


[bookmark: _Toc12955885][bookmark: _Toc12955837]THE ECONOMIC IMPACT OF INTERNET FRAUD AMONG STUDENTS OF TERTIARY INSTITUTIONS IN THE UPPER EAST REGION OF GHANA

 ABSTRACT
The prevalence of web-aided crimes in tertiary institutions, such as fraud, cyber harassment and hacking, is a growing concern. These criminal activities do not only tarnish the reputation of the institutions but also have far-reaching implications, impacting graduates' job prospects, particularly those with backgrounds in Information Technology (IT). In light of this, a study was conducted to explore the economic impact of internet fraud in the Upper East Region of Ghana. The research, which utilized questionnaires and interviews, revealed that factors such as unemployment, ignorance, and the allure of quick financial gains drive students to engage in these illicit activities. While some students have benefited financially from internet fraud, using the proceeds to pay for their education and living expenses, many have been derailed from their academic pursuits. In essence, internet fraud has adversely affected students, diverting their potential from more constructive endeavors. Redirecting their Information Communication Technology (ICT) skills towards legitimate professions could significantly benefit the nation, particularly in facilitating successful business transactions. Students can also be exposed and trained to get involved in legitimate online opportunities and businesses through online data entry and surveys, software testing and advertising among others. Implementing training programs to guide these individuals in utilizing their skills for the country's advancement is one potential solution. 
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1. INTRODUCTION
The Internet is one of the best advancements. The mid-year 2016 update of the World Internet Users and Population Statistics report revealed a milestone of over three billion internet users, a significant 49.2% of the global population, marking constant annual growth. Ghana Ithon Internet clients positioning in African nations, demonstrating an expansion from 30,000 to more than 5,000,000 as of June 2014 (Internet World Stats, 2016). Despite the huge advantages of the Internet, it has changed into an appealing and simple instrument for tricksters (Croal, 2007; Doig, 2006). The research discusses the prevalence of internet fraud in West Africa and its connection to routine activity theory. It highlights the rise of internet fraud in West Africa in the late 1990s and early 2000s, with countries like Nigeria, Ghana, and Cameroon being among the top nations for internet fraud. Additionally, it emphasizes that routine activity theory suggests internet fraud is influenced more by everyday activities than social causes like poverty and unemployment. Cohen and Felson (1979), distinguished three key ideas that come because of routine exercises that empower or debilitate crimes. First is the nearness of potential guilty parties and individuals chasing, willing, and being able to perpetrate wrongdoing. Spurred wrongdoers are people who are equipped to commit Internet fraud, nevertheless are happy to do so. Furthermore, the nearness of reasonable aim individuals or property that is unconscious of wrongdoing. Reasonable aim can be individuals or items that are gotten by guilty parties as helpless or especially alluring (Pratt, Holtfreter, and Reisig, 2012). Explicitly, it is the nonappearance of proficient and ready gatekeepers (absence of insurance, gadgets, and procedures to battle offenses). According to the hypothesis, the nearness of fit watchmen prevents people from being culpable. Along these lines, the proximity of doorkeepers will dissuade most guilty parties, causing even inviting directions outside reach. Along these lines, the closeness of chance conjoined with the dearth of control expands criminal impulses improving the possibility of an offense to occur. Bennette (1991) contended that without the combination of these three elements, wrongdoing can't happen.

2. CURRENT STUDY 
The study delves into literature on internet fraud to investigate its effects for harmony and development. The primary hypothesis is the routine action theory, complemented by supporting theories such as the space progress hypothesis and economic clash hypothesis. The section covers the concept of Internet fraud, its prevalence in Ghana, its impact on development and peace, and the legal aspects of Internet fraud. It also includes a review of comparative studies by researchers. The section concludes with a discussion of the theoretical frameworks for the study, which elucidate the relationship between Internet fraud, development, and peace.
 2.1 Hypothetical Side of the Study
This section aims to clarify the supporting views of Internet fraud, specifically focusing on the effects of Internet fraud on development and peace. The main theories under examination are the Routine Activity and Space Transition Theory. These theories are being analyzed to understand the motivating factors and behavioral designs of Internet fraud committers, which is the main goal of this study. Be that as it may, the two hypotheses did not give the ramifications of the standard of conduct of culprits as fraud. The Monetary Theory of Conflict will likewise be utilized to help the study. It is to a great extent connected to give an image of Internet extortion on a large scale level. The fundamental suspicion behind this hypothesis is that wrongdoing happens, or is in all respects liable to occur when a driven wrongdoer and a potentially injured individual (that isn't secured) meet in a similar area in the meantime (Broadhurst and Choo, 2009). The hypothesis trusts that the normal exercises of people in a specific domain impact insulting practices inside that condition (Nalla, 2014). Cohen and Felson (1979), characterized routine exercises as "intermittent and common exercises which house elemental populace and personal needs. The research strongly suggests that individuals' daily exercise patterns throughout the day and night can indeed make some people more vulnerable to being targeted by a calculating perpetrator. It is crucial to note that the relationship between criminal victims and perpetrators means that findings from The routine exercise hypothesis clarifies why and how youth particularly, are at an uplifted danger of being associated with culpable conduct and being deceived. The hypothetical case is that there is no linkage of the inspirational factors in connection to the suggestion which when expressed could without much of a stretch be a prevention of Internet extortion. The hypothesis has conviction in guardianship in dissuading crimes anyway when the ramifications of crimes are not marked, guardianship turns into an impermanent system rather than a long haul measure.
2.2 The Concept of Internet Fraud
The web or the internet has as of late been a 'transporter of burden' on people, organizations, and nations. Because the Internet has encouraged correspondence, business exchange, and training. Loathing the endless advantages of the Internet, it has additionally been a simple stage for wrongdoers to submit misrepresentation, disturb or endanger individuals, download illicit and explicit materials, undeniably more than they utilize the Internet to disregard national security. These wrongdoings are named cybercrime, which are classified as cyber psychological oppression, digital kid erotic enjoyment, digital harassment, spam, and internet misrepresentation. Web extortion is a substitute to cybercrime. It is alluded to as "419" tricks or ''sakawa'' in West Africa, explicitly in Nigeria and Ghana individually and respectively. Multiple researchers have agreed to share information on the significance of Internet misrepresentation. Its practices always have led to some significant worries about the aptitude to destabilize the financial advancement of nations (Burell, 2008).
The Bureau of Justice Statistics clarified Internet fraud as the intended distortion of data or character to hoodwink others (Rantala, 2004) whiles the Department of Justice characterizes Internet extortion as misrepresentation which utilizes any part of the Internet to achieve the expected fake movement (National White Collar Crime Center, 2008). The Australian Federal Police conceptualized Internet fraud as an extortion conspire that employs at least one online administration, for example, email, web locales, visit rooms, or message sheets to present fake sales to forthcoming exploited people, to direct deceitful exchanges, or to transmit the returns of fraud to money affiliated organizations or to others aware with the plan.
2.3 Types of Internet Fraud  
Various forms of Internet fraud have been the subject of numerous study investigations. The top ten common forms of Internet fraud were determined by Internet Fraud Watch Statistics in 2002, and the 2010 Internet Crime Complaint Center announced the same. These reports state that the following are prevalent types of Internet fraud: identity theft, phishing, lottery fraud, online auction fraud, general product fraud, credit card fraud, advance fee fraud, and money scam. According to Internet Fraud Watch Statistics, the most kind of online fraud is online auction fraud. In contrast, advance fee fraud was recognized as a prevalent type by the Internet Crime Complaint Center (2010). According to Jegede (2014), credit card fraud is a major problem that occurs all around the world.
Phishing is another type of online fraud in which scammers pose as trustworthy websites or emails in order to trick victims into divulging private information like bank account numbers, passwords, and credit card numbers (Kunz & Wilson, 2002). According to Shinder (2000), scammers send unwary consumers misleading messages purporting to be from a reputable company. The creation of these dishonest websites is done exclusively to steal user data (IC3, 2008).
 Phishing messages are directed at users of online banking, online auction platforms, and other payment systems. They provide recipients with a link to change their bank account information. Following the link results in the download of software that records banking login credentials and directs them to a third party. Ghosh (2013) reports that there were "445,004 attacks in 2012, compared to 258,461 in 2011 and 187,203 in 2010," suggesting that phishing attempts are becoming a bigger problem. In summary, the sort of fraud committed depends on factors like location, education, and experience.

2.6 Internet Fraud in Ghana
Originating in Ghana around the turn of the millennium, the internet fraud practice known as "sakawa" (derived from the Hausa word meaning "put inside") has rapidly gained notoriety. Initially, "sakawa" primarily involved credit card fraud, where Ghanaian perpetrators utilized stolen Western credit card information to make online purchases and ship the goods to Ghana (Warner, 2011). However, the landscape of internet fraud in Ghana has significantly evolved since 2004. Today, three primary types of internet fraud are prevalent in Ghana. The most common involves information theft, where individuals, often young men, create fake profiles on social media platforms like Facebook and dating sites like eHarmony.com to target Western users, primarily those seeking romantic relationships with Ghanaians or Africans (Oduro-Frimpong, 2014). Ghana is ranked third globally, behind the US and UK, in terms of the number of perpetrators involved in this type of fraud (Oduro-Frimpong, 2014). To enhance their illicit activities, some "sakawa" perpetrators seek spiritual or occult assistance (Oduro-Frimpong, 2011; Obosu, 2009). These individuals, often perceived as socially awkward or nerdy, leverage their internet savvy to engage in fraudulent activities that exploit the vulnerabilities of unsuspecting victims.
2.7 Implication of Internet Fraud
Button, Lewis, and Tapley's (2009) and Marsh's (2004) research shows that the harm inflicted on victims of Internet extortion extends beyond financial loss. The unfortunate victims of online deception suffer from physical harm, emotional distress, and psychological harm. Unfortunately, there have been a few instances when victims have committed suicide and self-harm. An analysis of 750 victims of Internet fraud by Button, Lewis, and Tapley (2009) showed that 68% of the victims expressed strong feelings of annoyance, 45% said that financial misfortune had affected their emotions, 44% reported feeling under pressure, and 37% reported mental health effects. A tiny proportion of the victims also had interpersonal problems, mental and physical health problems, or suicide ideation (Button, Lewis & Tapley, 2009).
Due to the lack of confidence that foreign investors have in conducting business with the nation, internet fraud has resulted in substantial financial losses for both the government and private enterprises. This has led to a decrease in foreign investment and international trade (Boateng et al, 2011; Obosu, 2009; Oduro-Frimpong, 2011). According to Burrell (2008), online fraud damages a nation's image. Various academics contest the idea that Internet extortion causes "dread and panic" in the nation and ultimately determines its future (Armstrong, 2011; Asamoah and Agyapong, 2011; Oduro-Frimpong, 2011). Furthermore, it diminishes the human resources, the majority of whom are teenagers, endangering national unity and progress. 
Therefore, it is likely that Internet extortion distorts the country's progress and peace if these terms are defined as the state in which all of humanity's essential needs are met and society is free from fear and hunger. Asamoah and Agyapong (2011), Obosu (2009), and Oduro-Frimpong (2014) attest once again to the nation's financial gain via online extortion. According to Oduro-Frimpong (2011) and Obosu (2009), online deception has increased the number of people living in the country. The country's living conditions and the social orders of scammers are actually thought to benefit from Internet shakedown.
2.8 Legal Framework for Combating Internet Fraud in Ghana
Ghana's legal landscape, particularly in the realm of cybercrime, has evolved to address the increasing prevalence of internet fraud. Prior to 2008, specific laws governing internet fraud were absent. However, the enactment of the Electronic Transactions Act (Act 772) and the Electronic Communications Act (Act 775) in 2008 marked a significant step towards addressing cybercrimes, including hacking and unauthorized access, which are central to many internet fraud schemes (Kunz & Wilson, 2004). While these laws provide a foundational framework, challenges remain in effectively prosecuting internet fraud cases. The Criminal Code Act 29/60, specifically Section 131 on fraud by false pretenses, is often relied upon to prosecute such offenses. However, the penalties associated with these traditional laws may not be sufficiently deterrent, allowing perpetrators to continue their illicit activities. The lack of specialized cybercrime units within the Ghanaian police force and the limited technical expertise to investigate complex online fraud cases further hinder effective law enforcement. Additionally, the swift and dynamic nature of internet fraud often outpaces the legal system's ability to adapt and respond. To address these challenges, Ghana needs to strengthen its legal framework, enhance law enforcement capabilities, and foster international cooperation to combat transnational cybercrime. By investing in digital forensics expertise, training law enforcement personnel, and collaborating with international law enforcement agencies, Ghana can effectively address the growing threat of internet fraud.
3. METHODOLOGY
Primary data was the main data employed for the analysis of this research. A well-crafted questionnaire was used to collect information from respondents in order to collect the data. Qualitative (closed and open questions) and quantitative methods of data collection will be used. Self–Self-administered questionnaires and students will have their questionnaires interpreted to them when necessary. An informant who was knowledgeable about how online scammers operate on college campuses helped get in touch with them. A snowball sampling strategy, initiated through a campus informant, was used to recruit participants involved in internet fraud activities. This method proved effective in sustaining respondent availability throughout the study. Data collection methodologies comprised of focus group discussions and in-depth interviews. Logistic regression was used as a statistical tool for the data. SPSS was used to explore the data. The target population for the study was Tertiary institutions in the Navrongo municipality.
3.1 Population and Sample Size
The tertiary students in Navrongo municipality constitutes the study population. Unavoidable limitations made it not feasible to observe all divisions within the specified population. Therefore, a sample representing the entire population was selected A total of 100 students were selected from the University for Development Studies, Saint John Bosco College of Education, and the Navrongo Community Nursing Training College. The study used probability sampling, including stratified sampling to divide students into groups and snowball sampling to select participants for the survey. The sample size was calculated using the formula below (Peduzzi, Contato, Holfrod, Feinstein, 1996).
==60										(I)
[bookmark: _Toc12955865]Three variables (k) and a minimal percentage of the population's negative response (p) of 0.5 are present.
 According to Pampel (2000), a sample size of 60 was used, while Long (1997) recommended that the sample size for logistic regression analysis should not be less than 100; otherwise, the results may be misleading. In this case, the sample size is 286, which is greater than 100.
3.2 Logistic Regression (Logit Regression)
[bookmark: _Toc12955866]A number of relapse techniques, including discriminant assessment (DA) and computed relapse (Logic relapse), have been developed for analyzing data with unambiguous ward factors. Limiting errors around the line of best fit using the common relapse least squares deviations criteria for the best-fit methodology is unsuitable because the dependent variable is binary and we cannot foresee a numeical incentive for it using the ordinary relapse methodology. 
[bookmark: _Toc12955867]The main limitation of direct relapse is its inability to control direct and binary subordinate causes. By employing the largest probability approach to frame a best-fitting condition or capacity, strategic relapse raises the possibility of classifying the observed data according to the relapse coefficients. Comparatively speaking, computed relapse employs the binomial likelihood hypothesis, which has only two characteristics to predict: the likelihood (p) is 1 rather than 0.
The fundamental ideas of logistic regression state that there is no requirement for a direct correlation between the independent and dependent variables.
Having only two categories is not a requirement for the dependent variable to be strictly dichotomous. Equal variance within each category, a normal distribution, or a direct relationship are not requirements for the independent variable. The categories (groups) must be exhaustive and mutually exclusive; every instance must be a member of at least one category and belong to at least one category (Rodrigues, 2007).
The Logit Model is therefore presented as shown below, taking the logarithm of the chances gives the connection work 
=β1-β2										(II)
The term log is once in a while called the logic capacity and it has a characteristic translation as the logarithms of chances. The basic direct strategic model or logit model =β1-β2 is a unique instance of the generally calculated relapse model. 
Logit () =log=									(III) 
Where Xi is a vector of persistent estimations comparing to covariates and sham factors relating to factor levels and β is the parameter vector. The model is in all respect broadly utilized for breaking down information including twofold or binomial reactions and a few illustrative factors. 
The Coefficients and Odds ratios of the Logit model are explored given that, the chances of a result being available among people with is characterized as . Thus, the chances of a result present among people with x=0 is characterized as. The chances proportions signified OR is characterized as the proportion of the chances for x=1 to the chances for x=0 and is given by the condition; 
Or on the other hand =  									(IV)
Or on the other hand =  					(V)
Thus, the chances proportions are the exponential elements of the coefficients in the logic model. Most extreme probability appraisals of the Logic coefficient β, and thusly of the probabilities γ_(i=g(β) are acquired by expanding the log-probability work 
 					(VI)
[bookmark: _Toc12955869]3.3 Binary Logistic Regression 
When predicting the presence or absence of a trait or output based on a collection of predictor factors, the Binary Logistic Regression is helpful. Similar to a linear regression model, it is fitted to situations in which the dependant variable is binary, or dichotomous. For every independent variable in the model, odds ratios can be estimated using logistic regression coefficients. Income is categorized as either "Success" or "Failure" in this study. As categorical (dummy) variables, the respondents' age and gender serve as the independent variables. This is how the logistic regression model is expressed:
Y = +  (Gender) + (Age) + (Time)
[bookmark: _Toc12955877]
4. ANALYSIS AND RESULTS DISCUSSION
[bookmark: _Toc11398001]Table 1: Breakdown of the number of cases
	Weighted Cases
	
	N
	Percent

	Selected Cases
	Included in Analysis
	100
	100

	
	Missing Cases
	0
	0

	
	Total
	0
	0

	Unselected Cases
	
	0
	0

	Total
	
	100
	100.00



[bookmark: _Toc11398002]This table provides a summary of the processing and the breakdown of cases that were selected or unselected for the analysis. Notice that 100 cases were selected and included in the analysis, with 0 missing cases. Besides, there were 0 unselected cases, resulting in a total of 100 cases.
Table 2 Dependent Variable Encoding
	Original Value
	Internal Value

	Yes
	0

	No
	1




	Step 0
	B
	S.E
	Df
	Sig
	Exp(B)

	Constant
	-3.178
	0.510
	1
	0.000
	0.042



[bookmark: _Toc11398003]This table displays that the model has 1 degree of freedom (df) because there is only one predictor variable present. The Exp(B) value of 0.042 denotes the exponentiation of the B coefficient, which is the odds ratio for the constant. The intercept (B) is -3.178, and the significance value (Sig.) is 0.000, below the p-value threshold of 0.05, showing statistical significance. The standard error (S.E.) is 0.510
Table 3 Omnibus Tests of Model Coefficients
	
	
	Chi-square
	df
	Sig

	Step 1
	Step
	4.953
	3
	0.075

	1
	Block
	4.953
	3
	0.075

	
	Model
	4.953
	3
	0.075


[bookmark: _Toc11398004]The Omnibus Tests of Model Coefficients table provides the Likelihood Ratio test result, which shows whether or not adding this block of variables significantly improves the model. A significance value (Sig.) of 0.075 indicates that the block of variables does not significantly add to the model, surpassing a p-value criteria of 0.05.

Table 4 Model Summary
	Step
	-2 Log likelihood
	Cox & Snell R Square
	Nagelkerke R Square

	1
	28.635
	0.048
	0.169




[bookmark: _Toc11398005]In traditional regression, the coefficient of determination (R-Square) value shows how well the model accounts for variation in the dependent variable (Y). In logistic regression, Cox & Snell R Square and Nagelkerke R Square serve as pseudo-R-squared values that indicate how well the model predicts outcomes. These values are shown in the 'Model Summary' table. Based on the Cox & Snell R Square value of 0.048 and the Nagelkerke R Square value of 0.169, the model explains 4.8% to 16.9% of the variation in the dependent variable (such the impact of internet fraud). A better match is indicated by a smaller -2 Log likelihood value, which is 28.635 for the model fit.

Table 5 Hosmer and Lemeshow Test
	Step
	Chi-square
	Df
	Sig.

	1
	0.268
	4
	0.992



[bookmark: _Toc11398006]
A logistic regression model's goodness of fit is evaluated using the Hosmer and Lemeshow Test, which compares the observed and predicted frequencies of the outcome variable across different groups based on projected probability. Given that the significance value (p-value) of 0.992 is higher than the conventional cutoff of 0.05, it may be concluded that there is no significant difference between the observed and expected measurements. With a chi-squared value of 0.268, there are four degrees of freedom.

Table 6 Classification Table
	Observed
	Predicted
	Percentage Correct

	
		Does it affect your academic performance



	

	
	Yes
	No

	Step 1
	
	

	Yes
	96
	0

	No
	4
	0

	Overall Percentage
	
	96.0%





[bookmark: _Toc11398007]



The table above shows an overall classification accuracy of 96.0%, indicating that the model correctly predicted the outcome for 96% of cases. This high percentage suggests that the model is effective in predicting whether academic performance is affected. However, the model failed to correctly predict any instances of 'No' for the outcome variable
Table 7 Variables in the Equation
	Step
	B
	S.E.
	df
	sig
	Exp(B)
	95.0% C.I. for Exp(B) ( Lower)
	95.0% C.I. for Exp(B)( Upper)

	Age
	-18.074
	5.553E3
	1
	0.997
	0.00
	0.000
	-

	Gender
	16.722
	1.018E4
	1
	0.999
	1.829E7
	0.000
	-

	Income
	-0.305
	1.032
	1
	0.768
	0.737
	0.098
	5.576

	Reasons
	-0.436
	0.912
	1
	0.633
	0.647
	0.108
	3.866

	Constant
	0.141
	1.160E4
	1
	1.000
	0.868
	
	


[bookmark: _Toc12955880]
Interpretation:
The model's variable coefficients are shown in the B column. Gender, Age, Income, and Reasons have the following coefficients: 16.722, -18.074, -0.305, and -0.436, in that order. The standard error of the coefficient is denoted by S.E. Age, Gender, Income, and Reasons have respective sig. values of.997,.999,.768, and.633. None of the predictors are statistically significant at this level, as all values are higher than the significance level of 0.05. Each variable has a degree of freedom (df) of 1 since each coefficient has a single predictor variable.
Exp(B) represents the odds ratio. For Gender, Age, Income, and Reasons, the odds ratios are extremely high for Gender (1.829E7), indicating a substantial positive impact, while the others are less than one, suggesting that increases in Age, Income, and Reasons are associated with a decrease in the odds of higher GPA.
The model can be expressed as:.
By substitution: . This indicates that, as Age, Income, or Reasons increase, the likelihood of achieving a higher GPA decreases, reflecting a negative association with these variables.



5. SUMMARY
[bookmark: _Toc12955883]This study aimed to dissect the preponderance of Internet fraud, known as 'sakawa', in Ghana, to explore its various forms and underlying motivations as well as its economic impact. Employing a qualitative approach, the study also delved into the initiatives undertaken by Ghanaian security agencies to combat Internet fraud through legal prosecution and law enforcement. The focus was on the influence of Internet fraud on the development and peace of the Upper East region of Ghana. From the investigation, three (3) key discoveries can be outlined in the overhead discussion. The research brought to the fore that Internet fraud is a fast-achieving foundation in Ghana in general, and the Upper East in particular which confirms a previous study by IC3 (2010); Oduro-Frimpong (2011). Reports confirm internet fraud in the Upper East, mainly involving youth. Online dating is the most common form of fraud, followed by general merchandise. It is arguable why most youths turn to Internet fraud as work. It was uncovered that, the bases for such engagement are intrinsic and extrinsic. The urge to make quick money, unemployment, pressure from peers, and a lack of supervision by parents were all mentioned by scammers as reasons why computer fraud occurs in the Upper East.
The impact of Internet fraud includes both negative and positive implications across economic, social, structural, physical, and moral aspects. It diminishes human capital, decreases educational interest, and hinders the ability of skilled individuals to contribute to economic opportunities. Agencies are also devoid of the specific expertise needed to deal with the issue.

5.1 Conclusions 
[bookmark: _Toc12955884]The study's findings revealed that internet fraud is prevalent in both developing and developed countries, including Ghana. Perpetrators often use online dating and social media to defraud individuals, and they employ various tactics such as making diverse demands, stealing identities, and using fake business documents. Additionally, the study highlighted that both external and internal factors, including greed, desire for quick wealth, unemployment, lack of parental care, peer pressure, and a desire for revenge, contribute to the involvement of individuals, particularly young people, in internet fraud in Ghana.
5.2 Recommendations 
After careful consideration of the findings, the following recommendations are made;
I. The first is to identify the real crisis as a country. Internet fraud cannot be eliminated so as long technology continues to advance. However, its negative use can be reduced when good efforts and policies are put in place. 
II. The intellect and skills possessed by fraudsters could be redirected towards reputable professions, benefiting the nation. The internet has greatly facilitated successful trade transactions. It would be beneficial to establish training programs aimed at guiding young individuals in utilizing their intelligence on the internet for more promising career opportunities. This could help them evolve into successful business innovators.
III. Integrity and moral values should be taught in schools to help reduce the growing number. Public awareness crusades on Internet fraud will help sensitize Ghanaians to cooperate with authorities in fighting fraud.
IV. Effective firewalls and robust security measures should be employed to curtail some of the fraudulent internet usage as presented by (Sakara, Alhassan and Alhassan, 2017).
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