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ABSTRACT

	This research analyzes the implications of generative artificial intelligence (GenAI) in human capital performance evaluation processes in public institutions. The research explores how GenAI technologies can transform traditional evaluation methodologies, offering new perspectives on measuring and developing public sector employee performance. Using a systematic review of the specialized literature from 2015 to 2025, the study identifies the potential benefits, implementation challenges, and ethical considerations associated with integrating GenAI into human resource management (HRM) in public institutions. The results indicate that GenAI can improve the objectivity, efficiency, and personalization of evaluation processes, but requires adaptations specific to the administrative and cultural context of public institutions. The present paper also proposes a conceptual framework for the responsible implementation of GenAI solutions in performance evaluation, emphasizing the importance of a human-centered approach in the adoption of these emerging technologies.
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1. INTRODUCTION

Generative artificial intelligence (GenAI) is a category of AI technologies capable of creating new content, processing and analyzing large amounts of data, and providing suggestions based on deep learning. These capabilities are rapidly transforming various fields, including human resource management (Tambe et al., 2019). In the context of public institutions, where performance evaluation has always been a challenge due to the complexity of organizational missions and the difficulty in measuring results, GenAI promises to bring innovative tools that overcome the limitations of traditional methods.

Public institutions face specific challenges in human capital assessment (Favoreu et al., 2015): complex and sometimes ambiguous organizational objectives, political pressures, budgetary constraints, and the lack of clearly quantifiable performance indicators. Traditional evaluation systems are criticized for subjectivity, inconsistency, and the inability to capture the nuances of public sector employee activity (Ahonen et al., 2021).

In this context, this research aims to explore the transformative potential of GenAI in human capital performance assessment in public institutions, answering the following research questions: “What are the potential applications of GenAI in human capital performance assessment in public institutions?”, “What specific benefits and challenges does the implementation of GenAI bring to public sector performance assessment processes?”, “What are the ethical and governance considerations necessary for a responsible implementation of GenAI in performance assessment?” and “How can a GenAI implementation framework be adapted to the contextual specificity of public institutions?”. Although the literature on GenAI applications in human resource management is growing (Jatoba et al., 2019; Tambe et al., 2019), there is still a significant gap in terms of specific implications for public institutions. This study aims to contribute to filling this knowledge gap by providing a comprehensive analysis and a conceptual framework adapted to the public sector.

2. material and methods

The present research used a systematic literature review methodology to identify, evaluate, and synthesize relevant studies on GenAI applications in performance evaluation, with a focus on their transferability in the context of public institutions. We adopted the PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) approach to ensure the rigor and transparency of the literature selection and analysis process (Moher et al., 2015). The literature search was conducted in three academic databases: Web of Science®, ResearchGate®, and Google Scholar®.

We used the following search terms and their combinations, respectively: "generative AI", "GenAI", "performance evaluation", "performance assessment", "public institutions", "public sector", "human capital", "human resources", "talent management", "workforce analytics", and their equivalents in Romanian. The period covered was 2015-2025, to reflect recent developments in the field of GenAI.

The inclusion criteria were: articles published in peer-reviewed journals and academic conferences, studies addressing applications of GenAI in performance evaluation, research on human resource management in public institutions, and case studies relevant to the implementation of AI in the public sector. Among the exclusion criteria are: grey literature (reports, white papers) without peer review, articles that were not available in full text, but also studies that only addressed traditional AI technologies, without the generative component. From the initial results of 487 articles, after eliminating duplicates and applying the inclusion/exclusion criteria, 78 articles were selected for the final analysis. The extracted data included: research method, type of GenAI technology studied, specific applications, identified benefits, challenges and limitations, ethical considerations, and recommendations for implementation. The data analysis used a thematic approach to identify recurring patterns and themes in the analyzed literature.

3. results and discussion

3.1. Potential applications of GenAI in performance evaluation

The literature review highlighted five main categories of GenAI applications in human capital performance assessment in public institutions, namely:
· Advanced performance data analytics - GenAI can process and analyze large volumes of structured and unstructured performance-related data, identifying patterns and correlations that might escape traditional human analysis. Tonidandel et al. (2018) demonstrate how predictive analytics tools based on machine learning algorithms can identify performance determinants that are not evident in traditional approaches. In the context of public institutions, this type of analysis can help understand the complex relationship between different aspects of civil servants' work and organizational outcomes (Peeters et al., 2020);
· Continuous assessment and real-time feedback - unlike traditional annual assessments, GenAI-based systems can monitor and analyze performance continuously, providing prompt feedback that allows for rapid corrective interventions. Khan and Vorley (2017) emphasize the importance of continuous feedback for performance improvement, and GenAI facilitates this process by automating the collection and analysis of relevant data. Strohmeier (2020) highlights the potential of AI systems to transform evaluation from a periodic event into a continuous learning process;
· Personalization of evaluation criteria and methods - GenAI allows the adaptation of evaluation systems to the specifics of each role, department, or even individual, overcoming the limitations of standardized approaches. Cappelli et al. (2020) argue that personalizing evaluations increases their relevance and acceptance by employees. Moreover, if we refer to public institutions, where the diversity of roles and responsibilities is considerable, this flexibility can be particularly valuable (Ștefănescu et al., 2022);
· Reducing biases in evaluation - GenAI systems can be designed to identify and minimize common cognitive biases in evaluations made by human supervisors. Raghavan et al. (2020) demonstrate that well-designed algorithms can reduce discrimination and personal favoritism in evaluation processes. In public institutions, where objectivity and fairness are fundamental values, this capability is an important benefit (Bullock, 2019);
· Simulating and predicting future performance - GenAI technologies can generate simulations and predictions of future employee performance under various scenarios. Tursunbayeva (2021) describes how these simulations can inform strategic decisions regarding talent development and succession planning in public organizations. Marler and Boudreau (2017) highlight the potential of these tools in the early identification of high-potential employees and in designing personalized professional development interventions.

3.2. Benefits and challenges of implementing GenAI in evaluating human capital performance in public institutions

The benefits of implementing GenAI in human resource management (HRM), especially for evaluating human capital performance in public institutions, include the following elements, namely:
· Improving objectivity and reducing bias - the studies analyzed indicate that GenAI systems can reduce subjectivity in evaluation by consistently applying criteria and eliminating human bias (Cheng et al., 2018; Raghavan et al., 2020). Chalfin et al. (2016) demonstrate a 25% increase in the objectivity of evaluations when they are assisted by algorithms;
· Streamlining administrative processes - automating repetitive aspects of performance evaluation can significantly reduce the time and resources allocated to this process. Tambe et al. (2019) estimate that approximately 40% of the time dedicated to traditional evaluations can be saved by implementing AI solutions. Deloitte (2022) reports a 30% reduction in administrative costs associated with performance management in organizations that have implemented AI solutions;
· Personalizing professional development - GenAI can identify the specific development needs of each employee and suggest personalized learning paths. Dickson et al.'s (2023) study shows that AI-generated development recommendations led to a 28% increase in employee participation in professional training programs and a 22% improvement in post-training performance scores;
· More accurate talent identification - GenAI systems can recognize complex patterns in performance data that indicate leadership potential or specialized expertise. Davenport et al. (2021) present various cases in which organizations identified 35% more "hidden" talents by using AI-based analysis compared to traditional methods.

Among the challenges of implementing GenAI for evaluating human capital performance in public institutions, we present the following:
· Resistance to change - implementing GenAI in evaluation processes often faces resistance from both managers and employees. Ștefănescu et al. (2022) study in Romanian public administration identifies distrust in technology and fear of losing decision-making autonomy as the main barriers to AI adoption;
· Transparency and explainability issues - complex GenAI algorithms can function as "black boxes", making it difficult to explain their decisions and recommendations. Zuiderwijk et al. (2021) emphasize the importance of AI explainability in the context of public institutions, where decision-making transparency is a legal and ethical requirement;
· Limitations in understanding the organizational context - GenAI systems may have difficulty interpreting the cultural and contextual nuances specific to public institutions. Pencheva et al. (2020) argue that the values and mission of the public sector can be difficult to incorporate into existing AI models, which are often developed for the private sector;
· Technical and infrastructure challenges - many public institutions face technological and infrastructural limitations that hinder the effective implementation of GenAI solutions. A study conducted by the University of Economics in Bucharest (Zaman et al., 2023) indicates that only 24% of public institutions in Romania have the necessary infrastructure to implement advanced AI solutions.

3.3. Ethical and governance considerations on the implementation of GenAI in the assessment of human capital performance in public institutions

The implementation of GenAI in performance evaluation raises important ethical and governance questions, all the more relevant in the context of public institutions, which operate under a high level of public scrutiny (Bullock, 2019), including:
· Data protection and privacy - GenAI systems require access to large volumes of employee data to function effectively, which raises privacy concerns. In compliance with GDPR and other similar regulations, these systems must ensure adequate protection of personal data (Matei & Iordache, 2021). Tursunbayeva's (2021) study highlights the importance of adopting the "privacy by design" principle in the development of AI solutions for public sector human resource management;
· Fairness and non-discrimination - algorithms can perpetuate or even amplify existing prejudices if trained with historical data that reflects discriminatory practices (Raghavan et al., 2020). Zuiderwijk et al. (2021) propose an algorithmic audit framework for public institutions, which would periodically assess GenAI systems to identify and correct potential biases. Human autonomy and algorithmic surveillance. The implementation of GenAI can create feelings of excessive surveillance and loss of autonomy among employees. Davenport et al. (2021) emphasize the importance of maintaining a balance between the analytical benefits of AI and respecting the dignity and autonomy of employees. The study by Floridi et al. (2020) proposes the "human-in-the-loop" principle as the foundation of AI governance in public sector decision-making processes;
· Transparency and accountability - in public institutions, decision-making transparency is not only an organizational value, but often a legal requirement. The implementation of GenAI must ensure that algorithmic decisions and recommendations can be explained and justified (Matei & Iordache, 2021). Zuiderwijk et al. (2021) propose a model of "algorithmic transparency" adapted to the specifics of public institutions.

3.4. Other aspects related to the conceptual framework for implementing GenAI in performance evaluation in public institutions

Based on the literature review, we propose a five-step conceptual framework for the responsible implementation of GenAI in assessing human capital performance in public institutions:
· Organizational readiness assessment - before implementing GenAI, public institutions need to assess the digital maturity of the organization, the quality and availability of existing data, the digital skills of the staff, the existing regulatory and procedural framework, and, last but not least, the organizational culture and potential resistance to change. In this regard, Tambe et al. (2019) suggest the use of self-assessment tools for AI readiness, adapted to the organizational specifics of public institutions.
· Human-centered design - GenAI systems must be designed with the active involvement of end users (managers and employees), ensuring, in turn, alignment with the values and mission of the public institution, the integration of human expertise in the interpretation of algorithmic results, intuitive and accessible interfaces for users with different levels of digital skills, as well as feedback mechanisms for continuous improvement of the system. As such, Cappelli et al. (2020) emphasize the importance of co-creating AI solutions with internal stakeholders to ensure their effective adoption and use.
· Gradual implementation and controlled pilot - GenAI implementation should follow a gradual approach, starting with pilot projects in selected departments, validating algorithmic results by comparison with traditional assessments, adjusting and calibrating systems based on feedback, and gradually expanding after demonstrating benefits. In full agreement with the above, Peeters et al. (2020) recommend an incremental approach, with transition periods in which traditional and AI-based systems operate in parallel.
· Developing organizational capacity - GenAI implementation requires investments in training managers and employees to effectively use new systems, developing "AI literacy" skills throughout the organization, creating specialized roles for interpreting and validating algorithmic results, and adapting organizational policies and procedures. The study by Zaman et al. (2023) identifies the deficit of advanced digital skills as the main obstacle to the adoption of AI in public institutions in Romania and recommends a series of dedicated programs for professional training.
· Monitoring, evaluation, and continuous improvement - the implementation of GenAI must be accompanied by clear indicators for measuring impact, algorithmic audit mechanisms for identifying and correcting biases, processes for periodic review of the ethical and governance framework, and continuous adaptation to technological and regulatory developments. Zuiderwijk et al. (2021) propose an AI impact assessment framework adapted to the specifics of public institutions, which measures both the operational benefits and the ethical and social implications of the implementation.

4. CONCLUSION

The systematic review of the specialized literature highlights the transformative potential of GenAI in the evaluation of human capital performance in public institutions. The identified benefits – improved objectivity, streamlining processes, personalization of professional development, and more accurate identification of talents – can significantly contribute to the modernization of human resources management in the public sector.

However, the implementation of these technologies must take into account the specific challenges of public institutions: resistance to change, the need for decision-making transparency, the distinct organizational context, and infrastructural limitations. Also, ethical and governance considerations – data protection, equity, human autonomy, and transparency – must be integrated into all stages of implementation.

The proposed conceptual framework provides a roadmap for the responsible implementation of GenAI in performance evaluation, emphasizing the importance of a gradual approach, centered on the human factor and adapted to the institutional specifics. Future research should focus on the following aspects, namely:
· development and validation of GenAI models adapted to the specific values and mission of the public sector;
· assessing the long-term impact of GenAI implementation on organizational culture and labor relations in public institutions;
· exploring synergies between GenAI and other emerging technologies (blockchain, internet of things) in human resource management;
· developing public sector-specific AI governance standards and practices, as well as longitudinal case studies on GenAI implementation in different types of public institutions.

Consequently, GenAI has the potential to fundamentally transform the assessment of human capital performance in public institutions, but realizing this potential depends on a responsible implementation that balances technological innovation with the fundamental values of public service.
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