Region-Specific Poverty Handling Strategy in Gunungkidul Regency, Indonesia 
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ABSTRACT 

	Poverty is a global issue faced by all countries, both developed and developing countries. In general, poverty is measured based on income levels and an individual's ability to meet minimum basic needs. This study aims to identify poverty conditions in the kapanewon area that are priorities in poverty alleviation programs, as well as formulate a handling model that is tailored to the characteristics of the region. This research was carried out in Gunungkidul Regency, Special Region of Yogyakarta, Indonesia. The data used included primary data obtained through surveys, interviews, focus group discussions (FGDs), and field observations. In addition, secondary data is also used, which is sourced from the Central Statistics Agency (BPS). The analysis methods applied include descriptive statistical analysis as well as quantitative and qualitative approaches.
The poverty depth index in Gunungkidul Regency has always been the highest compared to DIY Province, and even in 2023 there has been a small increase in depth, from 2.63 to 2.71. This increase is a sign that the depth index is still a serious matter, and it also shows an indication that there is still a lot of extreme poverty in Gunungkidul. The results of the research found that poverty in Gunungkidul Regency is basically natural poverty, namely poverty that arises due to existing natural and geophysical conditions. Likewise, part of the Gununkidul area is the Gunungsewu Karts area which is a conservation land. The condition of some poor households is unhealthy and requires treatment. Including poor household skills in general are farming, livestock, and things related to agriculture. Then poor households are more interested in providing job opportunities than business opportunities. It is necessary to carry out technological engineering to increase the productivity of dry land, both through the development of water availability infrastructure and the engineering of other production facilities.
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1. INTRODUCTION 
Poverty is a critical global challenge with 9.3 percent of the world's population living in extreme poverty (Huang et al., 2025). In the social and political system, poverty is one of the indicators of the success of regional leaders, both state and regional. One of the indicators of the success of the government, whether it is the Central Government or the Regional Government, is the reduction of the poverty rate. Therefore, poverty has always been a Key Performance Indicator (KPI) in any development planning, whether long-term, medium-term or even short-term planning. Poverty rates around the world have seen a significant increase since 2020 despite historical declines between 2015 and 2018. Rising food costs and the impact of the Ukraine crisis could increase the number of poverty (Ayiku, 2025). Poverty has existed for a long time among the people so data and methods must be available for public consumption to reduce poverty and encourage economic development (Onsay & Rabajante, 2025). Widespread poverty is not only a lack of income but also a lack of financial resources, access to services such as nutrition, clothing, and housing (Khurshid et al., 2025). Meanwhile, if you look at Eurostat data in 2022, more than 72 people are considered at risk of experiencing poverty or social exclusion in a group of 27 European Union countries (Giorgio, 2024).
The Gunungkidul Regency Government has made various efforts to alleviate poverty, one of which is by issuing Regent Regulation Number 100 of 2022 concerning the Regional Poverty Alleviation Plan for 2022 – 2026. Through these regulations, priority efforts and programs have been described, but until 2023 poverty cannot be reduced optimally, so it is necessary to conduct research on "Region-Specific Poverty Management Model in Gunungkidul Regency in 2024", so that the government's efforts in overcoming poverty can be carried out optimally and significantly reduce the poverty rate. On the basis of the background described above, this study seeks to analyze what causes poverty in Gunungkidul Regency, both from the economic aspect, the socio-institutional aspect, and the regulatory aspect. With this multi-aspect approach, it is hoped that recommendations for a specific handling model for Gunungkidul Regency will be formulated. In terms of concept, poverty is indeed multi-dimensional, where the causes of poverty can be natural (natural), cultural (cultural), social, and structural (system and institutional). Each cause requires different treatment or requires Socio-engineering which is specific based on the causes of poverty. Therefore, policymakers find it difficult to target policies when implementing poverty alleviation initiatives (Onsay & Rabajante, 2024).
[bookmark: _Hlk173917585]There is empirical evidence indicating that poverty has a negative effect on long-term economic growth. According to the IMF Working Paper "Links Between Growth, Inequality, and Poverty," an analysis of 85 countries from 1960 to 2000 found that a 10-percentage point increase in poverty rates leads to a one percentage point decrease in per capita GDP growth. Notably, rising poverty rates tend to lower investment levels, especially in countries with underdeveloped financial sectors. Furthermore, the adverse impact of poverty on economic growth also depends on the initial level of poverty within a country. In their study of 156 countries from 1960 to 2010, Marrero and Servén (2018) discovered that when poverty rates are low (below the median), poverty has little to no effect on economic growth. However, in situations where poverty rates are high, reducing poverty by 10 percentage points is linked to an increase in annual economic growth of between 1 and 2 percent. Additional evidence highlights that despite global declines in poverty rates, there remains a lack of convergence across countries. Ravallion’s analysis of 90 developing nations between 1991 and 2004 identified two main factors hindering this convergence: first, higher levels of poverty tend to slow down economic growth; second, when initial poverty is high, the benefits of growth for reducing poverty are diminished. These two mechanisms together make it especially challenging for the poorest countries to lower their own poverty rates (Cerra et al., 2021).
[bookmark: _Hlk173920701]The World Bank has updated the global poverty line standard by referring to the 2017 Purchasing Power Parities (PPP). Based on this update, the extreme poverty limit is set at US$2.15 or around Rp32,757.4 per person per day (referring to the exchange rate of Rp15,236 per US dollar). This figure has increased compared to the previous standard in the 2011 PPP which was US$1.90 or around Rp28,948.4 per person per day. In the last two decades, aid and development funds from traditional donors have continued to increase but the growth rate has declined drastically which has made global poverty reduction increasingly difficult due to economic pressures (Zhang et al., 2022).
In addition, the World Bank also updated the poverty line limit for other income categories to better reflect the conditions of countries in the Asia Pacific region. This adjustment is made by calculating the median of the national poverty line in lower-middle-income countries. As a result, the poverty line for this group increased from US$3.20 (about Rp48,748.8) in the 2011 PPP to US$3.65 (about Rp55,605.6) in the 2017 PPP. As for the upper-middle income group, the poverty line was adjusted from US$5.50 (Rp83,801.6) to US$6.85 (Rp104,379.4) per person per day.
The World Bank said that the change in the extreme poverty line standard based on the 2017 PPP has a major impact on countries in the Asia Pacific. Although the region's extreme poverty rate is generally relatively low, the implementation of the new standard has led to a surge in the number of children classified as poor: an increase of 33 million people for lower-middle income groups and 174 million people for upper-middle income groups. Along with the development of financial globalization, globalization plays an important role for developing countries, but this trend also has socio-economic impacts, especially related to poverty and inequality (Azmeh, 2025).
Sen (1976) explained that the conventional method for measuring poverty in a single dimension involves two main steps: first, identifying which individuals are poor, and second, combining this information to produce an overall poverty measure. In contrast, assessing poverty from a multidimensional perspective requires three distinct stages. The first step is to determine whether an individual or household is deprived with respect to each specific variable under consideration. Next, it must be established how many of these variables need to show deprivation for someone to be classified as "poor." Finally, the third stage involves aggregating this information across all individuals or households to arrive at a comprehensive measure of multidimensional poverty (Deutsch et al., 2020).

2. material and methods 
From the sample data, it was then analyzed with several analysis methods, which in the end was to formulate how to handle specific poverty in the Gunungkidul Regency area. Some of the analysis methods that will be used in this study are as follows:
[bookmark: _Toc174911440]2.1. Descriptive Statistical Analysis
Descriptive statistics are statistical methods used to process and present data by describing or explaining the data that has been collected, without the aim of drawing general conclusions or making generalizations.
2.2. [bookmark: _Toc174911441]Quantitative analysis
	Quantitative analysis was carried out to observe whether poverty in Gunungkidul Regency is related to macroeconomic performance or not. If there is a positive correlation between poverty and macroeconomic performance, then the higher the macroeconomic performance, the higher the poverty. On the other hand, if it is negatively correlated, it means that the higher the macroeconomic performance, the lower the poverty. 
	To calculate the correlation coefficient, this study used the Pearson correlation analysis tool. Technically, the correlation calculation uses the variables between poverty and the variables of GDP per capita and GDP growth. Therefore, 4 correlation equations will be used, namely:
a. Correlation of the number of poor people in Gunungkidul Regency with GDP per capita
b. Correlation of the percentage of poor people in Gunungkidul Regency with GDP per capita
c. Correlation of the number of poor people in Gunungkidul Regency with GDP growth 
d. Correlation of the percentage of poor people in Gunungkidul Regency with GDP growth 
The formula used to calculate the correlation is shown as follows:

Where:
R : Correlation Coefficient
n : The number of data series is 14 years, namely from 2010 to 2023
x : the chemical skin
and : GDP
The interpretation of the value of the Pearson correlation coefficient (r) is as follows: 
· Greater than 0.5 strong positive
· Between 0.3 and 0.5 are positive
· Between 0 and 0,3 weak positive
· 0 no correlation
· Between 0 and –0.3 weak negative 
· Between –0.3 and –0.5 is negative
· Less than -0.5 strong negative
The primary data collection method is carried out with several methods, according to the type of data and information to be excavated. Some methods include:
1. Observation or observation.
Observations are carried out to observe the condition of the area where poor households are located.  Observation sampling was carried out using the stratifight sampling method. For this purpose, samples will be taken in three Kapanewon where one Kapanewon represents the southern region, one Kapanewon represents the central region, and one Kapanewon represents the northern region. Furthermore, from each Kapanedon, a sample of two Kalurahan was taken. Sampling of Kalurahan followed the instructions and directions of the Kapanewon Officials. From each sample village, each of the 5 households included in the DTKS list was taken.
2. Focus Group Discussion (FGD)
The FGD was carried out in the context of submitting reports, as well as gathering opinions and perceptions from FGD participants.
3. Dedicated discussions and consultations 
Special discussions and consultations were held for several interested officials, such as Paniradyo, regarding the poverty alleviation funding program using special funds.

[bookmark: _Hlk170241484][bookmark: _Toc176939932]3. results and discussion
The demographic and economic analysis that is largely informed by big data frameworks is closely related to the geographical factors that have historically shaped population distribution and density (Salvucci et al., 2025). Reducing poverty can improve well-being and expand employment opportunities (Bon et al., 2025). According to the indicators used by BPS, the poor are defined as individuals who have a per capita income per month below the predetermined poverty line. Each region has a different poverty line value, depending on the minimum spending standards in the region. Table.1 presents poverty line data at the district/city level in the Special Region of Yogyakarta (DIY) and nationally. This poverty line is calculated based on the amount of rupiah needed to meet basic daily needs, both food and non-food consumption needs. Through Table 1, the value of the per capita poverty line can be seen in each district/city in the DIY area.
Table.1. Poverty Line Per Capita/month of City Regencies in Yogyakarta and National in 2012-2023 (Rp/Capita/Month)
	Kabupaten/Kota
	2012
	2013
	2014
	2015
	2016
	2017
	2018
	2019
	2020
	2021
	2022
	2023

	Yogyakarta City
	333.232
	353.602
	366.520
	383.966
	401.193
	423.815
	467.061
	495.562
	533.423
	556.674
	601.905
	662.267

	Bantul Regency
	277.792
	292.639
	301.986
	312.514
	332.057
	347.476
	369.480
	381.538
	405.613
	418.265
	445.511
	488.340

	Mountain Resort
	228.745
	238.056
	243.847
	250.630
	264.637
	277.261
	288.748
	301.125
	319.851
	325.907
	350.739
	382.249

	Kab. Kulon Progo
	250.854
	259.945
	265.575
	273.436
	297.353
	312.403
	323.105
	333.105
	353.807
	360.202
	381.666
	416.870

	Sleman Regency
	281.644
	297.170
	306.961
	318.312
	334.406
	351.331
	370.127
	382.868
	411.610
	422.933
	450.763
	491.652

	DIY
	270.110
	303.843
	321.056
	335.886
	354.084
	374.009
	409.744
	432.026
	463.479
	482.855
	521.673
	573.022

	National
	259.520
	289.042
	302,735
	330.776
	361.990
	374.478
	401.220
	425.250
	454.652
	472.525
	535.547
	550.458


Source: BPS, 2023
As explained in the methodology section, one of the approaches used in this study is quantitative analysis. To measure macroeconomic performance, the variables of GDP per capita and economic growth rate are used, which are calculated based on GDP growth on a constant price basis. Meanwhile, the poverty indicator used consists of two variables, namely the number of poor people (in units of population) and the percentage of poor people (in the form of percentages). Recently, a new type of dataset has been widely used to investigate countries with limited statistical capabilities, namely nightlight data (Kim, 2022). However, this study focuses on data on GDP per capita and the number of poor people.
This correlation analysis uses time series data, taking samples over the last twelve years, or from 2012 to 2023. Time series sampling for 12 years is expected to be quite stable, and meet the requirements of the time series correlation analysis method. To calculate the correlation, it is not done using lag, but directly on the same n. The basic correlation model used is as follows:

Where:
r 	: correlation coefficient
n 	: The number of data series is 12 years, namely from 2012 to 2023
x1 	: number of poor people
x2	: percentage of poor population
y1	: PDRB per kapita
y2 : GDP growth
r _x1 y1	: correlation between the number of poor people and GDP per capita
r _x1 y2: correlation between the number of poor people and GDP growth 
r _x2 y1	: correlation between the percentage of the poor population and the GDP per capita
r _x2 y2: correlation between the percentage of the poor population and GDP growth 
Based on the theoretical concept discussed earlier, the hypothesis proposed is that, in general, the correlation between poverty and the performance of economic variables is negative. In fact, the higher the macroeconomic inequality, the lower the poverty rate. In detail, the hypotheses of the correlation analysis in this study are as follows:
	With: 	r _x1 y1  = 0
r _x1 y2 = 0
r _x2 y1	 = 0
r _x2 y2 = 0
		Has: 	R _x1 Y1 < 0
r _x1 y2 < 0
r _x2 y1	  < 0
r _x2 y2 < 0


In detail, the data used for the estimation for the four variables can be shown in table 2. next:
[bookmark: _Toc176939937]Table 2. Data Analysis
	Year


	GDP Per Capita (Thousand Rupiah)

	GDP growth (%)

	Total Poor Population (Soul)

	Percentage of Poor Population (%)


	2012
	15.230
	4,84
	156.490
	22,72

	2013
	16.470
	4,97
	152.380
	21,70

	2014
	17.970
	4,54
	148.390
	20,83

	2015
	19.291
	4,82
	155.000
	19,34

	2016
	20.735
	4,88
	139.150
	19,34

	2017
	22.211
	5,01
	135.740
	18,65

	2018
	23.825
	5,16
	125.760
	17,12

	2019
	25.372
	5,34
	123.080
	16,61

	2020
	25.359
	-0,68
	127.610
	17,07

	2021
	27.304
	5,31
	135.330
	17,69

	2022
	30.344
	5,37
	122.820
	15,86

	2023
	33.257
	5,04
	122.540
	15,60


Source: BPS, 2024
To obtain the correlation figure, the data in table 3. The above is then processed with the eViews program. The results can be shown in Table 3. next:
[bookmark: _Toc176939938]Table.3. Correlation Estimation Results
	Covariance Analysis: Ordinary
	
	

	Date: 08/01/24 Time: 19:04
	
	

	Sample: 2012 2023
	
	
	

	Included observations: 12
	
	

	
	
	
	
	
	

	
	
	
	
	
	

	Correlation
	
	
	
	

	Probability
	PDB ADHK
 
	Y1

	Y2

	X1

	X2


	PDB ADHK
	1.000000
	
	
	
	

	
	-----
	
	
	
	

	Y1 (PDRB Pkpt)
	0.996476
	1.000000
	
	
	

	
	0.0000
	-----
	
	
	

	Y2 (growth PDRB)
	-0.048315
	-0.039983
	1.000000
	
	

	
	0.8815
	0.9018
	-----
	
	

	X1 (Jml Pddk miskin)
	-0.899562
	-0.889786
	0.117490
	1.000000
	

	
	0.0001
	0.0001
	0.7161
	-----
	

	
	0.0000
	0.0000
	0.7662
	0.0000
	-----

	
	
	
	
	
	

	
	
	
	
	
	


Source: Eviews Data Processing Results, 2024
From table 3 above, it can be stated that the value of the correlation coefficient between macroeconomic variables and poverty levels is as follows:
1. The correlation coefficient between GDP per capita and the number of poor people r _x1 y1 = -0.889786 with a prob value of 0.0001, or significant at α 5%.
Based on these results, it can be concluded that there is a negative correlation between GDP per capita and the number of poor people in Gunungkidul Regency. This means that when the GDP per capita increases, the number of poor people tends to decrease. These findings are in line with the hypothesis proposed, namely that the relationship between GDP per capita and the number of poor people is negative.
2. The correlation coefficient between GDP per capita and the percentage of poor r _x1 y2 = -0.955868 with a prob value of 0.0000, or significant at α 5%.
As with the relationship between GDP per capita and the number of poor people, the correlation between GDP per capita and the percentage of poor people also shows a parallel pattern. The correlation is negative, according to the initial hypothesis, but has a greater absolute value and a higher level of significance. This shows that the relationship between GDP per capita and the percentage of the poor is stronger than the relationship between the number of poor people.
3. The correlation coefficient between GDP growth and the number of poor people r _x2 y1 = 0.117490 with a prob value of 0.7161, or insignificant at α 5%.
In contrast to the correlation coefficient of GDP per capita to poverty, the correlation coefficient between GDP growth and the percentage of poor people in Gunungkidul is positive, but not significant. Although not significant, this is not in line with what the theory hypothesizes. Practically, it can be interpreted that GDP growth is not strongly related to the decline in the number of poor people in Gunungkidul Regency. There are even indications that there is a positive relationship between GDP growth and the number of poor people.
4. The correlation coefficient between GDP growth and the percentage of poor people r _x2 y2 = 0.096175 with a prob value of 0.7662, or insignificant at α 5%.
The same thing is the correlation coefficient for the number of poor people, shown by the correlation coefficient between GDP growth and the percentage of poor population. The correlation of GDP growth with the percentage of poor people is also positive and insignificant at α 5%. This further strengthens the indication that poverty reduction in Gunungkidul Regency is less related to GDP growth.
From the four correlation coefficient values that have been analyzed above, it can be stated in general that the macro variable income (GDP) per capita has a strong correlation in reducing poverty in Gunungkidul Regency, on the number of poor people and also the number of poor people. This can be one of the policy considerations, that to reduce poverty, programs that are oriented towards increasing income (GDP) per capita can be used. Worse still, transportation poverty is a major challenge to community development which is revealed in several ways (Primc et al., 2025).
On the other hand, the correlation coefficient of GDP growth to poverty is not very visible, or insignificant. Although it is not significant, the results of the calculation of the absolute value show a positive correlation coefficient value. This means that there are indications (although weak) that higher GDP growth can actually be related to an increase in poverty. This means, to reduce poverty, it cannot rely on programs that are oriented towards GDP growth. Education as a form of goodness, especially with intensive training. Quality education at a low cost is successfully done by the Vietnamese state (Van Le & Tran, 2024).

4. Conclusion
Poverty in Gunungkidul Regency is basically natural poverty, which is poverty that arises due to existing natural and geographical conditions. Dry natural conditions, less fertile land, land with high slopes, dry rivers in the dry season, and many rocks cause low land productivity and subsequently cause poverty. Cultural and other poverty is basically just a consequent impact of natural poverty.
Part of the Gunungkidul Regency area is the Gunungsewu Karst area which is a conservation land. This results in a low potential for space utilization for utilization outside the agricultural sector, especially for investment. The tourism potential for nature owned by Gunungkidul Regency does not produce  a multiplier effect that can reduce poverty if there is no touch of investment.
Another conservation problem that is quite detrimental to poor household farmers is the long-tailed ape pest. Farmers cannot cope because of the existence of monkey conservation regulations, thus further worsening the condition of poverty.
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