Enhancing performance within the South African Insurance Sector through Business Intelligence  


Abstract
[bookmark: _Toc181096646]Organizations have acknowledged the significance of making decisions through business intelligence (BI) as it allows them to obtain insights into the business from various viewpoints.
Some studies examined the factors that influence BI usage to enhance organizational performance (OP). However, few developed models for BI usage in the South African insurance sector.
The research focused on creating a model for BI utilization to improve OP in the South African insurance industry. At least 300 participants were sampled and targeted for the study. Therefore, employees of the South African insurance companies were the target group. The target group included professionals from Actuarial Science, Business Intelligence, Compliance, Finance, Human Resources, Information Technology, Operations, and Sales.
The study employed quantitative techniques for data collection from the South African insurance sector. The overall reliability (Cronbach's Alpha) for the constructs was 0.931. The convergent validity of the constructs is demonstrated; the discriminant validity is verified for all constructs. IT Infrastructure, Data Quality, Technology expenses, Support from top management, Organizational size, and Competitive Pressure influenced BI usage. A multiple linear regression analysis was employed to identify the factors influencing the use of business intelligence.
Hypotheses 1(IT infrastructure), 2 (Data Quality), 3(Technology costs), 4 (Top management Support), 5 (Organisation size), and 7(Competitive Pressure)  predicted the factors influencing BI usage, and Hypothesis 8 (BI usage) predicted the BI usage influence on Organizational performance and were all accepted.  Hypothesis 6 (Organisational Culture) predicted the factors influencing BI usage and was rejected. All variables demonstrated confirmed discriminant and construct validity, with the data showing no multicollinearity (1.677 < VIF < 2.912). The model created in the study can be utilized to broaden research in the area of BI usage. The outcomes of this research can aid BI users and decision-makers in the South African insurance sector in improving organizational efficiency and effectiveness.
The results of this study will assist BI users and mainly decision makers within the South African insurance industry to focus on BI usage and how it can enhance organizational efficiency and performance, which might make their organizations achieve a competitive advantage.
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Introduction and background
Organizations have realized the importance of making decisions by using BI because they can gain insights into the business from different perspectives [1], [28]. Furthermore, the effective usage of BI by management may increase organizational competitiveness [33], [10].
Typically, insurance companies work on high volumes of data relating to clients’ demographics, income, spending patterns, historic financial behavior, insurance claim history, etc. To gain a broad and clear view of the whole organization’s ability to maximize its profits, insurance companies need to leverage information technology applications such as business intelligence (BI) to draw better insights from the data they generate; thus obtaining business value [26]. 
Some studies have examined the factors influencing BI usage to enhance organizational performance (OP) in some of the industries [12], [24], [36]. However, few have developed models for BI usage in the South African (SA) insurance sector.
[bookmark: _Toc181096630]The goal of BI is to enhance the timeliness and accuracy of data, enabling managers to gain a deeper understanding of their company’s position relative to competitors. BI tools and technology can be used to analyse shifts in market share, consumer behavior, spending patterns, customer preferences, corporate capabilities, and market conditions. Furthermore, analysts and managers can leverage BI to identify the most effective adaptations to changing trends. 
Insurance companies are information-based; their decision-making is based on current data. This implies that better leverage of BI plays a vital role in their daily decision-making, including gaining a deeper understanding of the organization’s operations, customers, market trends, and competitors, leading to improved performance, efficiency, and competitive advantage [11].  The study aims to develop a model for BI usage to enhance organizational performance (OP). A better OP is paramount for sound decision-making that leads to competitiveness [19], [25].

Research Objectives
This study is set to achieve the following objectives:
The specific objectives are as follows:
1) To identify pertinent factors that influence BI usage and organizational performance within organizations.
2) To identify the interdependencies among the identified factors.  
3) To use the identified factors to develop a model for BI usage to enhance organizational performance in South African insurance companies. 
[bookmark: _Toc181096641]


Literature review
The insurance industry
According to [40], the insurance industry is a sector that provides financial protection to individuals and organizations against potential losses or damages. Insurance companies offer various types of policies such as life, health, property, liability, and car insurance, among others. The basic concept of insurance involves spreading the risk of financial loss among a large group of people who share similar risks. Policyholders pay premiums to the insurance company, which then uses those funds to compensate for any losses incurred by policyholders.
The insurance industry is essential for managing risks and providing financial security for individuals, families, and businesses. It also plays a critical role in supporting economic growth and stability by promoting investment and protecting assets. However, the insurance industry is highly regulated, and insurance companies must comply with a wide range of state and federal laws and regulations. The industry also faces challenges such as rising costs, increased competition, and changing customer demands, among others [40].
The insurance industry is a vital sector of the global economy that protects against financial loss resulting from unforeseen events. The industry is comprised of various segments, including life insurance, health insurance, property and casualty insurance, and reinsurance. In recent years, the global insurance industry has experienced significant growth, driven by factors such as increasing awareness of risk and the need for financial protection, the emergence of new markets, and technological advancements. However, the industry also faces challenges such as changing regulations, demographic shifts, and emerging risks related to climate change [40].
[bookmark: _Toc181096642]According to [13], the mature markets of the United States, Europe, and Japan dominate the global insurance industry in terms of market size. Yet, emerging economies such as China, India, and Brazil are undergoing rapid expansion and are projected to have a more significant impact on the future of the industry. Asia-Pacific is projected to emerge as the fastest-growing insurance market globally, propelled by factors such as growing middle-class populations, increasing disposable incomes, and government efforts to boost insurance uptake. 
Besides traditional insurance products, the industry is changing due to new business models and technologies being introduced. Insurance tech startups are utilizing AI, ML, and blockchain to create new offerings, as traditional insurance firms are focused on digital transformation for better customer service and efficiency. The global insurance sector is instrumentally positive in the global economy by offering financial security and fostering economic stability. As the sector changes, it encounters obstacles and risks; therefore, firms that can adjust and be creative will be set up for success in the future [13].
The Business Intelligence concept
Various definitions of business intelligence (BI) are found depending on the specific context in which it is applied [27]. [7] Point out that BI is a path taken to collect data from a variety of sources for decision-making reasons in an organization. [32] argues that BI is about applying analytical skills to data across different business departments. [31] assert that various components make BI usable. The view of [22 is that BI is not a system or technology, but an umbrella that covers all activities that make BI work.
[3] elucidate that BI systems originated in the late 1990s as a result of advancements in organizational information systems and technologies. These systems are created to aid decision-making procedures by enabling the incorporation and control of both organized and unorganized data; managing vast amounts of data (known as ‘Big Data’); giving users better processing abilities to uncover new information; and presenting analysis solutions, on-the-fly enquiries, reporting, and forecasting. BI systems broaden the user base and facilitate a greater range of decision-making, resembling the original idea of DSS and categorized as part of MSS. The main objective of business intelligence is to offer management with appropriate, precise, and prompt data to aid in strategic decision-making.
Nevertheless, [13] argue that, despite the growth in implementing BI systems over the last twenty years, many organizations have not fully capitalized on these systems and are exploring ways of extracting greater value from them. According to[8], the BI market has experienced substantial growth, with profits amounting to $18.3 billion in 2017 and expected to increase to $22.8 billion by 2020. Despite the increase in BI projects, research shows that more than 70% of these projects do not achieve the anticipated returns or provide significant advantages for organizations [9].
[bookmark: _Toc181096643]In a different 2020 study, [5] point out that companies have placed greater emphasis on information systems over the past few decades. Business intelligence, crucial for decision-support systems, was first named by Peter Luhn in the 1950s. [30] described BI as a system that aids in acquiring, sharing, storing, retrieving, and transmitting fresh information to enhance operations and utilize new technologies. Business intelligence (BI) helps with decision-making and strives to empower efficient and creative management. Howard Dresner made the term “business intelligence” well-known in the late 1980s, defining it as a broad concept encompassing applications, tools, and data analysis that aid in enhancing and optimizing organizational decision-making. BI is a tool that assists in achieving more precise data interpretation [5].
Business Intelligence usage in organizations
[37] recommend that organizations adopt business intelligence (BI) to enhance performance; however, integration with business process management (BPM) is often lacking, despite both initiatives aiming to boost organizational performance. Although some researchers show that implementing BI has a beneficial effect on organizational performance, this effect seems to be indirect. Thus, their research aims to enhance the comprehension of the connection between BI usage and organizational performance.
Aligning BI with BPM initiatives is a potential method of generating business value using BI. This is specifically because BI allows for measuring and managing process performance; thus, focusing the BI initiative more on the business aspect.
[bookmark: _Hlk22834477]As indicated by [16], BI in the South African insurance industry has become part of the arrangement for furnishing the business with the crucial dynamic data necessary to ensure sustainability in building shareholder value. Several studies have been conducted on a variety of sectors to provide more insight into BI use [26], [35]. Even though organizations spend fortunes on BI systems, not all of them see a return on investment, and many of these companies have data challenges [2]. Certain organizations often collect poor data, which makes it difficult to have a single view of data [26].

[6] suggest that the expansion of artificial intelligence (AI) technology has widened the range of business practices, resulting in the rise and utilization of BI, which has enhanced information methods for better business decisions and operations. Nevertheless, there is presently a disagreement and an absence of standards for the technology integrated into BI.

[39] stated that BI is the biggest focus of investment in information technology worldwide. BI is recognized as a modern decision-support system that utilizes advanced technology to gather and analyse data, transforming it into useful information or knowledge. In China, the idea of ‘intelligence’ has surfaced, encouraging the blending of the internet, big data, artificial intelligence, and other modern information technology to drive the expansion of businesses. It is anticipated that information technology advancements will revolutionize global business operations and traditional business models. Nevertheless, previous studies indicate that some businesses may not see an increase in profitability after adopting new information technology, such as business intelligence, and in some cases, they may even lose competitiveness or see less benefit than anticipated [39].
[bookmark: _Toc181096652]Research design and methodology
Research design is a process that includes defined steps that should be followed to conduct a research study [29], [15]. The philosophers found that the purpose of organizing and conducting the research study is to exploit the legitimacy of the results. This research began by clarifying the research questions that prompted this study. From there, the research problem and study objectives were defined, which is to develop a business intelligence model to enhance the organizational performance of South African insurance companies. The study adopted a quantitative approach using a survey strategy. A random sampling method was applied, and a closed-ended questionnaire was used to collect data. After data collection, the questionnaires were coded and recorded in the statistical package for social scientists (SPSS) for analysis. The data were analyzed quantitatively.
[bookmark: _Toc181096662]Sampling technique
In this study, the researcher used a random sampling technique; however, the participants of the study will only be those who use BI for decision-making. The number of participants was determined using the formula:

N > 50  +  8m

where N is the sample size, and m is the predictor variable [38]. At least 300 participants were required to complete the questionnaires based on the above formula.
The target group for this study was employees of South African insurance companies. Participants included employees from actuarial science, business intelligence, compliance, finance, human resources, information technology, operations, and sales.
[bookmark: _Toc181096658]Research strategy
The research strategy that was used in this study is the survey method. In general, a survey involves the collection of information from individuals (through mailed questionnaires, telephone calls, personal interviews, etc.) about themselves or about the social units to which they belong [18]. 

Due to a presumably high number of participants in this study, a survey strategy was implemented at two South African insurance companies. In this situation, closed-ended surveys were utilized for gathering data.
Data collection method
Using a questionnaire during this study allowed the researcher to reach many participants easily and affordably. Upon developing it, the questionnaire was distributed using email, and some participants were messaged on social media platforms such as SurveyMonkey, where professionals in different geographical areas could be found at the click of a button. This improved the results and the quality of information gathered because there is a small room to make mistakes when capturing the data. All participants in this platform kept their profiles current, which was a great benefit to the study. 
The use of online and mobile devices for distribution and result retrieval was made possible by the adoption of closed-ended questions. Irrespective of the location, it was able to connect with anyone who is currently employed by an insurance institution in South Africa. 
In addition, by using closed-ended questions, concerns about confidentiality, anonymity, and time constraints were removed, making participants feel more at ease, thus promoting participation.
Results
[bookmark: _Toc181096669]Respondents demographics
Table 1 indicates the demographics of the respondents who participated in the data collection.
[bookmark: _Toc181093661]Table 1. The Demographics of the Respondents 

	Business Unit
	
	

	Actuarial
	10
	3.3%

	Business Intelligence
	10
	3.3%

	Compliance
	10
	3.3%

	Finance
	28
	9.3%

	Human Resources
	20
	6.7%

	Information Technology
	60
	20.0%

	Operations
	80
	26.7%

	Sales
	14
	4.7%

	Other
	68
	22.7%

	Sex
	
	

	Male
	114
	38.0%

	Female
	186
	62.0%

	Organizational Structure
	
	

	Hierarchical
	62
	20.7%

	Team-based
	122
	40.7%

	Divisional
	38
	12.7%

	Network
	32
	10.7%

	Line
	16
	5.3%

	Other
	30
	10.0%

	Age
	
	

	Less than 25 years
	18
	6.0%

	26-35 years
	74
	24.7%

	36 – 45 years
	152
	50.7%

	46 – 55 years
	38
	12.7%

	More than 55 years
	18
	6.0%

	Type of Employment
	
	

	Permanent
	228
	76.0%

	Temporary
	14
	4.7%

	Fixed Term/Contract
	44
	14.7%

	Other
	14
	4.7%

	Employment Position
	
	

	Administrator
	38
	12.7%

	Analyst
	14
	4.7%

	Auditor
	2
	0.7%

	Consultant
	44
	14.7%

	Developer
	24
	8.0%

	Executive
	20
	6.7%

	Middle Manager
	44
	14.7%

	Senior Manager
	26
	8.7%

	Specialist
	52
	17.3%

	Supervisor
	16
	5.3%

	Team Leader
	20
	6.7%

	Number of Years with current firm
	
	

	2 years or less than 2 years
	62
	20.7%

	3 – 5 years
	70
	23.3%

	6 – 10 years
	76
	25.3%

	More than 10 years
	92
	30.7%

	BI User experience
	
	

	Yes
	300
	100%

	No
	0
	0%

	Firm Size
	
	

	Number of Employees greater than 500
	174
	58.0%

	Number of employees is less than 500 but greater than 50
	64
	21.3%

	Number of employees less than 50
	62
	20.7%



[bookmark: _Toc181096670]This discussion of the demographic information is based on Table 1. Three hundred respondents completed the questionnaire accurately. Most respondents were from the operations department (26.7%; n = 80). More females completed the questionnaire (62.0%; n = 182). Additionally, most respondents who completed the questionnaire were from a team-based organizational structure (40.7%; n = 122). The age range of most respondents who completed the questionnaire was from 36 – 45 years (50.7%; n = 152). More permanent staff completed the questionnaire (76.0%; n = 228). More specialists completed the questionnaire (17.3%; n = 52). Respondents who have been in the firm for more than ten years completed the questionnaire (30.7%; n = 76). All the respondents have a BI user experience (100%; n = 300). The firm size of most respondents is the range of employees ˃ 500 (58.0%; n = 174).
[bookmark: _Toc181096671]Composite reliability and convergent validity analysis
[21] Propose the assessment of goodness-of-fit indications. These assessment standards are: (a) the factor loadings are significant and (b) the composite reliability (CR) of all factors is greater than 0.7. Also, (c) Average variance extracted (AVE) is higher than 0.5. 
Moreover, if AVE is less than 0.5, but composite reliability is higher than 0.6, then the convergent validity of the constructs is satisfied [20], [17]. As shown in Table 2, most of the factors have a CR value greater than 0.7 with an  AVE less than 0.5, except for Competitive Pressure with AVE = 0.504. Consequently, convergent validity is satisfied.
The maximum share variance (MSV), which is the square of the highest correlation coefficient, was also computed. The results indicate that the items are reliable as such; convergent validity is satisfied.
[bookmark: _Toc181093663]Table 2. Estimation of LF, AVE, and MSV

	Constructs/Items
	LF
	AVE
	CR
	MSV

	
	
	
	
	

	IT Infrastructure
	
	0.405
	0.731
	0.438

	B1
	0.625
	
	
	

	B2
	0.694
	
	
	

	B3
	0.633
	
	
	

	B4
	0.589
	
	
	

	Data Quality
	
	0.464
	0.773
	0.319

	C1
	0.736
	
	
	

	C2
	0.553
	
	
	

	C3
	0.639
	
	
	

	C4
	0.773
	
	
	

	Technology Costs
	
	0.353
	0.679
	0.347

	D1
	0.642
	
	
	

	D2
	0.423
	
	
	

	D3
	0.699
	
	
	

	D4
	0.575
	
	
	

	Top Management Support
	
	0.429
	0.749
	0.419

	E1
	0.621
	
	
	

	E2
	0.619
	
	
	

	E3
	0.721
	
	
	

	E4
	0.652
	
	
	

	Organizational Size
	
	0.375
	0.704
	0.416

	F1
	0.599
	
	
	

	F2
	0.600
	
	
	

	F3
	0.697
	
	
	

	F4
	0.541
	
	
	

	Organizational Culture
	
	0.428
	0.747
	0.416

	G1
	0.573
	
	
	

	G2
	0.594
	
	
	

	G3
	0.684
	
	
	

	G4
	0.751
	
	
	

	Competitive Pressure
	
	0.504
	0.802
	0.498

	H1
	0.700
	
	
	

	H2
	0.793
	
	
	

	H3
	0.703
	
	
	

	H4
	0.635
	
	
	


[bookmark: _Toc181096672]Discriminant validity and multicollinearity
According to [20], discriminant validity is said to be satisfied if these conditions are met: (a) The correlation coefficient of the two determinants is less than the average variance (AV) [16] (b) The correlation coefficient of the two determinants is less than the individual Cronbach Alpha value and (c) The correlation coefficient between the two determinants is less than 1. The AV is the square root of the corresponding AVE.
Table 3 depicts the average variance (AV), the Cronbach Alpha value (σ), and the variance inflation factor (VIF).
[bookmark: _Toc181093664]Table 3. Estimation of AV, VIF, and Cronbach Alpha (Discriminant Validity Test)

	
	Trans B
	Trans C
	Trans D
	Trans E
	Trans F
	Trans G
	Trans H
	AV
	Σ
	VIF

	Trans B
	0.441
	
	
	
	
	
	
	0.636
	0.838
	2.131

	Trans C
	
	0.565
	
	
	
	
	
	0.681
	0.775
	1.677

	Trans D
	
	
	0.589
	
	
	
	
	0.594
	0.711
	2.112

	Trans E
	
	
	
	0.597
	
	
	
	0.655
	0.887
	2.780

	Trans F
	
	
	
	
	0.645
	
	
	0.612
	0.674
	2.430

	Trans G
	
	
	
	
	
	0.705
	
	0.654
	0.804
	2.425

	Trans H
	0.598
	0.823
	0.049
	0.002
	0.654
	0.018
	0.000
	0.710
	0.889
	2.912



According to Table 3, the correlation coefficient between the two determinants is less than 1. Moreover, the correlation coefficient of the two determinants is less than the individual Cronbach's Alpha value (σ). Thus, discriminant validity is confirmed for the constructs.
Multicollinearity defect occurs when the inner meanings of the variables become very close to one another. Therefore, the estimation of the variance inflation factor must be carried out. The maximum acceptable value for VIF is 5 [34]; thus, VIF values less than 5 are deemed to be in range. In contrast, [23] empirically tested the maximum value of VIF and found it to be 10. The study’s VIF empirical values ranged from 1.677 to 2.912 (Table 3), thus confirming that the data is free from multicollinearity defect.
[bookmark: _Toc181096673]Multiple linear regression
Table 4 illustrates the summary of the first regression model. The R-squared value is 0.503; that is, the following factors: IT Infrastructure, Data Quality, Technology Costs, Top Management Support, Organizational Size, and Competitive Pressure contribute 50.3% to the BI Usage.
[bookmark: _Toc181093665]Table 4. Summary of the First Regression Model

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	
	
	
	
	
	R Square Change
	F Change
	Sig. F Change

	1
	.421a
	.503
	.582
	.76627
	.503
	4.800
	.000



Table 5 is about the data transformations for the individual constructs, shortened to ‘Trans’. The P-value (or the calculated probability) is used to estimate the probability of the event occurring by chance, provided that the null hypothesis is true [4]. It is a numerical value between 0 and 1.
The threshold is 
P-value < 0.05
Thus, all the constructs satisfy this condition except for Organizational Culture (Trans G) with p-value > .05. That is, p-value (Trans G) = .928. All the remaining factors meaningfully contribute to the prediction of BI Usage (Trans I). Organizational Size (Trans F) with a Beta value of .259 (25.9%) is the factor contributing to the second-highest prediction of BI Usage from the standardized coefficients.
[bookmark: _Toc181093666]

Table 5. Contribution of Individual Constructs (First Regression Table) 

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	T
	Sig.

	
	B
	Std. Error
	Beta
	
	
	VIF

	1
	(Constant)
	3.876
	.349
	
	11.092
	.000
	

	
	TransB
	.273
	.090
	.246
	3.037
	.003
	2.131

	
	TransC
	.035
	.082
	.031
	.432
	.006
	1.677

	
	TransD
	-.182
	.101
	-.145
	-1.796
	.003
	2.112

	
	TransE
	-.244
	.118
	-.190
	-2.061
	.040
	2.780

	
	TransF
	.345
	.115
	.259
	3.000
	.003
	2.430

	
	TransG
	-.010
	.110
	-.008
	-.090
	.928
	2.425

	
	TransH
	-.388
	.114
	-.324
	-3.422
	.001
	2.912



[bookmark: _Toc181096675]







Table 6 depicts the hypothesis testing from the regression models. According to Anaesth (2016), if the P-value < 0.01, the result is highly significant, therefore, the null hypothesis should be rejected. Additionally, if the P-value ˃ 0.01 and the P-value < 0.05, the result is significant, therefore, the null hypothesis should be rejected. If the P-value ˃ 0.05, the result is not significant, therefore, the null hypothesis cannot be rejected. In Table 6, all seven hypotheses are supported because their P-values are less than 0.05. The only hypothesis that was not supported is H6 because its P-value (0.928) is greater than 0.05.
[bookmark: _Toc197155778]Table 6: Hypothesis Testing Outline
	Hypothesis
Symbols
	Hypothesis
	[bookmark: _Hlk158748003]Beta(β)
	P-values
	Is P < 0.05
	Remarks

	H1
	II             BU
	0.246
	0.003
	YES
	Supported

	H2
	DQ          BU
	0.031
	0.006
	YES
	Supported

	H3
	TC          BU
	-0.145
	0.003
	YES
	Supported

	H4
	TMS       BU
	-0.190
	0.040
	YES
	Supported

	H5
	OS          BU
	0.259
	0.003
	YES
	Supported

	H6
	OC           BU
	-0.324
	0.928
	NO
	Rejected

	H7
	CP           BU
	-0.324
	0.001
	YES
	Supported

	H8
	BU          OP
	0.559
	0.006
	YES
	Supported


II denotes IT Infrastructure; DQ denotes Data Quality; TC denotes Technology Costs; TMS denotes Top Management Support; OS denotes Organizational Size; CP denotes Competitive Pressure; BU denotes BI Usage, and OP denotes Organizational Performance.
Table 6 also indicates the effect size (β) of the different characteristics. In line with [14], acceptable β values for correlations range from .05 to .20. The β values in Table 6 are within range and statistically significant except for the OC. This also indicates a practical significance for the findings since the effect size is also statistically significant. 



The resulting model
The final model is illustrated in Figure 1 based on the seven hypotheses.
H1: IT Infrastructure positively influences BI Usage.
The first hypothesis (H1) of the research predicted a positive relationship between IT Infrastructure and BI Usage. It is significant (β = 0.246; P-value < 0.05) with a P-value of 0.003, which is less than the threshold of 0.05 and is therefore supported.

IT Infrastructure

                                              H1(0.003)
Data Quality

                                                H2(0.006)Technology Costs

                                          H3(0.003)

Organizational Performance
BI Usage
Top Management Support

                                             H4 (0.040)                                                                                            
                                                                                                               H8 (0.006)
                                           H5(O.003)Organizational Size



                                              H7(0.001)Competitive Pressure


[bookmark: _Toc175727388][bookmark: _Toc181087563]Figure 1: The Final Model

H2: Data Quality positively influences BI Usage.
The second hypothesis (H2) of the research predicted a positive relationship between Data Quality and BI Usage. It is significant (β = 0.031; P-value < 0.05) with a P-value of 0.006, which is less than the threshold of 0.05 and is therefore supported.
H3: Technology Costs positively influence BI Usage.
The third hypothesis (H3) of the research predicted a positive relationship between Technology Costs and BI Usage. It is significant (β = -0.145; P-value < 0.05) with a P-value of 0.003, which is less than the threshold of 0.05 and is therefore supported.
H4: Top Management Support positively influences BI Usage.
The fourth hypothesis (H4) of the research predicted a positive relationship between Top Management Support and BI Usage. It is significant (β = -0.190; P-value < 0.05) with a P-value of 0.040, which is less than the threshold of 0.05 and is therefore supported. 
H5: Organizational Size positively influences BI Usage.
The fifth hypothesis (H5) of the research predicted a positive relationship between Organizational Size and BI Usage. It is significant (β = 0.259; P-value < 0.05) with a P-value of 0.003, which is less than the threshold of 0.05 and is therefore supported. 
H7: Competitive Pressure positively influences BI Usage
The seventh hypothesis (H7) of the research predicted a positive relationship between Competitive Pressure and BI Usage. It is significant (β = -0.324; P-value < 0.05) with a P-value of 0.001, which is less than the threshold of 0.05 and is therefore supported. 
H8: BI Usage positively influences the organizational Performance.
[bookmark: _Toc181096676]The eighth hypothesis (H8) of the research predicted a positive relationship between BI Usage and Organizational Performance. It is significant (β = 0.559; P-value < 0.05) with a P-value of 0.006, which is less than the threshold of 0.05 and is therefore supported.

Conclusion
Business Intelligence (BI) has been reported to be the means for many organizations to make better decisions, take informed actions, and implement more efficient business processes. The insurance industry has been housing a great deal of data created by various customers using different applications. Due to this development trend, the insurance industry has started monitoring people’s health using mobile apps. These apps are also used to create huge amounts of insurance-related information. Organizations must equip themselves with BI technologies to keep up with the latest trends in data and information usage.

The study aimed to find better ways of using BI to improve organizations’ competitiveness and to find factors that influence BI usage in organizations. The method used to achieve this goal was a case analysis of South African insurance companies. Factors from technological, organizational, and environmental perspectives were identified through a review of the literature. These were used to create a model for BI usage that would enhance organizational performance in South African insurance companies.

The model was used as a lens to test the ten hypotheses derived from the literature that influence the usage of BI. The result of these hypotheses supports BI usage as the technology or technique that insurance organizations need to gain competitiveness.

This study adds to the scant literature on the usage of BI in the South African insurance sector, and also forges a way forward on how researchers can leverage the developed model to extend research in this direction. The study’s developed model can be used to increase research in the domain of BI usage. Additionally, other researchers in the usage of BI can leverage the results of this study to inform their research on BI. Furthermore, this study is conceptualized in the South African insurance context, which creates a major milestone for the usage of BI in the South African insurance sector. The model presents a significant contribution in that it will be used by the insurance companies to inform the usage of BI. This will, in turn, assist decision-makers in making informed decisions. By using this model, this study will contribute to practice and management.
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