic regression provides a systematic and transparent approach to evaluating RTL’s expected effects on income distribution and occupational mobility.After applying the filtration process, the next step involves estimating the employment status as either rice farmers or non-rice farmers using probit logistic regression for the selection equation.









Where, s_i^* refers to the selection of an individual to be rice farmers (1) or non rice farmers (0) given a suitable selection based from filtration applied.
The second step was the prediction of the natural logarithm of net income incorporating the estimated employment status. Moreover, this study used an Inverse Mill Ratio (Dizon, 2020) to account for the selection bias in the model. This is given by the equation:



The log of wage, 〖log w〗_mi  of member i of household m is a function of personal characteristics x i.e. age, sex, marital status, region, urban classification, and number of children.The occupational determination of the farmers was composed of four categories such as: (1) Wage (2) Entrepreneurial Rice Farming; (3) Entrepreneurial Non Rice Farming; and (4) Unemployed. The individual farmers household labor supply was estimated using the multinomial logistic regression model which represents the discreet-utility maximizing framework. The estimated equation is shown below:




The   represents the actual individual utility function associated with each occupational choice. The notation   represents the individual’s characteristics such as area of classification (urban/rural), number of children, marital status, gender, education, and estimated income.

After estimating the individual actual utility associated with each occupational choice, the probabilities associated with each occupational choice are estimated which is represented by the equation:








Equations 5 and Equation 6 show the individual probabilities of being in one of the four categories for the reference category (4 = unemployed), and for other reference categories, respectively. The individual changes his occupational status according to his probability, where the individual prefers to work if the utility associated with wage worker is higher than the utility associated with the other activities.

3. results and discussion

The income estimation results in Table 1 show that region, urbanization, and marital status have statistically significant effects on farmers’ net income at the 5% level, while sex and educational attainment do not demonstrate strong significance. Region and education positively influence the logarithm of net income, whereas urbanization, sex, and marital status show negative effects. These findings indicate that farmers located in more productive agricultural regions and those with higher education levels tend to earn more. Meanwhile, rice farmers in highly urbanized areas earn significantly less, likely due to limited access to farmland, higher production costs, and stronger competition for labor.

      Table 1. Heckman Two-Step Estimation Results for Rice Farmers’ Net Income
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	Coefficient
	Standard error

	Dependent Variable: Logarithm of Net Income
	 
	 

	Region
	4900.244***
	945.2352

	Urbanization
	-64245.54***
	15519.39

	Sex HH Head
	-25869.24*
	19428.74

	Marital Status
	-25588.27**
	12928.99

	Highest Grade Completed
	2394.966*
	1770.898

	Constant
	292800.5
	42228.67

	Mill
	0.000
	Wald Chi-Square:  56.39

	rho
	0.000
	Probability  :           0.000

	Sigma
	240285.35
	 


       Note: *p<0.1, **p<0.05, ***p<0.01

These results are consistent with earlier findings by Azam (2016) and Villejo et al. (2014), who noted that households in more developed agricultural regions possess greater opportunities for income advancement, while farmers in urbanized regions face structural barriers to agricultural productivity. The insignificant effect of sex also aligns with Capuno (2019) and Conchada (2019), who report a narrowing gender pay gap in agricultural labor markets.

Marital status has a negative and significant impact on income, suggesting that married individuals face greater household constraints and fewer opportunities for income-augmenting decisions. Monsura (2021) and Lerman (2002) support this finding, noting that married individuals often prioritize job stability over income-enhancing occupational shifts. Education, though statistically weak, exhibits a positive coefficient consistent with human capital theories by Mincer (1958), Becker (1962), and Schultz (1961).

Table 2 presents the estimated household income before and after RTL implementation, showing substantial income gains in Regions II, VI, XIII, III, IVB, X, and I. These are predominantly rice-producing regions with irrigated systems and favorable agro-climatic conditions, which amplify the benefits of RCEF interventions. On the other hand, NCR, BARMM, VII, and XI experienced income declines, reflecting their lower dependence on rice farming and limited access to RTL benefits.

 Table 2. Microsimulation-Based Estimates of Household Income Before and After the Rice Tariffication Law
	Region
	Based Period
	Estimated Period
	Change

	II (Cagayan Valley)
	19,882,150.00
	31,962,920.00
	60.76

	VI (Western Visayas)
	24,893,822.00
	36,774,405.00
	47.73

	XIII (CARAGA)
	11,769,373.00
	15,323,605.50
	30.20

	III (Central Luzon)
	43,161,264.00
	52,956,945.10
	22.70

	IVB (MIMAROPA)
	28,684,372.00
	33,874,984.30
	18.10

	X (Northern Mindanao)
	9,179,536.00
	10,725,020.50
	16.84

	I (Ilocos Region)
	30,734,909.00
	35,601,184.40
	15.83

	VIII (Eastern Visayas)
	6,685,517.00
	7,473,130.40
	11.78

	XII (SOCCSKSARGEN)
	14,146,292.00
	15,699,444.50
	10.98

	IVA (CALABARZON)
	3,627,442.00
	3,780,716.45
	4.23

	CAR
	52,674,480.00
	54,437,492.04
	3.35

	V (Bicol Region)
	10,279,790.00
	10,548,307.88
	2.61

	IX (Zamboanga Peninsula)
	13,937,028.00
	14,298,924.56
	2.60

	XI (Davao Region)
	31,470,045.00
	29,267,141.85
	-0.07

	VII (Central Visayas)
	2,233,878.00
	1,921,135.08
	-0.14

	National Capital Region
	210,805.00
	143,347.40
	-0.32

	BARMM
	1,993,269.00
	637,846.08
	-0.68

	Total Household Net Income
	305,563,972.00
	355,426,551.04
	0.16

	Recipient Status

	Rice Farmers
	305,563,972.00
	463,009,018.00
	0.52

	Non-Rice Farmers
	399,502,424.00
	323,922,578.48
	-0.19


  Source: Author’s calculation based on PSA FIES

These results reinforce the findings of Balie et al. (2020), who noted that RCEF interventions significantly improve the welfare of rice-growing households, particularly in rural regions. Cororaton (2004) similarly emphasizes that tariff reductions without subsidies increase poverty—a pattern consistent with the negative outcomes observed for non-rice farmers in NCR and BARMM. Overall, the contrasting income trajectories highlight a distributional imbalance: RTL substantially benefits rice farmers, but non-rice farmers face adverse effects.

To understand how RTL affects labor allocation, the multinomial logistic regression model estimated occupational shifts. Table 3 provides the detailed results. Negative coefficients for region, sex, and age indicate that individuals in higher regions, older age groups, or male-headed households show lower probabilities of choosing wage or farming occupations compared to unemployment. These findings align with Colombo (2010), who notes demographic barriers to employment transitions, and Das (2012), who emphasizes skill constraints.

Table 3. Multinomial Logistic Regression Estimates of Farmers’ Occupational Choice After RTL
	[bookmark: _Hlk143224170]Dependent Variable: 
	Coef.
	Std. Err.
	z

	Workers Occupational Choice
	
	
	

	1-      Wage Workers

	Net Income
	0*
	0
	0.35

	Region
	-0.0040509**
	0.0016968
	-2.39

	Urbanization
	0.020173*
	0.0161529
	1.25

	No. Children
	0.0242138***
	0.0242138
	4.44

	Sex of HH Head
	-1.442759***
	0.0196091
	-73.58

	Age of HH Head
	-0.0885943***
	0.0006678
	-132.7

	Marital Status of HH Head
	0.2131413***
	0.0148495
	14.35

	Education
	0.0044208*
	0.0027215
	1.62

	Constant
	6.704436***
	0.0577689
	116.06

	2-      Entrepreneurial Non-Rice Farming

	Net Income
	0***
	0
	39.77

	Region
	0.0243732***
	0.0017066
	14.28

	Urbanization
	0.6319132***
	0.0167136
	37.81

	No. Children
	0.0511153***
	0.0054963
	9.3

	Sex of HH Head
	-0.9727304***
	0.0195698
	-49.71

	Age of HH Head
	-0.0539204***
	0.000653
	-82.57

	Marital Status of HH Head
	0.1554935***
	0.0151697
	10.25

	Education
	-0.0216841***
	0.0027033
	-8.02

	Constant
	2.978808***
	0.05735
	51.94

	
3-      Entrepreneurial Rice Farming

	Net Income
	0***
	0
	35.78

	Region
	-0.0309162***
	0.0030446
	-10.15

	Urbanization
	0.7737009***
	0.0320249
	24.16

	No. Children
	-0.0331958***
	0.0100385
	-3.31

	Sex of HH Head
	-1.438753***
	0.0439623
	-32.73

	Age of HH Head
	-0.0423839***
	0.0011589
	-36.57

	Marital Status of HH Head
	0.0204255*
	0.0310047
	0.66

	Education
	0.0101191**
	0.0048593
	2.08

	Constant
	1.365382***
	0.1094111
	12.48

	4-      Unemployed
	(base outcome)


Source: Author’s calculation based on PSA FIES

As the net income increases for married individuals with more children in rural areas and higher regions, there is a higher likelihood of opting for non-rice farming over other occupations. On the other hand, for married individuals with lower numbers of children, higher education, and residing in rural areas, the probability of choosing rice farming increases with a rise in net income. Table 3 presents the anticipated shifts in household occupational status, transitioning from unemployment to various options like wage worker, non-rice farming, and rice farming. These shifts are determined by comparing the utility generated from each occupational choice, with individuals selecting the option that offers the highest level of utility. The probability of joining rice farming and wage sector is more likely to happen when income increases for married, male and living in rural areas having more children.

Table 4 presents the aggregated changes in occupational choices before and after RTL. Most regions show modest but positive shifts toward employment or agricultural entrepreneurship, particularly Regions I, II, III, IVB, VI, and CAR. CALABARZON shows the largest shift, likely due to diverse income opportunities and relatively stronger market integration.

Table 4. Predicted Occupational Mobility of Farmers Derived from the Multinomial Logit Model After RTL Implementation
	Region
	BEFORE RTL
	AFTER RTL
	PERCENTAGE CHANGE

	
	Wage
	Non Rice Farning
	Rice Farming
	Unemployed
	Wage
	Non Rice Farning
	Rice Farming
	Unemployed
	Wage
	Non Rice Farning
	Rice Farming
	Unemployed

	Region I
	2413
	1241
	835
	1403
	2415
	1283
	1331
	1626
	0.00
	0.03
	0.59
	0.16

	Region II
	2733
	2220
	235
	1090
	2761
	2236
	367
	1168
	0.01
	0.01
	0.56
	0.07

	Region III
	5593
	2676
	479
	3059
	5609
	2701
	744
	3279
	0.00
	0.01
	0.55
	0.07

	Region IVA
	3587
	1743
	248
	1775
	3614
	1762
	335
	1929
	0.01
	0.01
	0.35
	0.09

	Region IVB
	3396
	2696
	301
	1556
	3422
	2720
	459
	1682
	0.01
	0.01
	0.52
	0.08

	Region V
	3224
	2786
	290
	1899
	3253
	2822
	434
	2023
	0.01
	0.01
	0.50
	0.07

	Region VI
	4568
	2960
	584
	2568
	4594
	2976
	964
	2770
	0.01
	0.01
	0.65
	0.08

	Region VII
	3716
	2356
	144
	1840
	3729
	2367
	178
	1960
	0.00
	0.00
	0.24
	0.07

	Region VIII
	3807
	3453
	275
	1974
	3844
	3478
	392
	2122
	0.01
	0.01
	0.43
	0.07

	Region IX
	2335
	2181
	193
	1114
	2373
	2218
	288
	1141
	0.02
	0.02
	0.49
	0.02

	Region X
	4221
	2714
	350
	1811
	4271
	2760
	524
	1920
	0.01
	0.02
	0.50
	0.06

	Region XI
	3841
	2348
	454
	1627
	3900
	2422
	673
	1740
	0.02
	0.03
	0.48
	0.07

	Region XII 
	3329
	2617
	305
	1197
	3379
	2644
	441
	1306
	0.02
	0.01
	0.45
	0.09

	Region XIII
	3163
	2477
	287
	1660
	3194
	2504
	432
	1774
	0.01
	0.01
	0.51
	0.07

	NCR
	10190
	2728
	238
	4821
	10191
	2729
	242
	5079
	0.00
	0.00
	0.02
	0.05

	CAR
	3297
	2922
	630
	1689
	3389
	2998
	996
	1817
	0.03
	0.03
	0.58
	0.08

	BARMM
	1680
	4710
	216
	649
	1689
	4722
	316
	666
	0.01
	0.00
	0.46
	0.03


   Source: Author’s calculation based on PSA FIES

These shifts support Dizon’s (2019) proposition that income shocks generated by policy reforms influence household occupational decisions based on utility maximization. Higher incomes, especially for married individuals with children, increase the likelihood of entering wage work or rice farming. The paired t-test confirms statistically significant differences between pre- and post-RTL occupational outcomes, demonstrating that RTL not only altered incomes but also influenced labor-market behavior.

4. Conclusion

The findings of this study demonstrate that the Rice Tariffication Law (RTL) has reshaped the income landscape and occupational patterns of Filipino rice farmers. While the policy has strengthened the economic position of beneficiary rice farmers—especially those in regions with strong irrigation systems and robust agricultural ecosystems—it has also exposed non-rice farmers and farmers in highly urbanized areas to greater economic vulnerability. These contrasting outcomes highlight the uneven effects of the reform and emphasize the need for targeted and equitable policy responses.
Central to mitigating the adverse effects of RTL is the effective implementation of the Rice Competitiveness Enhancement Fund (RCEF). Strengthening RCEF governance is essential to ensure that machinery, seeds, training, and credit support reach farmers without delays or bureaucratic bottlenecks. Establishing localized RCEF offices at the municipal or LGU level can streamline distribution channels, reduce opportunities for corruption, and improve farmers’ access to support services. Additionally, the long-term adequacy of the ₱10-billion annual allocation should be periodically reviewed to determine whether adjustments are necessary in light of rising production costs and demand for services.
Financial support mechanisms also require enhancement. Expanding microfinance programs through DBP, LBP, and accredited cooperatives can improve farmers’ liquidity, sustain their production cycles, and help them manage income fluctuations caused by market competition with imported rice. Likewise, investing in rural industries and off-farm employment opportunities can help farmers diversify their income sources, making them less vulnerable to price shocks in the rice market.
Capacity-building efforts should also be strengthened. Beyond skills training, TESDA and agricultural agencies should incorporate financial literacy, farm business management, and cooperative development modules to help farmers make informed decisions about production, investments, and market participation. Supporting farmer organizations and cluster farming initiatives can also promote economies of scale, improve productivity, and increase market competitiveness.
Finally, continued review of the country’s quantitative restrictions and import policies may be necessary to ensure that domestic producers remain protected while consumers still benefit from affordable rice prices. Future research should also assess the effectiveness of RCEF-credit programs and determine whether their design, allocation, and monitoring systems meet the needs of farmers across different regions.
Overall, sustaining agricultural growth and ensuring farmer welfare under RTL requires a balanced combination of strong institutional support, efficient fund administration, strategic rural investment, and long-term capacity development. By aligning these interventions with farmers’ needs, policymakers can ensure that the benefits of RTL translate into inclusive and resilient agricultural progress.
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Definitions, Acronyms, Abbreviations

Microsimulation: A modeling technique used to estimate the impact of policy changes on individual or household-level outcomes.
Rice Tariffication Law (RTL): Republic Act No. 11203, liberalizing rice importation to stabilize prices while establishing the Rice Competitiveness Enhancement Fund (RCEF).
RCEF: Rice Competitiveness Enhancement Fund, created to support farmers through mechanization, seed development, credit, and extension programs.
FIES: Family Income and Expenditure Survey, a national dataset by the Philippine Statistics Authority.
Heckman Two-Step Model: An econometric method addressing selection bias in sample data.
Multinomial Logistic Regression: A regression model predicting outcomes with more than two categories, such as occupational choices.
2SLS – Two-Stage Least Squares: An econometric technique used to correct for endogeneity by performing two sequential regressions. In this study, 2SLS is applied in the income estimation stage.
.DA: Department of Agriculture.
DBP: Development Bank of the Philippines.
LBP: Land Bank of the Philippines.
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